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ABSTRACT 

Background: Chronotype, social jetlag, poor sleep, proinflammatory diet, and low 

physical activity have been associated with increased risk of chronic diseases: obesity, 

diabetes, cardiovascular disease, depression and cancer. Yet the relationships between 

these factors have not been extensively investigated in prospective studies.  

Methods: Two studies were conducted. The first study followed 390 healthy men and 

women ages 21-35 for two years. Social jetlag [SJL] and sleep measures (total sleep time 

[TST], sleep onset latency [SOL], wake after sleep onset [WASO]), sleep efficiency 

[SE]), were derived from physical activity personal (armband) monitoring. The 

participants wore the armband for 4-10 days at 6-month intervals (1,431 observations). 

Temporal consistency of repeated  sleep measures was analyzed using generalized linear 

mixed models (GLMM). Repeated measures latent class analyses (RMLCA) identified 

subgroups among participants with adequate or inadequate sleep characteristics over 

time. Relationships between chronotype, absolute SJL, sleep measures and 

anthropometric measures (Body Mass Index [BMI], Percent Body Fat [%BF], Waist-to-

Hip Ratio [WHR], Waist-to-Height Ratio [WHtR], Systolic Blood Pressure [SBP] and 

Diastolic Blood Pressure [DBP], Total Mood Disturbance score [TMD], and Perceived 

Stress Score [PSS]) were analyzed using GLMM for repeated measures. Stratification by 

latent chronotype group was used to study effect modification.  

The second study examined association between energy-density Dietary Inflammatory 

Index (e-DII) and incident PrCA among 40,161 men ages 45-69 at recruitment



v 
 

(2002-2003) and followed for a mean of 9.7 years. The e-DII was calculated from a food 

frequency questionnaire (FFQ) at baseline and categorized into quartiles. Incident PrCA 

cases were ascertained via linkage with cancer registry and categorized into three groups: 

high-risk, intermediate and low-risk. Accelerated failure time models were fit to model 

time-to-development of incident PrCA. Cox proportional hazards models were used to 

calculate hazard ratios (HR) and 95% confidence intervals (95% CI) of high- and 

intermediate risk PrCA. In all analyses, the lowest quartile of e-DII representing a more 

anti-inflammatory diet was used as the referent group. 

Results: Minor temporary changes were observed only for SJL, chronotype and TST. 

The RMLCA identified two groups of absolute SJL: low (mean±SE: 0.8±0.6 h, 58%) and 

high (1.4±0.8, 42%); the latter were employed and had an evening chronotype. 

Subgroups with disrupted sleep tended to be male, African American, have a lower 

income, and an evening chronotype relative to those with normal sleep. Chronotype and 

absolute SJL were not associated with anthropometric characteristics. TST <6 h, SE 

<85% or WASO ≥60 min increased odds of high %BF, WHR or WHtR in participants 

with early chronotypes. Those with early chronotypes and sleep latency ≥12 min had 1.9 

times increased odds of high SBP (95%CI: 1.15-3.16, pinteraction=0.02). Among late 

chronotypes, TST <6 hours was associated with 2.6 times increased odds of high SBP 

(95%CI: 1.08-6.40, pinteraction=0.74).  

 Time-to-development of incident total PrCA did not differ by quartile of e-DII; 

although, among Whites, it was shorter relative to other races (AFQ4 vs.Q1=1.16; 

95%CI:1.01-1.34). The hazard Ratio (HR) for high-risk PrCA was increased by 36% in 

the third quartile of the e-DII (95%CI:1.04-1.76); no increased risk was observed in the 
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fourth quartile. The HR for high-risk PrCA was the highest among Blacks (HRQ3 

vs.Q1=3.77; 95%CI:1.29-11.06). The e-DII was not associated with intermediate- or low-

risk PrCA incidence. 

Conclusions: Sleep disruption among young adults remained persistent during two years. 

Chronotype modified the association between disrupted sleep, obesity and elevated blood 

pressure. Pro-inflammatory diet increased risk of high-risk PrCA especially among 

Blacks. 
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CHAPTER 1 

Introduction 

Background & Significance 

 Most physiological and behavioral processes in humans follow approximately 24-

hour cycles generated by self-sustaining internal circadian clocks (1). These free-running 

cycles are synchronized by environmental stimuli called zeitgebers, and the most 

important zeitgeber is light (2). Due to the difference in circadian entrainment 

characteristics, differing in their preferences for timing of daily activities people may be 

categorized into morning, neutral and evening chronotypes (3, 4). People with early 

chronotypes, the so-called "larks", wake up and go to bed at night early while those with 

late chronotypes ("owls"), prefer to wake up and go to bed late (3). For instance, on free 

days, people with morning chronotypes go to bed on average between 10 p.m. and 

midnight while those with evening chronotypes retire between 1 and 3 a.m. (3). Morning 

and evening chronotypes differ in daily rhythms of many physiological processes such as 

body temperature, melatonin and cortisol secretion, behavioral patterns and mood (5-7). 

Due to variation in circadian clock genes and environmental factors, chronotypes in 

populations are characterized by an approximately normal distribution from extremely 

early to extremely late with the majority in the middle (3, 6). In addition, chronotypes are 

influenced by age, sex, photoperiod of birth, genetic factors, employment status and work
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schedule, race, altitude and latitude of residence, exposure to light, season, and social 

factors (7-11).  

 Hectic modern life in industrialized countries imposes on individuals multiple 

work and social life related demands, and, through which, a schedule that often comes 

into conflict with the individual's chronotype. This discrepancy (misalignment) between 

biological preference and social clock is called "social jetlag" (SJL) (6). Individuals with 

evening chronotypes tend to accumulate sleep debt during the week for which they try to 

compensate during the weekend. Morning chronotypes, on the contrary, tend to develop 

sleep debt during the weekend (6). Social jetlag can start in teenage years and continue 

throughout working years until retirement and, thus, may affect millions of people in 

industrialized countries (12).  

 The extreme form of circadian misalignment is caused by shift work when an 

individual has to work at night and sleep during the day. People with different 

chronotypes have different abilities to adjust to shift work (13, 14). For instance, people 

with morning chronotypes have decreased tolerance to shift work, particularly to night 

shifts (13, 14). They accumulate larger sleep debt, have poorer quality of daytime sleep 

and are more likely to withdraw from shift work as compared to people with evening 

chronotypes (13, 14). Chronic jetlag in humans, for instance, in flight attendants working 

in long-distance transmeridian flights, is associated with impaired cognitive function 

(15), menstrual disturbances (16, 17), mood disorders (18) and cancer (19). Chronic 

jetlag was associated with increased mortality in aged mice (20). Since the circadian 

clock regulates metabolism and homeostasis in many tissues, circadian disruption may 

predispose millions of people to chronic diseases such as obesity, metabolic syndrome, 
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type 2 diabetes, depression, mood disorders, cardiovascular disease and cancer, similar to 

what has been described among shift workers (21-29). Thus, it is important to investigate 

complex relationships between individual circadian preference, circadian misalignment 

and disease risk taking into consideration various other factors that may be involved 

(genetic, demographic, behavioral, environmental). 

 The relationships between chronotype, mood and stress have recently received a 

lot of attention although the underlying mechanisms are not clear (7). There is evidence 

of higher incidence of evening chronotype (“eveningness”) among patients with 

psychiatric conditions such as major depression and bipolar disorder (30-33), and that 

eveningness is associated with depressive symptoms and elevated stress in healthy 

individuals (34-44). Some studies, however, argue that morning chronotype 

(“morningness”) also may be associated with altered health (22, 45-47). In some studies, 

people with morning chronotypes reported difficulties staying asleep in early morning 

hours and had elevated morbidity assessed with Nottingham Health Profile (45). 

Morningness has been associated with elevated blood pressure, altered metabolic 

parameters (46, 48) and decreased adaptability to shift work (13, 14). It is plausible that 

both morningness and eveningness can be associated with mood changes; these 

relationships are complex and the role of other influential factors needs to be explored. 

Although chronotype is strongly correlated with SJL (6, 12, 37, 49), only a few studies 

explored the relationships between SJL, alterations in mood, and depression (6, 36, 37). 

Results of two studies suggested that the relationships between SJL and depression may 

be modified by chronotype (37, 50); however, these studies disagreed with regard to 

whether it is a morning or evening chronotype that predispose to depression. Thus, 
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studies are needed to explore the relationships between chronotype, SJL and mood or 

stress using a longitudinal study design (to explore the temporality) that includes 

mediation analysis. 

 There is evidence that chronotype is associated with obesity (12, 33, 51-55), and 

in most studies those with an evening chronotype had a higher risk (12, 33, 51, 53-56). 

However, some other studies either refute any association between chronotype and 

obesity (57) or show that morning chronotypes also have an elevated risk of obesity and 

even cancer (12, 22, 47). Social jetlag has been associated with increased body mass 

index (BMI), body fat, waist circumference, metabolic syndrome, and markers of 

systemic inflammation independently from sleep duration (12, 49, 58). Chronotype in 

combination with inappropriate social schedule causes social jetlag (6, 12); thus, it is 

reasonable to hypothesize that social jetlag may mediate the relationship between 

chronotype and obesity. The only study that explored this potential mediating role of 

social jetlag using mediation analysis produced conflicting results (56). Thus, 

interrelationship between chronotype, SJL, BMI and other adverse metabolic or 

psychological outcomes remains unresolved. 

 Recently, relationships between sleep characteristics and various health outcomes 

such as obesity, type 2 diabetes, hypertension, cardiovascular disease and cancer have 

been examined in prospective studies (59-65). Yet, in most of these studies chronotype 

and other sleep measures were defined based only on self-report at baseline under the 

assumption that they were accurately reported and did not change during the study 

period. To date, only a few studies have investigated the variability of sleep 

characteristics over prolong periods of time using objective measures such as 
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polysomnography or actigraphy (66-68). Thus, longitudinal studies of sleep 

characteristics utilizing objective measurements are needed to investigate sleep 

variability, especially in young adults.  

 Recent research suggests that if insufficient or disrupted sleep along with 

proinflammatory diet and low physical activity persist for many years they may be 

associated with increased risk of cancer, possibly via oxidative stress, inflammation, and 

altered immune response (28, 69, 70). The complex relationships of previously 

mentioned life style factors in pathogenesis of prostate cancer, especially in longitudinal 

studies, have not yet been studied and, thus, require further investigation. According to 

Global Burden of Cancer Study (GLOBOCAN) data, prostate cancer is the second most 

frequently diagnosed cancer in men worldwide, and its incidence rates are the highest in 

Australia/New Zealand, Eastern and Western Europe, and North America (71). In the 

United States, incidence and mortality from prostate cancer differs by race/ethnicity and 

socioeconomic status (72, 73). In addition, in immigrants, prostate cancer incidence 

increases to the levels characteristic of the destination population (74, 75). This suggests 

that in addition to differences in screening practices, differences in lifestyle factors may 

play a role. 

 Diet is an important lifestyle risk factor for prostate cancer and yet summary 

measures of the diet used in previous investigations of these relationships had some 

limitations. For instance, an estimation of single nutrient intakes did not account for the 

complex relationships between multiple nutrients in the individual's complete diet (76). 

Dietary patterns are difficult to standardize, and some dietary indices only assessed 

adherence to dietary recommendations that changed over time (77-79). Developed by the 
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researchers at the University of South Carolina, the Dietary Inflammatory Index (DII) 

allows calculations of an inflammatory potential of the individual's diet and, thus, is a 

biologically-based summary measure for studies of the relationships between diet and 

health outcomes that are strongly based on inflammatory mechanisms (80, 81). The DII 

was based on an extensive published literature, standardized against actual food intakes 

in 11 populations around the world (USA, Mexico, England, Denmark, India, Australia, 

New Zealand, Bahrain, Scotland, South Korea and Japan) (82), and validated in 

epidemiological studies against inflammation biomarkers (83). Due to its unique ability 

to assess the inflammatory potential of the diet, the DII would be a useful measure to 

investigate the pathogenesis of prostate cancer, both alone and in combination with other 

key lifestyle factors, namely sleep and physical activity. The latter two factors also may 

increase predisposition to prostate cancer via oxidative stress and inflammation (28, 84, 

85). 

 

Objectives & Specific Aims 

 The proposed study has the following objectives: 1) evaluate the stability of 

chronotype, SJL, and sleep disruption during two years; 2) examine the relationships 

between chronotype, SJL or disrupted sleep and obesity, blood pressure, mood states, 

stress and poor sleep; and 3) explore the role of inflammatory potential of diet and 

lifestyle factors, such as sleep and physical activity in pathogenesis of prostate cancer.  

 The project has the following specific aims:  

Specific Aim 1: Determine whether chronotype, social jetlag and disrupted sleep change 

within two years. Disrupted sleep is defined by the following measures: total sleep time 
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(TST), sleep onset latency (SOL), wake after sleep onset (WASO), and sleep efficiency 

(SE). 

Hypothesis: Chronotype, social jetlag and disrupted sleep remain stable within two years. 

Specific Aim 2: Examine relationships between chronotype, SJL, objective sleep 

characteristics (TST, SOL, WASO, SE) and various health indicators including: BMI, 

percent body fat (%BF), waist-to-hip ratio (WHR), waist-to-height ratio (WHtR), systolic 

blood pressure (SBP), diastolic blood pressure (DBP), mood, stress, and poor sleep. 

Hypothesis 1: People with extreme chronotype (morning or evening) are more likely to 

have: elevated BMI, %BF, WHR, WHtR, SBP, DBP, altered mood states (depressive 

symptoms), stress or disrupted sleep than those with intermediate chronotype. 

Hypothesis 2: People with higher SJL are more likely to have: elevated BMI, %BF, 

WHR, WHtR, SBP, DBP or altered mood states (depressive symptoms), stress, disrupted 

sleep than those with lower SJL. 

Hypothesis 3:People with disrupted sleep are more likely to have elevated BMI, %BF, 

WHR, WHtR, SBP, DBP, altered mood states (depressive symptoms) or stress than those 

whose sleep is not disrupted. 

Specific Aim 3 

Specific Aim 3, sub-aim 1: Determine whether the e-DII is associated with prostate 

cancer incidence and investigate potential effect modification by race.  

Hypothesis 1: Men with higher (pro-inflammatory) e-DII scores will have an elevated 

risk of prostate cancer. 
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Hypothesis 2: Prostate cancer incidence among men with higher e-DII is further elevated 

among African-Americans as compared to other races.  

Specific Aim 3, sub-aim 2: Study relationships between the e-DII and high-risk prostate 

cancer and the role of effect modification by race.  

Hypothesis 1: A pro-inflammatory diet (as measured by the DII) predisposes individuals 

to an elevated risk of advanced or aggressive prostate cancer. 

Hypothesis 2: The incidence of advanced or high-aggressive prostate cancer in men with 

higher DII is further elevated in African-Americans, with low total physical activity, 

short sleep duration, elevated BMI or decreased in those who use NSAID.  

 

Study outline 

 Chapter 2 first introduces concepts of individual circadian preference 

(chronotype) and SJL followed by a review of studies of the relationships between 

chronotype or SJL and disrupted sleep, mood disorders, stress, obesity and basic vital 

signs (blood pressure, heart rate). Further, a summary of current literature on temporal 

patterns of sleep characteristics and insomnia is presented. Chapter 2 concludes with the 

review of the current knowledge about the relationships between individual's diet, 

physical activity and sleep and prostate cancer risk. Chapter 3 describes research methods 

used for each specific aim, including description of data sources and analytical methods. 

Chapter 4  is a manuscript for Specific Aim 1: Temporal pattern of chronotype, social 

jetlag and disrupted sleep within two-year time frame. Chapter 5 is a manuscript 
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addressing Specific Aim 2: Relationships between chronotype, SJL or sleep 

characteristics and anthropometric indices of obesity, blood pressure, mood and stress. 

Chapter 6 is a manuscript on Specific Aim 3: Relationships between diet, physical 

activity and sleep and prostate cancer risk. Chapter 7 includes overall summary and 

suggestions for the future research. 
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CHAPTER 2 

Literature review 

Introduction to chronotypes 

 Most physiological and behavioral processes in humans have a diurnal rhythm 

(1). This daily rhythm is generated by a self-sustaining internal circadian clock located in 

the suprachiasmatic nuclei of the brain (2). The central circadian clock generates rhythms 

that are slightly longer than 24 hours; thus they have to be synchronized (or entrained) by 

environmental stimuli to be more closely aligned with the 24-hour light dark cycle (2). 

The most important synchronization stimulus (zeitgeber) is light (2, 86). Due to 

differences in genetic predisposition and circadian entrainment stimuli, individuals differ 

in their preferences for timing of daily activities and are typically categorized into 

morning, neutral and evening chronotypes (3, 4). People with early chronotypes, the so-

called "larks", wake up early and go to bed early, between 10 and 11 p.m., while those 

with late chronotypes ("owls"), prefer to wake up later and go to bed later, between 11 

p.m. and 1 a.m. (3). Chronotype is an individual trait influenced by genetic predisposition 

(9, 87), possibly photoperiod of birth (7), and modulated by environmental (geographic 

location of residence and light exposure) (7), and social factors (36). Due to variation in 

circadian clock genes and environmental factors, chronotypes in populations have an 

approximately normal distribution from extremely early to extremely late with the 

majority in the middle (3, 6). Chronotype may vary by age and sex. For instance, children 
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tend to have early chronotypes that gradually progress to late chronotypes reaching the 

peak of "lateness" in early adulthood (20 years) and then gradually become earlier and 

earlier for the rest of their life (88). Women reach the peak of their chronotype 

eveningness slightly earlier than men, and then, on average, have earlier chronotypes than 

men until the age of 60 years when chronotypes become very similar for both sexes and 

earlier than they were in childhood (88). 

Social jetlag 

 Due to the differences between biologically preferred and social schedules (e.g. 

school, work), individuals with evening chronotypes accumulate sleep debt during the 

week for which they compensate during the weekend. Morning chronotypes, on the 

contrary, develop sleep debt during the weekend (6). They delay their bed time due to 

social interactions with later chronotypes but cannot sleep longer the next morning 

because of their circadian rhythm determined earlier wake-up time. This discrepancy 

between biological preference and social clock is called "social jetlag" (6). Originally, the 

term "jetlag" was described in relation to transmeridian travel as a complex of 

characteristic symptoms: difficulties falling asleep or staying asleep at night followed by 

daytime fatigue, loss of concentration, irritability, altered appetite and bowel irregularity 

due to the phase shift that occurs between the body’s internal clock and the ambient light-

dark cycle in the new location (89, 90). The major difference between aforementioned 

two types of jetlag is that while travel-associated jetlag is transient, social jetlag is 

chronic and may adversely affect mood and behavior, and contribute to development of 

chronic health conditions such as obesity (6, 12, 49). Some suggest that in industrialized 

countries, over two-thirds of healthy adults are at risk of chronic social jetlag, although 
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few studies have addressed its potential health impacts (12, 49). An evening chronotype 

positively correlates with amount of sleep debt accumulated during the week (6) and thus 

with social jetlag (37). 

Chronotype, social jetlag, and obesity 

 Circadian clock regulates metabolism and obesity; thus, circadian misalignment 

may lead to obesity and metabolic syndrome via altered metabolic processes, lack of 

physical activity and poor eating habits (49, 52, 91-94). Circadian misalignment may lead 

to lipid disregulation, decreased insulin sensitivity, impaired glucose tolerance and 

altered cortisol secretion (49, 52, 91). Short sleep duration has been associated with 

disregulation of metabolic hormones leptin and ghrelin, which increase appetite and 

cravings for energy dense foods (95).  

 In a cross-sectional study among patients with bipolar disorder, chronotype 

explained 19% of the variation in total body fat (after adjustment for age, sex, mood and 

sleep disruption), and “eveningness” was associated with increased total body fat (51). In 

another study, chronotype was a significant predictor of BMI in people with normal 

weight (BMI 18.5-<25 kg/m
2
), and morningness was associated with increases in BMI 

(12). Social jetlag did not predict BMI in people with normal weight; however, in 

overweight and obese, SJL rather than chronotype was positively associated with BMI 

(12). Recent experimental studies show that chronotype and circadian misalignment 

affect glucose tolerance via different mechanisms and independently from behavior (52). 

 Several studies found that evening circadian preference is associated with 

increased body weight in different age groups (33, 53-55). Depressed peri- and post-
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menopausal women with evening chronotype and delayed mid-sleep time had higher 

BMI and were prone to weight gain compared to those with morning chronotypes and 

less delayed mid-sleep phase (33). Delayed mid-sleep time was associated with increased 

risk of obesity in elderly men and women in two cohort studies of Osteoporotic Fractures 

(96). In a follow-up study of healthy college freshmen, evening chronotype was 

associated with increase of BMI while there was no change among morning and neutral 

chronotypes combined in one group (53). A recent cross-sectional study supports this 

observation that evening chronotypes are more likely to have higher BMI than 

intermediate and morning chronotypes combined in a representative sample of US adults 

18-71 years old (55). In another cross-sectional study in adolescent girls, however, 

evening chronotype was not associated with increased BMI (57). The mechanism 

underlying the relationship between chronotype and obesity has not yet been established. 

It is possible that some other factors such as short sleep duration, sleep/wake 

disturbances, stress-behavioral patterns (changes in diet or physical activity), or mood 

may play a mediating role. Some studies suggest that persons with late chronotype, 

especially those who are depressed, have increased appetite and carbohydrate cravings 

(33) and consume unhealthy foods (93, 94) that predispose them to obesity. In a cross-

sectional study of US adults aged 18-71 years, relationships between chronotype and 

BMI were mediated by self-control (55). Chronotype and social jetlag are moderately 

correlated, especially on work days, and people with evening chronotypes tend to have 

more social jetlag (6, 12, 37, 49, 58). Social jetlag has been associated with increased 

BMI, body fat, waist circumference, metabolic syndrome, and markers of systemic 

inflammation (12, 49, 58). Chronotype in combination with social schedule can elicit 
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increase in social jetlag (6, 12); thus, it is reasonable to hypothesize that social jetlag may 

mediate the relationships between chronotype and obesity. The only study that explored 

this potential mediating role of social jetlag using mediation analysis produced 

conflicting results (56). One hundred thirty seven college freshmen attending an urban 

US university were enrolled in the study during the second week of the fall semester, and 

fifty-four of them were followed up eight weeks later (53, 56). Upon enrollment and at 

the follow-up, the students completed several self-administered questionnaires including 

the 5-item reduced version of Morningness-Eveningness Questionnaire used to define 

chronotype (97). Their chronotype did not change significantly during the study period, 

and a sensitivity analysis showed that completion status and chronotypes were not related 

(53). Those who completed the study did not differ from noncompleters by weight, BMI, 

sleep quality and physical activity at the baseline. The authors used linear regressions to 

model changes of BMI and mood during the study period based on chronotype (53). In 

the mediation analyses, the direct effect of chronotype on BMI could not be evaluated 

because of the violation of the two key assumptions, normality (for BMI) and statistical 

significance of the association between exposure (chronotype) and outcome (BMI); 

therefore, only the indirect effect was studied using a nonparametric bootstrap approach 

(56). Chronotype was modeled as a dichotomous variable; evening chronotypes were 

compared to morning and neutral chronotypes combined in one group due to the very 

small number of participants with morning chronotypes (56). The bootstrap analysis 

showed that evening chronotypes had higher SJL and the latter was associated with 

increase in BMI. This suggests that chronotype has indirect effect on BMI through the 

SJL; however, the final test for mediation (Sobel test) was not statistically significant 
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(56). Post hoc analyses showed that when chronotype was modeled as a continuous 

variable, later chronotype increased BMI via increase in SJL, and this conclusion was 

supported by a statistically significant Sobel test (56).  

 Some researchers evaluated relationships between chronotype, social jetlag and 

measures of obesity by incorporating both chronotype and social jetlag into their 

statistical models at the same time (12, 58). This approach may introduce 

multicollinearity which can increase the potential for Type 2 error (false negative). We 

propose to start with an evaluation of the correlation between chronotype and social 

jetlag and then conduct mediation analyses between chronotype and SJL as they relate to 

the metabolic and psychometric outcomes included in this study. The results of the 

mediation analysis will help develop an unbiased understanding of the roles of these 

factors in physical and psychological health. 

 Few studies have investigated relationships between chronotype/social jetlag and 

overweight/obesity. Circadian disruption is highly prevalent in industrialized countries 

and may contribute to obesity or other adverse metabolic outcomes. The Energy Balance 

data will allow for an examination of these questions in a longitudinal study with 2-years 

of follow-up; the planned analyses will use BMI, BF%, WHR, and WHtR. While BMI is 

more convenient and widely used, it is only a surrogate measure and has been shown to 

underestimate obesity (98-100) since it doesn't distinguish between fat and muscle tissue 

(101). BF% measured by dual X-ray absorptiometry is considerably more precise than 

BMI; it measures bone, muscle and fat tissues simultaneously (98). In addition, waist 

circumference and waist-to-hip ratio seem to require ethnic-specific cut-off points that 

makes their use for screening complicated (102). Another anthropometric index, waist-to-
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height ratio (WHtR) is a better predictor of central obesity-related outcomes as compared 

to BMI and waist circumference (103). Thus, it has been suggested for use as a global 

screening index with cut-off point 0.5. 

Chronotype, social jetlag, and basic vital signs 

 Blood pressure (BP) has wide circadian variation determined by internal and 

external factors. In healthy normotensive individuals blood pressure rises abruptly upon 

waking up and is the highest in the morning, slightly decreases after meals and is the 

lowest during night sleep (104). Blood pressure varies by sex; men usually have higher 

BP and lower resting heart rate (HR) than women (104, 105). During the day, there are 2 

BP peaks, at 9 a.m. and 7 p.m., and a slight nadir at 3 p.m. The internal or circadian 

regulation of BP and HR occurs via hormones, peptides and neurotransmitters which all 

have their own circadian rhythms (104). External factors affecting blood pressure include 

physical activity, diet and sleep (106). Evening chronotypes tend to have higher systolic 

blood pressure and heart rate and lower heart rate variability than people with morning 

chronotypes, whereas no significant difference was observed for diastolic blood pressure 

(44, 105). In two studies, evening chronotypes had higher SBP and HR after being 

exposed to stress (44, 105). Social jetlag may affect the cardiovascular system. For 

instance, in a recent pilot study among rotating shift workers, social jetlag positively 

correlated with resting HR (107). Larger longitudinal studies are needed to confirm those 

relationships. Since chronotype and SJL have been associated with cardiovascular 

pathology and type 2 diabetes (46, 49, 107), more research is needed to explore 

relationships between chronotype/social jetlag with basic physiologic characteristics such 

as BP and HR. This information may be useful in the future to develop lifestyle 
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recommendations to prevent cardiovascular complications and type 2 diabetes in people 

with different chronotypes. 

Chronotype, mood and perceived stress 

 Little is known about relationships between chronotype and mental health. 

Individuals with evening chronotype tend to have psychiatric conditions, such as major 

depressive disorder, bipolar disorder, anxiety or addiction disorder, or insomnia, and their 

depression symptoms are more severe (30-33, 108). It is difficult to make a conclusion 

whether mental condition affects chronotype or vise versa due to the cross-sectional 

nature of these studies (30, 31, 33, 57, 109). Studies in healthy individuals also revealed 

that people with evening chronotypes were more likely to have depressive symptoms (34-

42, 110), experience higher level of stress (34, 43, 44, 111) and complain about poor 

health (10, 34, 110). Healthy individuals with evening chronotypes were more likely to 

have seasonal variation of mood and behavior and experience burnout, consume 

stimulants, coffee, caffeinated soft drinks and alcohol, to smoke and to consume ‘fast 

food’ than those with morning and neutral chronotypes (41, 53, 93, 110, 112, 113), 

although not all studies support this observation (34). Some studies report that 

morningness also may be associated with altered health (22, 45-47). For instance, people 

with morning chronotypes have difficulty staying asleep in early morning hours and 

report elevated morbidity elicited by Nottingham Health Profile questionnaire (45). In 

one study, young people with morning chronotype had a higher lifetime risk of any of the 

DSA IV Axis one disorders (e.g. major depressive episode, schizophrenic episode, panic 

attack), although, people with evening preference had higher odds of having three and 

more of those disorders (110). Morningness has been associated with a higher cortisol 

http://www.psyweb.com/Mdisord/jsp/gendepress.jsp
http://www.psyweb.com/Mdisord/jsp/schid.jsp
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awakening response (48), and elevated systolic blood pressure, blood glucose, low 

density lipoprotein and total cholesterol levels compared with evening types (46). Total 

sleep deprivation for 24 hours in healthy people with a morning chronotype led to 

increases in depression-dejection symptoms, whereas depression-dejection symptoms 

decreased among evening chronotypes (50). This may help explain why people with 

morning chronotypes have decreased tolerance to shift work, particularly to night shifts 

(13, 14). They accumulate larger sleep debt, have lower quality of daytime sleep and 

more likely to withdraw from shift work as compared with evening chronotypes (13, 14). 

There is an evidence that the relationship between morningness-eveningness preference 

and stress can be mediated by perceived sleep disruption (111), and the relationships 

between chronotype and depression can be modified by BMI (57). Thus, the role of 

various other factors in the relationships between chronotype, perceived stress and altered 

mood also should be taken into consideration. 

Social jetlag and mood disorders 

 Studies of SJL and mood disorders indicate that SJL is associated with depression 

and smoking (6, 37). Rural Brazilian residents with more than two hours of SJL had 

higher depression scores compared to those with two hours or less (37). However, in 

another study SJL was not associated with depression (36). It is possible, that SJL, rather 

than chronotype, predisposes to depressive mood as it has been shown for smoking (6). 

Social jetlag strongly correlates with chronotype (6, 12, 37, 49), and there is some 

evidence suggesting that the relationships between SJL or sleep deprivation and 

depressive mood may be driven by chronotype (37, 50). For instance, rural Brazilian 

residents with up to two hours of SJL ranked by their mean depression scores from the 
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highest to lowest in the following order: intermediate, morning and evening chronotypes 

(37). The mean depression scores for two other groups of larger SJL (>2-4 and >4 hours) 

were not presented due to the small sample size, and SJL-depression relationship was 

statistically significant only among people with ≤ 2 hours of SJL (37). In agreement, in 

an experimental study among healthy people following 24 hours of sleep deprivation,  

depression-dejection symptoms increased among people with morning chronotypes and 

significantly decreased in those with evening chronotypes (50). After partial sleep 

deprivation (participants went to bed at their regular time and were awoken at 1:30 AM), 

depression-dejection scores in morning chronotypes did not significantly change while in 

evening chronotypes they decreased (50). 

Temporal patterns of sleep characteristics 

 There is a multitude of sleep disorders and the most common of them is insomnia 

(114); thus, it will be used as an example of “disrupted” or “bad sleep”. The proposed 

study, however, will not be limited to insomnia. Insomnia is can be defined as difficulty 

falling asleep, staying asleep, or decreased sleep quality despite having opportunities for 

sleep with the following day time impairment (115). Because different epidemiological 

studies define insomnia different ways, the prevalence of insomnia symptoms and 

insomnia diagnosis varies between studies and populations (116). The prevalence of 

insomnia symptoms in adults is 33-50% and the prevalence of general insomnia disorder 

(insomnia symptoms associated with associated functional impairment) is 10-15% (115). 

Studies show that insomnia may be associated with increased risk of many chronic 

diseases such as cardiovascular disease (117), hypertension (118), obesity (54, 119), 

diabetes (120), and  cancer (28, 121, 122). Taking into account high prevalence of 
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insomnia in general population, investigation of its role in development of chronic 

diseases is very important. Recently, relationships between sleep characteristics and 

previously mentioned highly prevalent chronic diseases have been examined in many 

prospective studies (59-65). In most of these studies, information about sleep was 

obtained from questionnaires completed by study participants who were asked to provide 

average estimates for previous time periods of different length. Thus, these studies 

assume that self-report accurately describes the individual's sleep and sleep 

characteristics do not change over time. On the contrary, it has been shown that sleep 

disruption assessed by self-report differs from sleep assessed using objective measures 

(123, 124). For instance, healthy young individuals in one study overestimated their sleep 

onset latency and underestimated frequency of awakening (124). In another study, 

participants with chronic insomnia underestimated their total sleep time and number of 

awakenings but overestimated sleep onset latency (125).  Only a few studies have 

investigated the variability of sleep characteristics over prolong periods of time using 

objective measures such as polysomnography or actigraphy (66-68). In middle-aged 

people, sleep measures, such as sleep duration, efficiency, latency and time in bed 

showed considerable day-to-day variability, however, they were stable during the 1-3 

year follow-up (66-68). In college students aged 18-40 years, longitudinal studies 

assessed sleep based only on self-report and yielded contradictory results; both studies 

were conducted during the spring semester (126, 127). Among undergraduate students, 

for instance, sleep duration decreased and the number of awakenings increased as the 

semester progressed (126). In another study, however, the sleep duration and quality 
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increased within a 3-month long semester (127). Thus, a prospective study design is 

proposed to study the consistency of actigraphic sleep measures over time. 

 

Diet, sleep, physical activity, and prostate cancer 

 Chronic inflammation predisposes individuals to many chronic diseases, 

including cancer, and may contribute to development of more aggressive form of the 

disease (128, 129). Among agents predisposing to chronic inflammation are infections, 

poor diet, disrupted or insufficient sleep, obesity, smoking and immunosenescence, or 

age-related diminution of immune response (130-133). Continuous exposure to antigenic 

stimulation and stress compromises the ability of the aging immune system to cope with 

such stimuli, which in turn leads to chronic inflammation, the so-called “inflamm-aging” 

(134). 

 The role of inflammation in carcinogenesis has been described for several 

cancers, such as colorectal, lung, liver, bladder, cervical and pancreatic (135). 

Additionally, a relationship with inflammation has been suggested for prostate cancer 

(136, 137). Inflammation is frequently detected in different prostatic conditions, such as 

prostatitis, benign prostatic hypertrophy, and prostatic intraepithelial atrophy (138-140). 

On average, 11-16% of men in the United States are diagnosed with prostatitis in their 

lifetime (141). About 20% of men with inflammation detected during prostate biopsies 

developed prostate cancer within 5 years, and additional 6% were diagnosed with high-

grade prostatic epithelial neoplasia, which is considered a precursor of prostatic 

adenocarcinoma (136).  
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 There is evidence that inflammation within the prostate is strongly associated with 

oxidative stress, which has been shown by multiple experimental, epidemiological and 

clinical studies to play an important role in the pathogenesis of prostate cancer (142).  

Inflammatory cells present at the sites of chronic prostate inflammation produce 

increased amounts of reactive oxygen species (ROS) (143) that, over time, cause DNA 

mutations, promote genetic instability and cellular senescence and, therefore, can 

contribute to the initiation of  carcinogenesis (144).  In addition, prostate cancer cells 

themselves produce high quantities of ROS, which can play important role in tumor 

growth and development of a malignant phenotype (145). Increased levels of ROS 

combined with inability of antioxidant systems to neutralize them lead to chronic state of 

oxidative stress (146). Oxidative stress that occurs via tissue damage and the 

corresponding recruitment of more inflammatory cells lead to the perpetuation of chronic 

inflammation, which completes the vicious cycle (147). 

 Recent research identified a few modifiable risk factors - diet, physical activity 

and sleep duration and disruption that have been shown to affect inflammation, immune 

response and oxidative stress (28, 69, 70); however, further research is needed to 

elucidate the role of these factors in pathogenesis of prostate cancer. Taking into account 

the high incidence of prostate cancer in Western countries, developing strategies that 

target these potentially modifiable risk factors is a high priority for public health. In the 

United States, prostate cancer incidence and mortality rates vary by race and are the 

highest among African-Americans (72, 73). According to age-adjusted estimates for 

2013, prostate cancer incidence in African Americans is 70% and mortality is 2.4 times 

higher than in European Americans (72, 73). African Americans tend to be diagnosed at a 
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younger age and with more aggressive disease than their European-American 

counterparts. Prostate cancer incidence and mortality in Hispanics/Latino and Asian-

Americans are lower than in African- and European Americans (73). Migrant studies 

show that prostate cancer incidence and mortality in immigrants to the United States are 

higher than in their countries of origin which suggests the involvement of environmental, 

behavioral and lifestyle factors (74, 75). 

  It has been proposed that racial/ethnic disparities in health status may be due to 

differences in access to healthcare, socioeconomic status, cultural factors (e.g. diet, 

utilization of health care, religious beliefs) and genetic predisposition (73, 148); thus, it is 

important to explore complex relationships between multiple modifiable risk factors and 

prostate cancer risk/aggressiveness by race/ethnicity. It has been shown, that racial/ethnic 

minorities are more likely to have a sedentary life style and a bad diet with low 

consumption of fruit and vegetables as compared to non-Hispanic Whites, and this 

lifestyle pattern is associated with high levels of systemic inflammation, as expressed by 

increased levels of C-reactive protein (CRP) (149-151).  

 Among the dietary factors that have been proposed to decrease prostate cancer 

risk are tomatoes and lycopene, cruciferous vegetables, green tea, soy, vitamin E, and 

selenium (152-154). The protective effects of selenium and vitamin E intakes, however, 

were not confirmed in a recent double-blind placebo-controlled Selenium and Vitamin E 

Cancer Prevention Trial (SELECT study) (155). The potential mechanism of anticancer 

effect of plants mentioned above and vitamin E works through protection of cells and 

DNA from oxidative stress (156). Phytochemicals contained in cruciferous vegetables, 

kale, cauliflower and Brussels sprouts, in addition to antioxidative, also have pro-
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apoptotic (157), anti-proliferative and anti-metastatic effects in prostate cancer cells in 

vitro, and in animal models (158). Excessive intake of total dietary energy, meat, dairy 

products, calcium, total and animal fat, and beta-carotene, on the contrary, may 

predispose to increased prostate cancer risk (152-154). According to some theories, 

excessive intake of fat and red meat can promote carcinogenesis within the prostate via 

increased insulin growth factor (IGF) and damage by ROS (156). Caloric restriction 

reduces oxidative stress and related damage in vitro and in animal models (159).  

 Although analyses of single nutrients and foods are a common practice, they are 

inherently flawed because they do not account for possible interactions between nutrients 

and fail to evaluate joint effects of diet on health outcome (76). More recent approaches 

use diet quality scores and dietary patterns to evaluate a combined effect of food usually 

consumed on disease (77). For instance, higher Healthy Eating Index and Alternate 

Healthy Eating Index-2010 values were associated with decreased risk of total prostate 

cancer, while no association was detected for the alternate Mediterranean Diet score (78). 

A few studies examined relationships between dietary patterns and prostate cancer and 

yielded inconsistent results (76, 79). The use of diet quality scores and dietary patterns 

has inherent shortcomings. For instance, the diet quality scores only measure adherence 

to the recommended diet and fail to account for ethnic variability within and between 

populations (77). Dietary pattern analysis lacks standardization, which impairs 

generalization, complicates comparisons between studies and is more suitable for 

hypothesis generation rather than testing (77).  

 Developed by researchers at the University of South Carolina’s Cancer Prevention 

and Control Program, the dietary inflammatory index (DII) is a unique approach which 
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allows for calculation of the overall inflammatory score of the individual’s diet from 

maximally anti- to maximally pro-inflammatory. More negative scores are associated 

with anti-inflammatory potential, whereas more positive scores are indicative of more 

pro-inflammatory potential (80, 160). The major advantage of DII over other dietary 

indices is that it measures the inflammatory potential of the individual’s diet based on 

actual intakes. The individual’s DII scores are standardized against range of actual food 

intakes observed in 11 different populations around the world, which facilitates 

comparability between existing and future studies (160). Another important advantage of 

the DII is that it gives comparable results if calculated using different methods of dietary 

assessment, which facilitates its use by epidemiological studies of different design and 

different dietary assessment methods (161).  DII scores have been shown to predict levels 

of inflammatory markers and risk of chronic disease in several studies (80, 82, 161-180). 

Several of these studies investigated the relationships between DII and breast, 

esophageal, pancreatic, and colorectal cancers (164-166, 174, 180). One case-control 

study has investigated the relationships between DII and prostate cancer risk among 

Jamaican men (181). Men in the highest quartile of DII score had 2.4 times increased risk 

of prostate cancer as compared to those in the lowest quartile (aOR=2.39; 95% CI:1.14-

5.04). This suggests that a diet with the higher proinflammatory potential may increase 

individual’s risk of prostate cancer; however, this finding needs to be confirmed in 

longitudinal studies with larger sample sizes that include participants of different 

race/ethnicity.
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CHAPTER 3 

Methods 

Specific Aims 1 & 2 

1. Study population 

 For Aims 1-2 was used previously collected data from the Energy Balance Study 

(EBS) conducted by researchers from the University of South Carolina, Columbia, SC 

(182). The EBS is an ongoing three-year longitudinal study investigating effects of 

energy intake and expenditure on changes in body weight, body composition and health 

indices in healthy young adults. In 2011, the EBS recruited 430 healthy men and women 

who were 21-35 years of age and had a BMI of 20-35 kg/m
2
. This population group was 

studied since they may be at risk for weight gain and an increase in body fat as they 

approach middle age (183). The prospective participants were eligible for the study if 

they were 21-35 years of age, did not have any major health conditions, did not change 

their health behavior within preceding 6 months, and did not plan to relocate within the 

next 15 months (182). The participants were excluded if they had history of major 

depression, anxiety or panic disorder, took serotonin reuptake inhibitors, used 

medications to lose weight or stop smoking within previous 6 months. Women were 

excluded if they gave birth within previous 12 months, changed their birth control 

regimen within the 3 previous months, were pregnant, or if they planned to start or stop 

birth control medication within the following 3 months (182). All otherwise eligible 
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prospective participants were excluded if they had systolic blood pressure ≥150 mmHg 

and/or diastolic blood pressure ≥90 mmHg or a blood glucose level >145 mg/dl as 

diagnostic criteria for hypertension and diabetes, respectively. The EBS was approved by 

the Institutional Review Board at the University of South Carolina, and all study 

participants signed informed consent. 

2. Energy Balance Study data collection procedures 

 The participants were initially screened for demographic and health-related 

inclusion/exclusion criteria via email and then additionally screened over the phone. All 

eligible study participants attended an orientation session where they were provided the 

information about the study and had their height and weight measured to verify their 

BMI. Within three weeks following the orientation, the participants had three baseline 

measurement sessions. During the first baseline session the participants provided detailed 

demographic information and a medical history and completed psychometric and activity 

questionnaires. Resting blood pressure, weight, height, hip and waist circumferences, and 

body composition were measured during the second baseline session. For the third 

baseline session, the participants had to fast for 12 hours and to abstain from physical 

activity for 24 hours. During this session weight, height, hip and waist circumferences 

were measured again, and the participants received a SenseWear
®
 Mini Armband (SWA) 

(BodyMedia Inc., Pittsburgh, PA) to monitor their physical activity and sleep over 10 

days (182). During these 10 days, licensed dietitians conducted three 24-hour dietary 

recalls by phone; two on randomly selected week days and one on a weekend. These 

dietary recalls elicited information about all the food participants consumed during the 

previous 24 hours. The follow-up assessments were conducted quarterly up to 24 months. 



28 
 

Upon completion of all follow-up sessions the study participants were given incentives: 

$500 and a report containing the information on their energy intake and expenditure, 

body weight and composition, resting metabolic rate, and cardio-respiratory fitness 

levels. 

 3. Sleep measures 

 The sleep measures were derived from the Armband data. The SenseWear
®

 Mini 

Armband  is a portable device 8.8×5.6×2.1 cm in size, 82 g weight, worn over the triceps 

muscle of the right arm and has micro-electro-mechanical sensor detecting and measuring 

limb movements (184). The sensor is monitored 32 times per second and data were 

recorded at 1 minute intervals. The SWA data by minute are analyzed using SenseWear 

Professional
®
 Research Software (Version 7.0, Body Media

®
 Inc.). The demographic 

information (i.e. age, sex, height, weight and smoking status) was used to customize 

proprietary algorithms. The SWA data yields several average night-time sleep measures: 

sleep onset and wake-up times, TST, SOL, WASO, and SE (185). The sleep onset time 

was determined by the first out of three minutes asleep that coincided with ≥10 minutes 

lying down (185). Morning wake-up time was defined by the first out of 90 consecutive 

minutes awake (185). Sleep duration is the sum of all minutes asleep during one sleep 

bout (185). The ability of the SWA to measure sleep was validated against 

polysomnography and found to be adequate (184). For each study participant all 

measures were averaged across the entire period of wearing of the SWA (4-10 days). 

Day-to-day variability in sleep characteristics exceeded the long term variability (68). 

Previous studies showed that five to seven nights of actigraphy are sufficient to obtain 

reliable estimates of sleep duration (68, 123, 186). The study participants were instructed 
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to take the Armband off only when it could get wet (showering or bathing) and to keep a 

log of their activities during all times when the Armband was not worn (182). Activities 

from the log were matched to activities in the 2011 Compendium of Physical Activity 

(187), and corresponding metabolic equivalent was multiplied by individual’s resting 

metabolic rate which allowed to calculate energy expenditure and sleep characteristics 

during non-wear periods (182). Total physical activity minutes were calculated for 

activities equal to or exceeding 1.5 metabolic equivalents (185). Physical activity was 

used as a continuous measure. Only observations with actigraphy data on 4 or more 

nights were considered complete and used in this study. 

3.1. Chronotype 

 Chronotype was defined as the time of mid-sleep on work days corrected for 

“make-up sleep” on free days (12). For detailed chronotype calculations see Appendix A. 

3.2. Social jetlag  

 SJL was defined as a difference between midpoints of sleep on a weekend 

(unadjusted) and on week days (12). An absolute value of the social jetlag was used for 

all analyses where SJL was an independent variable.  

3.3. Total Sleep Time 

 TST was categorized as <6, 6-7, and ≥7 h (185). Two sleep duration measures 

were used for all analyses: average for all days of actigraphy (week days and weekend 

days) and average on week days only. The upper cut-off point 7 h was selected due to the 

insufficient sample size that we would have if we selected cut-off point ≥8 h, which is 

frequently used in other studies (96, 119, 188). Moreover, several studies showed that 
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individuals tend to overestimate their average sleep duration by 1 hour and more as 

compared with objective measures (e.g. actigraphy) (189, 190).  

3.4. Sleep onset latency  

 SOL is a time that a person spends in bed before he/she falls asleep. In EB study, 

sleep onset latency was calculated using SWA data as time between lying down and sleep 

onset (185). According with clinical guidelines, sleep onset latency of >30 min is 

considered one of the symptoms of insomnia (115). However, in the EBS population, less 

than 5% of participants had sleep onset latency >30 min at any one of five time points. 

Thus, the more relaxed cut-off point of 12 min ( ≥12 vs. <12 min) was used (191). 

3.5. Wake After Sleep Onset 

 WASO was calculated from SWA data as a sum of wake periods of ≥2 min each 

after sleep onset and until the final wake-up time (185).  To be consistent with the 

previous studies that used wrist actigraphy, WASO was dichotomized (<60 min, ≥60 

min) (119, 188). 

3.6. Sleep efficiency  

 SE was calculated as a proportion of TST from the length of the night sleep bout 

(185). Naps were excluded. SE was used as a continuous and a categorical variable; the 

latter was dichotomized according with clinical guidelines for insomnia (≥85% vs. <85%) 

(115).  
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3.7. Naps  

 Naps were defined as sleep bouts <4 hours that ended between noon and 10 p.m. 

or bouts <45 minutes (185). Variable nap was dichotomous (Yes/No); those with >0 min 

of nap were consider having a nap. 

3.8. Sleep quality 

 Sleep quality was defined using Pittsburgh Sleep Quality Index (PSQI) obtained 

using PSQI questionnaire (see section "Questionnaires"). The PSQI score was 

dichotomized using conventional definitions of poor sleep (PSQI >5) and a good sleep 

(PSQI ≤5) (192). TST, SOL, WASO or SE were used as indicators of sleep disruption. 

 Sleep measures in this study had potential limitations. The assumption that the 

study participants had free days only on weekends may introduce non-differential 

misclassification of the exposures: chronotype and social jetlag. To address this issue, 

distributions of chronotype and social jetlag in the study population were compared with 

the distributions among participants of the same age in other studies. 

4. Questionnaires  

4.1. Profile of Mood States (POMS)  

 POMS is a self-administered questionnaire that consists from 65 adjectives and 

short phrases with Likert-type scale with five answer choices for each question (193). 

Different groups of adjectives define six factors: Tension-Anxiety, Depression-Dejection, 

Anger-Hostility, Vigor-Activity, Fatigue-Inertia, Confusion-Bewilderment, and each of 

those factors has its own scale. The Total Mood Disturbance Score (TMD score) is 

calculated by summing 5 factors and then subtracting for the Vigor-Activity score. The 
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Total Mood Disturbance Score and its 6 components were used separately as continuous 

variables. The Energy Balance study participants completed the POMS questionnaire at 

baseline, 12 and 24 months follow-up (Table 2.1), and all 3 aforementioned time points 

were used in the analyses. 

4.2. Perceived Stress Scale  

 Perceived Stress Scale is a 10-item questionnaire where each item inquires how a 

subject feels or thinks and offers him/her 5 choices with increasing value from never to 

very often (194). The positive items are reverse scored. All scores are summed to yield 

the total score ranging from 0 to 40. A higher score indicates a higher stress level. The 

Perceived Stress Scale was validated in different populations, found to be a better 

measure of overall stress as compared to objective measures of stressful life events, and 

recommended for studies investigating relationships between stress and disease outcomes 

(194-196). The Perceived Stress Score (PSS) was used as a stress measure at 3 time 

points (baseline, 12 and 24 months follow-up) (Table 2.1). The Perceived Stress Scale is 

not a clinical test; therefore, there are no established cut-off points. To categorize PSS, 

some studies used a median split (194, 197) while others used quartiles (198). PSS in the 

EBS sample had approximately normal distribution and was modeled as continuous and 

categorical variables with the median as a cut-off point (<12 vs. ≥12). 

4.3. Pittsburgh Sleep Quality Index (PSQI)  

 PSQI ascertains information on seven areas of sleep during the previous month 

(192). The respondents self-score each of the seven components using a Likert scale from 

0 to 3, where 3 is assigned to the highest negative extreme. The sum of scores for all 
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individual components yields the total PSQI score (192). It was administered at baseline, 

12 and 24 months follow-up (Table 2.1). The PSQI was used as an indicator of sleep 

quality: poor sleep (PSQI >5), and a good sleep (PSQI ≤5) (192). 

5. Anthropometric measures 

 For the assessment of all anthropometric measurements the participants were 

dressed in scrubs and had bare feet. Their height and weight were measured using 

traditional stadiometer and electronic scales with a precision of 0.1 cm and 0.1 kg, 

respectively. The average of three measurements was used to calculate BMI (weight 

(kg)/height (m
2
) ). To measure waist and hip circumferences, a calibrated spring-loaded 

tape measure was used. The waist circumference was measured at mid-point between 

costal margin and iliac crest on the axillary line on both sides of the trunk and 2 cm above 

the umbilicus (182). The hip circumference was measured at the level of the greater 

trochanter, at the widest point. The average of three measurements rounded to 0.1 cm was 

recorded. Body composition was measured using dual x-ray absorptiometry full body 

Lunar fan-beam scanner (GE Healthcare model 8743, Waukesha, WI). 

 BMI was categorized into two groups: underweight and normal weight (<25 

kg/m
2
); overweight and obese (≥25 kg/m

2
) (199). BF% was dichotomized using the 

guidelines by the American Society of Bariatric Physicians (ASBP) and American 

Medical Association (AMA) specialty board (2009) that defined obesity as BF% ≥25% in 

men and ≥30% in women (98). A recent meta-analysis showed that cut-off points for 

BF% >25% in men in > 30% in women were the most sensitive for obesity (99). Waist-

to-hip ratio will be dichotomized: <0.95 vs. ≥0.95 in men and <0.80 vs. ≥0.80 in women 

(200). Waist-to-height ratio will be dichotomized as <0.5 vs. ≥0.5 (103). An average of 
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two resting blood pressure measurements were categorized into two groups: SBP ≥120 

vs. <120 mmHg, and DBP ≥ 80 vs.<80 mmHg. 

6. Covariates  

 Estimates of total daily physical activity time were obtained from armband data. 

Information for the periods of non-wear was supplemented with values for matching 

activity from the 2011 Compendium of Physical Activity (184). Total daily hours of 

physical activity were defined as any activity of at least 5 metabolic equivalents. Time 

napping was obtained from armband data. Dietary information was collected using three 

24-hour dietary recalls conducted by phone; two on randomly selected weekdays and one 

on a weekend. The Nutrient Data System for Research (version 2012: Nutrition 

Coordinating Center, University of Minnesota, Minneapolis, Minnesota) was used to 

estimate nutrient and individual food intakes from the dietary recalls. Forty three food 

parameters and nutrients were further used to calculate a dietary inflammatory index (e-

DII) that expresses an inflammatory potential of individual's diet (81). Lower DII scores 

are anti-inflammatory while the higher scores are more proinflammatory, and the 

maximum theoretical range is −8.87 to 7.98. To account for individual differences in 

energy intake, the DII scores were calculated per 1,000 kilocalories (4,184 KJ) (e-DII) as 

previously described (185). 

7. Exclusion criteria 

 All 430 participants of the EBS were eligible for the proposed study. Individuals 

were excluded from statistical analyses if their armband data had the following 

deficiencies: missing bed time or wake time, <4 days of actigraphy in any given 

assessment period, missing sleep data on the weekend, extreme or implausible TST 
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values (<4 hours either on week days, free days, or on average, TST >11 hours on work 

days or on average), and when mid-sleep on free days occurred in the afternoon (12). In 

addition, participants were excluded from all analyses if they regularly used (≥3 times per 

week) sleep promoting medications (over the counter or prescription), worked night 

shifts, or traveled across meridians during periods of armband wear. The final analytical 

dataset consisted of 390 participants (1,431 repeated observations). 

7. Statistical analyses plan 

Specific Aim 1 

 The first specific aim was to determine whether chronotype, social jetlag, and 

sleep disruption change within two years. For these analyses was used SWA data at five 

time points (baseline, 6, 12, 18, and 24 months). The analytical dataset consisted of 390 

participants (1,431 repeated observations).  

Regression approach 

 First, descriptive statistics, distributions for continuous data and frequencies for 

categorical variables were analyzed. Further, the bivariate relationships between time, 

chronotype, SJL, objective sleep measures (TST, SOL, WASO, SE), and potential 

covariates were explored using simple subject-specific Generalized Liner Mixed Models 

(GLMM) with GLIMMIX procedure in SAS® (version 9.4, Cary, NC). This method 

accounts for correlations between repeated measurements through the inclusion of an 

additional variance component (201). Each subject in this study was considered a cluster 

of observations. The following covariates were considered: sex (male, female), race 

(European American [EA], African American [AA], Other [Hispanic, Asian, Native 

American or mixed race]), education (high school graduate/GED some college, college ≥ 
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4 y.), income (<$20,000, 20,000 to <40,000, 40,000 to <60,000, 60,000 to <80,000, 

≥80,000), employment (student/other, employed and self employed), marital status 

(married, single), having children (yes/no), physical activity (h), caffeine intake (g/d), e-

DII, napping (yes/no), and season (winter [November-January], spring [February-April], 

summer [May-July], autumn [August-October]), and current dieting (yes/no). Potential 

covariates with p-value <0.2 in bivariate analyses were selected for inclusion in full 

statistical models. Time was the main independent variable for all analyses. Separate 

multivariable statistical models were built for chronotype, SJL and objective sleep 

measures (TST, SOL, WASO, SE) as continuous dependent variables. Manual backwards 

elimination was used to identify covariates for inclusion in the final model that changed 

the effect estimate of the main exposure variable by ±10%. Variables that were 

statistically significant (p≤0.05) also were included in the final model. 

Latent class analyses  

 RMLCA was performed using PROC TRAJ in SAS® to identify latent groups for 

each continuous variable (absolute SJL, chronotype, TST, SOL, SE, WASO) (202, 203). 

This procedure uses a mixture model approach to define the trajectories of unique 

subgroups within a population that don't change their group membership over time (204, 

205). The best fitting crude model was selected using Bayesian Information Criterion and 

comparing differences between simple and more complex models (205). The final 

selection of the number of latent groups was based on the best model fit and minimum 

group sizes containing ≥10% of the study population. Analyses for chronotype, TST and 

SE were adjusted for race (EA vs. AA or Other) and sex, which were assumed not to 

change over time. WASO was adjusted for race only. Absolute SJL and SOL were not 
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adjusted for race or sex because latent groups were not influenced by these variables. 

Since the group trajectories for each measure were linear, potential covariates that change 

over time were not examined. Only participants with at least three assessments during the 

study period were included into these analyses (n=312, 1,297 observations).  

 Finally, bivariate GLMM were used to identify demographic and other 

characteristics that differed among the latent classes for absolute SJL and each of the 

sleep outcomes. 

Specific aim 2 

 The second specific aim was to examine the relationships between chronotype, 

absolute SJL, objective sleep characteristics and various outcomes: BMI, %BF, WHR, 

WHtR, blood pressure, mood, perceived stress, and poor sleep (defined with PSQI). For 

the analyses involving anthropometric outcomes was used dataset with five time points 

(n=390, 1,431 repeated observations). Since data on mood, stress and poor sleep was 

available only for three time points (baseline, 12, and 24 months) a smaller subset of data 

was used (n=390, 813 observations) for these analyses. 

 Descriptive analyses were conducted first. They included analyses of distributions 

for continuous and frequencies for categorical variables. Bivariate associations between 

chronotype, SJL, objective sleep measures, mood, perceived stress, poor sleep, and 

potential covariates (see specific aim 1 above) were explored next using GLMM with 

repeated measures. Potential covariates with p-value <0.2 in bivariate analyses were 

selected for inclusion in full statistical models. Manual backwards elimination was used 

to identify covariates for inclusion in the final model that changed the effect estimate of 
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the main exposure variable by ±10%. Variables that were statistically significant (p≤0.05) 

also were included in the final model. When examining relationships between SJL or 

sleep measures and the anthropometric outcomes, mood and stress, chronotype 

(continuous) was considered as a potential confounder along with other covariates. 

 RMLCA analyses using PROC TRAJ in SAS® were used to identify three latent 

groups for chronotype as was described above. Any time points with complete SWA data 

were included into these analyses. Since the group trajectories for all three latent 

chronotype groups (morning, intermediate and evening) were linear, other potential 

covariates that change over time were not used to adjust trajectories. Adjusted means of 

SJL and all objective sleep characteristics by latent chronotype group were compared 

using F-test with PROC GLIMMIX. The intermediate chronotype was used as a 

reference group. This categorical chronotype variable was used as a main independent 

variable in the GLMM evaluating the relationships between chronotype and 

anthropometric measures. To explore a possibility that the relationship between SJL, 

other sleep characteristics and anthropometric measures were modified by chronotype, 

two approaches were used. First, an interaction term between a sleep measure and 

chronotype group were added to the final statistical model. The second approach 

involved stratification by chronotype group. This approach was also applied in the 

analyses of the relationships between absolute SJL, mood and stress. 

Specific Aim 3 

1. Study population 

 For the proposed study was used data from the California Men’s Health Study 

(CMHS), a large multiethnic cohort of U.S. men members of Kaiser Permanente (KP), a 
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health insurance provider that covers a large number of residents of Northern and 

Southern California. The primary goal of CMHS cohort was to study the etiology of 

prostate cancer in populations with diverse ethnicity (206). In 2002-2003 the CMHS 

recruited 84,170 men of ages 45-69 years; 40% of them were from minority populations. 

Men were eligible for the CMHS if they had membership at KP for at least one year prior 

to the recruitment and were 45-69 years of age. Information about the CMHS recruitment 

and data collection procedures was described in detail elsewhere (206). Briefly, the study 

enrolled minority populations including Chinese, Latino and African Americans. The 

potentially eligible participants were first selected based on their last names obtained 

from insurance records, and a preference was given to men with Chinese and Spanish last 

names (206). The recruitment was conducted in three waves. First, the participants were 

mailed a recruitment letter and a short questionnaire inquiring about their ethnicity, 

anthropometrics, and a personal history of prostate specific antigen (PSA) screening, 

benign prostatic hyperplasia (BP), and prostate cancer. The letters and questionnaires 

mailed to men with Chinese last names were in Cantonese/English and in 

Spanish/English for all others. Also, the participants were selected from areas covered by 

KP plan where a high proportion of residents were African American (206). Further, men 

who responded to the short questionnaire and were eligible for the study were mailed a 

longer questionnaire. Some participants completed both short and long questionnaires on-

line (206). The CHMS collected comprehensive information on participants' health 

status, comorbidities, family history of prostate cancer, medication and supplementation 

use, and potential prostate cancer risk factors such as diet, physical activity and sleep. 

The CMHS cohort has broad range of education and income (206). The important 
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advantage of enrolling study participants from among the members of the health 

insurance plan allows linking self-reported data with medical records and information 

from cancer registries. The latter provides high quality ascertainment of prostate cancer 

cases.  

 For the proposed study was used data on 43,202 participants of the CMHS 

followed from the time of the completion of the long CMHS questionnaire in 2002-2003. 

Time of the follow-up was censored at: diagnosis of incident prostate cancer, death, gap 

in KP membership exceeding 90 days, or the end of the study on December 31, 2014, 

whichever comes first. For the description of the available study population see Table 7. 

Participants who reported personal history of prostate and any other cancer except non-

melanoma skin cancer in the baseline questionnaire were excluded (100/1,286). 

Participants who  had caloric intake of less than 500 kcal or greater than 6,000 kcal per 

day were excluded from the analyses (53 with prostate cancer and 905 without prostate 

cancer). Indicator variables with consequent sensitivity analyses were used to preserve 

observations with missing data on significant confounders. For the analysis of the 

relationships between DII and the incidence of advanced prostate cancer, all participants 

with  missing data on prostate cancer stage based on SEER classification were excluded 

(n=38, 1.36%). 

2. Questionnaires used to collect the data in CMHS 

2.1. Short questionnaire, as was previously mentioned, elicited information about 

anthropometrics, and a personal history of PSA screening, BPH, and prostate cancer. 

2.2. Long questionnaire was 24 pages long, completed upon enrollment and elicited 

information on demographics, family history of cancer, an individual's health conditions 
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including those involving prostate, medication use, lifestyle factors including physical 

activity and smoking, diet and supplement use, marital status, education and family 

income during the preceding year. 

2.3. Semi-quantitative food frequency questionnaire (FFQ) was the version of 

Women's Health Initiative FFQ modified for use in men and validated in several studies 

(207-209). This FFQ allowed collecting the information about habitual diet and alcohol 

consumption within the previous year. E-DII was calculated for all participants of this 

study. 

2.4. Physical activity questionnaire used questions adopted from the CARDIA Physical 

Activity History (210). It elicited information on frequency, duration and intensity of 

recreational, household and occupational activities (206). Total physical activity was 

measured in MET-hours per week and used as a continuous variable for all analyses. 

3. Prostate cancer ascertainment 

 The information about all prostate cancer cases diagnosed during the 

follow-up was obtained via linkage of CMHS members to the Kaiser Permanente 

Northern California Cancer Registry (206, 211). California state law requires reporting of 

all incident cancer cases and the KPNCCR ascertains and reports all cases according to 

the standards established by the National Cancer Institute’s Surveillance, Epidemiology, 

and End Result Program (SEER). In this study, PrCA was categorized into three groups 

using the updated (2010) version of the standard PrCA staging system endorsed by the 

American Joint Committee on Cancer (AJCC)/International Union Against Cancer 

(UICC) (212).  
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4. Measures 

Exposures 

 The DII was calculated per 1,000 kcal (e-DII) using derived values for 27 food 

parameters including whole foods, micro- and macronutrients, and other food 

constituents (e.g. flavonoids). The information on habitual food intake used for derivation 

of the food parameters was elicited using previously mentioned semi-quantitative FFQ. 

The choice of food parameters for the DII calculation is based on previous research that 

entailed reading and scoring nearly 2,000 articles (160). Derived from the literature 

individual effects of individual DII components were standardized to global database 

comprised from 11 diverse populations: USA, Australia, Bahrain, Denmark, India, Japan, 

Mexico, New Zealand, South Korea, Taiwan, and UK (81). This approach to calculation 

of DII both “anchors” the individual’s exposure to a robust range of dietary patterns in a 

variety of cultural traditions and obviates completely the problem of units because the z-

scores and percentiles are independent of the units of measurement (i.e., the percentile is 

the same whether the parameter is expressed in ug or mg) (160). Ideally, the DII 

calculations are based on the total 45 food parameters, although it also can be calculated 

when fewer food parameters are available. For instance, the DII was previously used in 

the SEASONS study with the 7DDR (which yielded 28 food parameters) and in the 

Asclepios Study using semi-quantitative FFQ (which yielded 17 food parameters) and 

had observed findings consistent with those obtained from 24-hour recall interviews 

(which ideally yield all 45 parameters) (83, 169). From the research conducted this far, 

the DII is typically within the range of -5 to +5 (maximum and minimum ~-8 and +8). In 

the sample available for this study, the DII in all participants ranges from -6.3 to 4.7 
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(Table 7). The reason for the adjustment for energy is previously detected strong negative 

correlation of the DII with total energy intake (164). An absolute intake of each food 

parameter in the study population was individually modeled using a regression model 

with total caloric intake in the study population as an independent variable as previously 

described (164). The predicted energy-adjusted intake of each nutrient was calculated as 

a sum of the absolute nutrient intake of an individual with the mean caloric intake with 

the corresponding residual from the regression model. Further, energy-adjusted intakes of 

all individual food parameters were standardized to the world’s population using z-scores 

and percentile scores. The individual percentile scores were then multiplied by 

parameter-specific inflammatory values and summed yielding the final e-DII score. For 

all analyses, the e-DII will be used both as a continuous variable and as a categorical 

variable. Since the clinically meaningful cut-points for e-DII have not yet been 

established, we will use the cut-off points between quartiles of e-DII distribution among 

men without prostate cancer. 

Events of interest 

 For the analyses of the relationship between e-DII and PrCA risk (sub-aim 1), 

incident PrCA will be presented as a dichotomous variable (Yes/No). For the sub-aim 2,  

PrCA was categorized into three groups using the updated (2010) version of the standard 

PrCA staging system endorsed by the American Joint Committee on 

Cancer (AJCC)/International Union Against Cancer (UICC) (212). The high-risk PrCA 

group included men with clinically localized high-risk PrCA and advanced, very high-

risk PrCA (≥T3a or PSA>20 ng/ml, or a Gleason score of 8-10, or those who died from 

PrCA). The clinically localized, intermediate-risk group consisted of men with T2b-T2c, 
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or T1-T2a and PSA10-20, or T1-T2a and a Gleason score of 7. All other men with PrCA 

were in the clinically localized, low-risk PrCA group. 

Statistical analysis 

 The follow-up time was censored at: diagnosis of incident PrCA, death, gap in KP 

membership exceeding 90 days, or the end of the study (December 31, 2014), whichever 

came first. The analyses started with descriptive statistics. The e-DII was categorized into 

quartiles based on its distribution among all participants. Categorical variables with strata 

containing <10% of the total population were recoded using indicator variables that had 

missing values as a separate category. Bivariate relationships between prostate cancer 

status and e-DII, or potential covariates, including: race (White, Black, Asian, Hispanic, 

Other), age at baseline (5-year intervals for the overall PrCA risk estimates and 45-55, 

56-65, 65-70 years for subgroup analyses), body mass index (BMI) calculated from self-

reported weight in kilograms divided by square height in meters (< 25, 25-29.9, ≥30 

kg/m
2
), education (high school equivalent or less; vocational or technical school;  some 

college, associate or bachelor degree; graduate/professional school), smoking status 

(current or former smokers vs. non-smoker), income (<$40,000, $40,000-$59,000, $60-

$80,000, $80-100,000, >$100,000), regular use of non-steroidal anti inflammatory 

medicines (NSAID) (Yes/No), regular multivitamin use (Yes/No), sleep duration (≤6, 7, 

≥8 hrs), total physical activity (0-359, 360-1102, 1103-2201, > 2202 MET-min/week), 

history of diabetes (Yes/No; recorded diagnosis in the Northern California KP Diabetes 

Registry), family history of PrCA in a first-degree relative (Yes/No), and benign prostatic 

hyperplasia (BPH).Variables with a p-value of ≤0.20 will be selected for further 

evaluation in a multivariable model. A manual backwards selection procedure was used 
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to identify covariates for inclusion in multivariable models. Variables were retained in 

the final statistical models if their exclusion resulted in a change in the effect estimate for 

e-DII by ≥10%. Statistically significant covariates (α<0.05) also were retained in the final 

statistical models. The proportional hazards assumption was tested using graphical 

(Kaplan-Meyer survival plots) and regression approaches (cumulative Martingale 

residuals). Effect modification was tested using two approaches: Likelihood Ratio Test 

(LRT) for significance of the interaction term added to the final model, and stratification 

of the analysis based on differing levels of the effect modifier. Cox proportional hazards 

models were used to assess the relationships between the e-DII and either high- or 

intermediate-risk PrCA. The proportional hazards assumption was violated for sleep and 

age; therefore, these variables were placed in the STRATA statement in the PHREG 

procedure in SAS
®
. For linear trend tests, the median of each e-DII quartile was included 

in statistical models as a continuous variable with adjustment for the same confounders 

that were included in the previous analyses.  

 Sensitivity analyses were conducted to explore the possible effects of missing 

data on the results. Men diagnosed with PrCA during the first 3 years of follow-up were 

excluded in order to assess the possibility of reverse causality. In separate analyses, all 

participants with missing sleep duration were excluded, and analyses were then repeated 

after removal of the sleep duration variable from the statistical models.
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Table 3.1 Questionnaires and measurements used in the Energy Balance Study 

 

Questionnaire/ 

measure 

Time point 

Baseline 6 M 12 M 18 M 24 M 

Demographics         

Medical History       

Profile of Mood States
1 

        

Perceived Stress Scale         

PSQI         

Physical Activity           

Sleep measures           

Anthropometrics
2 

          

Basic vital signs
3 

          

PSQI: Pittsburgh Sleep Quality Index (PSQI).  
1 
Yields Total Mood Disturbance Score (TMD). 

2 
Height and weight, waist circumference, hip circumference, percent total fat mass, percent 

total lean mass. 
3 
Resting heart rate, systolic blood pressure, diastolic blood pressure. 
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CHAPTER 4 

Stability of Social Jetlag and Sleep Characteristics Over Time: A Prospective Study
1
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ABSTRACT 

Background: Insufficient sleep has been associated with increased risk of many chronic 

diseases that can take decades to develop. However, few studies have examined the 

persistence of sleep disruption over time. Armband actigraphy is an objective method of 

monitoring of an individual's limb movements that yields sleep timing on work and free 

days, and their difference defines ‘social jetlag’, a misalignment between internal and 

social clocks. This prospective investigation examined objectively measured individual 

sleep characteristics over a two-year period to test the hypothesis that SJL and poor sleep 

remain stable during this time period.  

Methods: Social jetlag [SJL] and sleep measures (total sleep time [TST], sleep onset 

latency [SOL], wake after sleep onset [WASO]), sleep efficiency [SE]), were derived 

from physical activity personal armband monitoring among 390 healthy men and women 

21-35 years old. Participants wore the armband for a 4-10 day period at 6-month intervals 

(N=1,431 person-weeks of sleep measurement). The consistency of sleep measures over 

time was analyzed using generalized linear mixed models (GLMM) for repeated 

measures. Repeated measures latent class analyses (RMLCA) were then used to identify 

subgroups among the study participants with adequate or inadequate sleep characteristics 

over time. These latent groups were then evaluated using GLMM to characterize 

demographic or other personal characteristics that differed among the subgroups.  

Results: Minor changes in mean SJL, chronotype, or TST were observed over time, and 

no changes in SOL, WASO, or SE were observed during the study period. The RMLCA 

identified two groups of absolute SJL: low (mean±SE: 0.8±0.6 h, 58%) and high 

(1.4±0.8, 42%); those with high SJL were employed and had an evening chronotype. 
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Similarly, two distinct subgroups were observed for SOL, WASO, and SE, with one 

group consistently exhibiting disrupted sleep over time, and another with a relatively 

normal sleep pattern; both remaining stable over time. TST had three latent groups with 

relatively short (5.6±1.0 h, 21%), intermediate (6.5±1.0, 44%) and long (7.3±1.0 h, 36%) 

durations, all with temporally stable linear trajectories. Subgroups with poor sleep tended 

to be male, African American, have a lower income, and an evening chronotype relative 

to those with more normal sleep characteristics.  

Conclusions: Objective sleep measures in young adults remained relatively stable over 

the two-year study period. Sleep disruption symptoms as measured by TST, SOL, WASO 

and SE, persisted throughout the study. The results suggest that poor sleep can be a 

chronic condition in certain subgroups, consistent with evidence that sleep disruption 

contributes to metabolic syndrome, cardiovascular disease, cancer, and other chronic 

disease risks. 

 

Introduction 

 Insufficient sleep has been associated with increased risk of major chronic 

diseases such as cardiovascular disease and hypertension (65, 118), obesity (213), 

diabetes (120, 214), and cancer (28, 47). The biological processes associated with these 

impacts may include immunologic, metabolic, and genetic factors (49, 52, 91, 95, 133, 

215-217). In order to elicit pathophysiological changes that can lead to chronic disease, 

sleep has to be disrupted over an extended period of time. However, the temporality of 

sleep disruption has not been extensively studied. In many longitudinal studies, 

information about sleep is only obtained at baseline by means of questionnaires, and it is 
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assumed that self-reported symptoms accurately describe an individual's sleep 

disturbances, and that they persist over time. However, sleep disruption assessed by self-

report can differ from sleep assessed using objective measures (123, 124). For instance, 

one study among healthy young individuals reported that sleep onset latency was 

overestimated and frequency of awakening was underestimated using self-reported data 

(124). In another study, participants with chronic insomnia underestimated their total 

sleep time and number of awakenings but overestimated sleep onset latency (125). 

Several longitudinal studies assessed consistency of insomnia and sleep disruption over 

various periods of time spanning from several months to 20 years (66, 67, 218-226). 

Presence of insomnia and its subtypes was variable within one year of follow-up (226, 

227). Studies with a follow-up of several years showed that insomnia is a fairly persistent 

condition (66, 67, 218-223, 225), although its patterns may change over time and clinical 

course of insomnia can exhibit remissions and recurrences (219, 224, 226). 

Characterizing factors that contribute to the persistence of sleep disruption is important 

for understanding its role as a chronic disease risk factor. 

 Only a few studies have investigated the variability of sleep characteristics over 

prolong periods of time used objective measures such as polysomnography or actigraphy 

(66-68, 225). In middle-aged people, objective sleep measures, such as sleep duration, 

efficiency, latency and time in bed showed considerable day-to-day variability, although 

they were stable during a 1-3 year follow-up (66-68, 225). No comparable studies 

utilizing objective sleep measures have been conducted among young adults. The 

importance of such investigations in young adults is based on a high prevalence of 
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insomnia in the general population and a common knowledge that many chronic diseases 

that manifest in middle age can take decades to develop. 

 Most human physiological processes and behaviors exhibit a circadian rhythm (1, 

2). Due to variations in intrinsic timing, individuals may be categorized into morning, 

neutral, or evening chronotypes (3, 4). People with morning chronotypes, the so-called 

"larks", wake up and go to bed relatively early (between 10 p.m. and midnight), whereas 

evening chronotypes ("owls"), prefer to wake up and go to bed late (between 1 and 3 a.m) 

(3). A conflict between this inherent sleep preference and social demands can result in a 

misalignment in sleep/wake timing, or "social jetlag" (SJL) (6). SJL is calculated as a 

difference between mid-sleep on free and work days (6); it reflects the potential 

magnitude and direction of time shift for daily activities as well as physiological and 

psychological processes (12, 58, 91). Evening chronotypes tend to accumulate a sleep 

debt during the week for which they try to compensate during the weekend by extending 

their sleep period. For example, if a person with evening chronotype on work days sleeps 

between midnight and 6 a.m., his mid-sleep is at 3 a.m. If, on free days, their sleep is 

extended from midnight until 9 a.m, the mid-sleep is 4:30 a.m, and their SJL is 1 h 30 

min. Morning chronotypes, on the contrary, tend to develop sleep debt during the 

weekend (6). Circadian misalignment resulting from altered sleep/wake timing may lead 

to metabolic alterations: lipid disregulation, decreased insulin sensitivity, impaired 

glucose tolerance, altered melatonin and cortisol secretion, and oxidative stress (49, 52, 

91). These impacts are commonly observed among shift workers, although some studies 

suggest that this relationship may extend to populations not involved in shift work, such 

as those with SJL (12, 25, 37, 47, 49, 58, 107, 228). Although clinically significant cut-
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points for SJL have not been established, those with ≥2 h of SJL had shorter sleep 

duration, higher 5-hour blood cortisol levels, and a higher resting heart rate relative to 

those with ≤1 h of SJL (49). In addition, those with >2 h of SJL had higher depression 

scores than those with ≤2 h (37). To date, no prospective studies have examined the 

persistence of SJL over time.  

 This study quantitatively assessed sleep and sleep/wake timing among young 

adults during two years of follow-up to test the hypothesis that SJL and poor sleep remain 

stable over time. Data were obtained from participants in the Energy Balance Study 

(EBS), a three-year follow-up study that investigated the effects of energy intake and 

expenditure on changes in body weight, body composition and health indices among 

healthy young adults ages 21-34 years (182). This age group is at risk for decreasing 

metabolic rate and increase in weight and percent of body fat (183, 229) which may lead 

to development of chronic disease at a later age. Actigraphy measures repeated at 6-

month intervals were used to characterize SJL and sleep disturbances at each time point. 

To assess the consistency of SJL and sleep disturbances over time, generalized linear 

mixed models were used to evaluate the temporal stability of SJL and each sleep 

measure, and RMLCA was used to identify subgroups (latent groups) with different sleep 

trajectories. Finally, the socio-demographic characteristics of each subgroup was 

described, including the extent to which they are influenced by chronotype. 
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Methods 

Study population 

 Eligible individuals were 21-35 years of age with no major health conditions or 

large changes in body composition during the previous six months, and had a BMI of 20-

35 kg/m
2 

(182). Participants were excluded at baseline if they had systolic blood pressure 

≥150 mmHg and/or diastolic blood pressure ≥90 mmHg or a blood glucose level >145 

mg/dl as diagnostic criteria for hypertension and diabetes, respectively (182). In 2011, 

430 participants residing in the Columbia, SC region were enrolled. After comprehensive 

baseline assessment, participants were re-examined every 6 months to assess their 

demographic and anthropometric characteristics, as well as their sleep/wake patterns via 

armband actigraphy, and to ascertain diet using three 24-hour dietary recalls (2 on 

random weekdays and one on the weekend). Each participant completed one to five 

assessments at six-month intervals over the two-year study period (2011-2013). All 

available repeated measures were used to evaluate the temporal characteristics of SJL and 

objective sleep measures. Only participants with ≥3 data time points were included in the 

RMLCA. The study was approved by the University of South Carolina Institutional 

Review Board, and all participants provided informed consent.  

Chronotype, social jetlag and other objective sleep measures 

 All objective sleep measures were derived from the data collected with a 

SenseWear
®
 Mini Armband worn by study participants over the triceps muscle of the left 

arm (184). A micro-electro-mechanical sensor in the armband recorded limb movements 

at a sampling frequency of 32 times per second averaged over 1-minute intervals. All 
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participants wore the armband for 7-10 days and kept a log of their activities during 

periods of non-wear. These activities were matched with the 2011 Compendium of 

Physical Activity (187) to fill gaps in information on energy expenditure and sleep for 

non-wear periods (185).  

 The 1-minute armband data were further summarized using SenseWear 

Professional
®
 Research Software (Version 7.0, Body Media

®
 Inc.). Demographic 

information (i.e. age, sex, height, weight and smoking status) was used with proprietary 

algorithms to calculate objective sleep measures. The armband yields several average 

night-time sleep measures: sleep onset and wake-up times, TST, SOL, SE and WASO 

(185). The sleep onset time was defined as the first of three minutes asleep that coincided 

with ≥10 minutes lying down (185). Wake-up time was defined as the first of 90 

consecutive minutes awake following sleep onset (185). TST was defined the sum of all 

minutes asleep from initiation of the sleep period until wake-up time (185). SE was 

calculated as a proportion of the total sleep time to the length of the night sleep bout. 

WASO was calculated as the sum of wake periods of at least two minutes duration 

between sleep onset and the final wake time (185). All measures were averaged across 

each data collection period using a minimum of 3 weekdays and one weekend day. 

 Chronotype was defined as the time of mid-sleep on work days corrected for 

“make-up sleep” on free days (12). SJL was defined as a difference between unadjusted 

midpoints of sleep on a weekend and on a week day (12) and modeled as two continuous 

variables: actual and absolute. It was assumed that free days occurred only on weekends, 

and rest/activity logs were examined to identify and exclude individuals who did not 

conform to this pattern (10). Individuals were also excluded from statistical analyses if 
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their armband data had any of the following characteristics: missing bed- or wake-time, 

<4 days of data in a given assessment period, missing sleep data on the weekend, extreme 

or implausible TST values (<4 hours either on weekdays, free days, or on average, TST 

>11 hours on work days or on average), and when mid-sleep on free days occurred in the 

afternoon (12). Participants also were excluded if they regularly used sleep promoting 

medications (≥3 times per week over the counter or prescription), worked night shifts, or 

traveled across meridians during periods of armband use (12, 230).  

Covariates  

 Estimates of total daily physical activity time were obtained from armband data. 

Information for the periods of non-wear was supplemented with values for matching 

activity from the 2011 Compendium of Physical Activity (184). Total daily hours of 

physical activity were defined as any activity of at least 5 metabolic equivalents. Time 

napping was obtained from armband data. Dietary information was collected using three 

24-hour dietary recalls conducted by phone; two on randomly selected weekdays and one 

on a weekend. The Nutrient Data System for Research (version 2012: Nutrition 

Coordinating Center, University of Minnesota, Minneapolis, Minnesota) was used to 

estimate nutrient and individual food intakes from the dietary recalls. Forty three food 

parameters and nutrients were further used to calculate a dietary inflammatory index (e-

DII) that expresses an inflammatory potential of individual's diet (81). Lower DII scores 

are anti-inflammatory while the higher scores are more proinflammatory, and the 

maximum theoretical range is −8.87 to 7.98. To account for individual differences in 

energy intake, the DII scores were calculated per 1,000 kilocalories (4,184 KJ) (e-DII) as 

previously described (185).  
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Statistical analyses 

 All statistical analyses were performed using SAS 9.4 (Cary, NC). Stability of 

SJL, absolute SJL, and objective sleep measures (TST, SOL, WASO, SE) over time were 

analyzed using generalized linear mixed models for repeated measures for which we 

estimated an unstructured covariance matrix. Time was treated as a main exposure 

variable (categorical) in crude and adjusted statistical models. The following covariates 

were considered: sex (male, female), race (European American [EA], African American 

[AA], Other [Hispanic, Asian, Native American or mixed race]), education (high school 

graduate/GED some college vs. college ≥ 4 y.), income (<$20,000, 20,000 to <40,000, 

40,000 to <60,000, 60,000 to <80,000, ≥80,000), employment (student/other, employed 

and self employed), marital status (married, single), having children (yes/no), physical 

activity (h), caffeine intake (g/d), e-DII, napping (yes/no), and season (winter 

[November-January], spring [February-April], summer [May-July], autumn [August-

October]), and current dieting (yes/no). To select potential covariates, bivariate 

relationships with objective sleep measures were summarized, and variables with p-value 

<0.2 were selected for inclusion in full statistical models. Manual backwards elimination 

was used to identify covariates for inclusion in the final model that changed the effect 

estimate of the main exposure variable by ±10%. Variables that were statistically 

significant (p≤0.05) were included in the final model. Each sleep characteristic was 

modeled separately as a continuous variable. These analyses included 390 participants 

with valid repeated measures data available (1431 observations). Least squares means of 

continuous sleep variables, SJL or chronotype at different time points were compared 

using the F-tests in PROC GLIMMIX. 
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 RMLCA was estimated using PROC TRAJ in SAS to identify latent groups for 

each continuous variable (absolute SJL, chronotype, TST, SOL, SE, WASO) (202, 203). 

This analysis assumes a mixture model to define the trajectories of unique subgroups 

within a population that don't change their group membership over time (204, 205). The 

best fitting crude model was selected using Bayesian Information Criterion (205). The 

final selection of the number of latent groups was based on the best model fit and 

minimum group sizes containing ≥10% of the study population. Analyses for chronotype, 

TST and SE were adjusted for race (EA vs. AA or Other) and sex, which were assumed 

not to change over time. WASO was adjusted for race only. Absolute SJL and SOL were 

not adjusted for race or sex because latent groups were not influenced by these variables. 

Since the group trajectories for each measure were linear, potential covariates that change 

over time were not examined. Only participants with at least three assessments during the 

study period were included into these analyses (n=312). Finally, generalized linear mixed 

models  was estimated to identify demographic and other characteristics that differed 

among the latent classes for absolute SJL and each of the sleep outcomes. 

 

Results 

 The final analytical dataset consisted of 390 participants (with a total of 1,431 

repeated observations). A majority of the participants had at least three (26%), four 

(15%), or five (39%) assessments, whereas 11% of participants had one and 10% had two 

assessments. The average age at baseline was 28±4 years and the sex distribution was 

approximately equal (51% women, Table 4.1). Most participants were EA (68%) and had 

at least 4 years of college education (84%). College students comprised 45% of 
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participants (19% undergraduate, 81% graduate), and another 55% were employed. A 

majority of participants' annual incomes were below $60,000 (71%). Thirty two percent 

were married, and 14% had children (Table 4.1). 

 At baseline, ~50% of participants had ≤1 hour of SJL and another 33% had more 

than 1 but less than 2 hours, and 17% had ≥2 hours of SJL. At baseline, SJL was 

moderately correlated with chronotype (Spearman r=0.42, p<0.001). Adjusted mean SJL 

values at 12 and 24 months exceeded the baseline average by 6 or 12 minutes, 

respectively; although the overall linear trend for SJL over two years was not statistically 

significant (Table 4.2). A 12 min increase was observed for absolute SJL (p=0.01, data 

not shown). TST, SOL, WASO and SE remained stable during the study period, although 

a minor difference in mean TST value was observed at 12 months relative to 6 months 

(Table 4.2). 

 Results from the RMLCA indicated that absolute SJL had 2 latent groups with 

low (mean±SE, 0.4±0.04 h, 42%) and high (1.4±0.03 h, 58%) values (Figure 1). Minor 

changes in absolute SJL were observed over time, although neither trajectory departed 

statistically from linearity. If the RMLCA sample was analyzed using the methods that 

generated results for Table 4.2, absolute SJL remained stable over the study period 

(p=0.1, data not shown). Three latent groups were apparent for chronotype: early 

(3.0±0.9 h, 33%), intermediate (4.4±0.9 h, 52%) and late (6.0±1.3 h, 14%). By the end of 

the study, a 23 minute phase advance was observed in the late chronotype group, 

although no changes were observed in the other two groups. TST had three latent groups 

with relatively short (5.6±1.0 h, 21%), intermediate (6.5±1.0, 44%) and long (7.3±1.0 h, 

36%) durations, all with temporally stable linear trajectories. SOL was generally low in 
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this population (<30 minutes for 98% of observations, median: 13 min); two latent 

groups were identified: low (9.7±1.0 min, 73%) and high (18.3±1.0 min, 27%). Two 

latent groups were observed for WASO: low (42.1±18.6 min, 77%) and high (90.4±31.0 

min, 23%), and for SE: low (74.6±1.0%, 27%) and high SE (85.3±1.0%, 73%). Latent 

groups for SJL and each sleep parameter all had linear trajectories that remained stable 

over time (Figure 1). 

 In bivariate analyses, those in high SJL group were employed and had later 

chronotypes relative to the low SJL group (Table 4.3). Participants in the short TST 

group were younger, male, of AA or Other race, had lower incomes, were married, 

consumed less caffeine, and tended to have a more proinflammatory diet (i.e., higher e-

DII scores) compared with those in the intermediate TST group (Table 4.3). Those in the 

long TST group tended to be female, EA, have higher incomes and no children relative to 

those with an intermediate TST (Table 4.3). The SOL latent groups differed only by 

employment status; students had a higher SOL relative to those who were employed 

(Table 4.4). The two WASO groups differed only by race (Table 4.4); a higher proportion 

of those with elevated WASO values were of AA or Other race. Among those with low 

SE, a higher proportion was male, AA or Other race, had lower incomes and consumed 

less caffeine (Table 4.4). Overall, participants with poor sleep (e.g., high SOL, high 

WASO, short TST, or low SE) tended to have an evening chronotype. 

 

Discussion 

 To our knowledge, this is the first study that used actigraphy measures to 

prospectively describe SJL along with chronotype, TST, SOL, WASO and SE in a non-
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clinical population of young adults. The prevalence of SJL in the current study was 

comparable with previous studies of SJL among adults (≥1 hour: 63-69%, ≥2 h: 26-33%) 

(12, 49). A majority of participants (58%) was in a latent class with SJL exceeding one 

hour (mean: 1.4 h at baseline) that increased slightly during the two-year study period 

(mean: 1.5 h at 24 months). SJL tended to remain stable during the study, whereas by the 

end of the two-year follow-up, chronotype shifted to an average of 23 minutes earlier. 

Because the heritability of chronotype may be up to 50% (9), one might not expect such a 

change within a two year span. However, the phase advance observed in the present study 

is consistent with results from a large cross-sectional study, which suggested that 

chronotype gradually becomes earlier after age 20 (88). In a series of large internet 

surveys, SJL gradually decreased over time between the ages 20 and 35 years and was 

higher among males than females (6, 12). However, it is unclear whether this represents 

age-related changes, some form of adaptation, or random variation, or unaccounted 

cohort effects. Temporal patterns of SJL within individuals have not been reported 

previously. In the present study, SJL was more common among those with an evening 

chronotype, and was higher among those who were employed compared to students or 

those not in the work force. These observations agree with the concept that SJL results 

from misalignment between an individual's social and biological timing (6). These 

findings also are consistent with previous observations that young adults with later 

chronotypes had greater SJL (12, 49, 58). SJL may be associated with increased risk of 

depression, metabolic syndrome, obesity and cardiovascular disease (12, 37, 49, 58, 92, 

107, 228) (12, 37, 49, 58, 92, 107, 228). Thus, understanding the temporal dynamics of 
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SJL and factors that contribute to increased SJL risk is important for development of 

disease preventive strategies targeting SJL and the disruption of sleep/wake timing. 

To our knowledge, this also is the first longitudinal study to examine objective 

sleep measures among young adults (21-35 years old) over an extended time period. Poor 

sleep, defined as a low TST or SE, and elevated SOL or WASO, persisted during the 

two-year follow-up; 21% of study participants had a short TST (mean: 5.6 h), 32% had 

elevated WASO (mean: 90 min), 27% had low SE (mean: 75%), and in 27% of 

participants, SOL was elevated (mean: 19 min). The mean values for sleep parameters in 

the above groups are consistent with cut-off values for TST, SOL, WASO, and SE that 

have been used to define disrupted sleep or insomnia in prior studies: <6 h for TST (231-

234), ≥12 min for SOL (185, 191), ≥50 min for WASO (185), and <78% (233) or <85% 

for SE (185). RMLCA was used in this study to define temporal trajectories of 

chronotype and SJL using objective measures of sleep and sleep/wake timing (34, 38, 

235). The characteristics of poor sleep in the latent groups identified by RMLCA were 

generally consistent with categorizations used previously. For example, mean TST values 

among latent groups coincided with categories used to define short (≤6 h), intermediate 

(6-7 h), or long sleep (≥7 h) (61, 65, 231). The mean values for low and high SOL among 

latent groups in this study (11 and 19 min, respectively) allowed for segregation based on 

some previously suggested cut-off points (12 min and 15 min) (191, 236), but were lower 

than the 30-minute value that has been used previously to characterize insomnia (115, 

237). Mean values in the low- and high- latent groups for WASO (means: 42 and 91 min, 

respectively) were both above the previously described cut-point of 30 min for insomnia 

(115, 237). Finally, the mean values among latent groups of SE (low mean: 75%; high 
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mean: 85%) identifies two groups that are above and below the previously used cut-point 

for insomnia of 80% (115, 237); however, they were both below the suggested cut-point 

from another study (92%) (191). 

Some limitations in this study are noteworthy. Information on work schedules was 

not available for all participants, thus it was assumed that participants worked on 

weekdays and had free days on weekends. Approximately 45% of participants were 

students (81% at a graduate level), who typically attend classes and work part-time 

during the day. A few students may have had evening jobs, although it is unlikely they 

regularly worked night shifts due to the potential interference with their education. 

Another potential limitation is that no information was available on alarm clock use on 

free days. To minimize these potential impacts, participants with extreme or implausible 

TST values were excluded from the analyses, consistent with prior studies (12, 37). In 

addition, the generalizability of these results is limited to healthy adults ages 21-35, half 

of whom were college students and had a relatively low income < $40,000.  

A major strength of this study is the use of objective measurements to 

characterize SJL, chronotype, and sleep, which avoids issues related to self-report of 

sleep or sleep/wake timing. Armband actigraphy is a valid, non-invasive method for 

obtaining ‘real-life’ sleep/wake measurements that are compatible with the "gold 

standard" method of polysomnography (184). Armband data were collected minute-by-

minute over several days, and information for non-wear periods was obtained using logs 

completed by participants. Thus, measurement error was expected to be lower than self 

report information. Participants did not have any major acute or chronic health conditions 

that could potentially affect objective sleep measures, and those who regularly used 
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sleep-promoting medications  were excluded. Therefore, confounding by somatic 

conditions or sleep disorders was unlikely to bias the results. 

Studies using multiple cross-sectional analyses suggest that sleep tends to 

deteriorate with age (total sleep time and SE decrease, WASO and SOL increase) (88, 

238). In middle-aged and elderly adults, prospective studies using repeated actigraphic 

measures of sleep reported that sleep characteristics remained generally stable within a 1 

to 2.5-year time frame, although insomnia subtypes changed over time (66, 67, 225, 226). 

Prospective studies among college students that used questionnaires to assess sleep 

produced conflicting results with respect to the temporal stability of sleep duration and 

the number of nocturnal awakenings during a one-semester time frame (126, 127). 

Among undergraduate college students, sleep duration decreased and the number of 

awakenings increased as the semester progressed (126). However, in another study, sleep 

duration and quality increased during a 15-week spring semester (127). In a cohort of 591 

young adults surveyed for over 20 years, 35% of those with incident one-month insomnia 

still had it at the next interview and the cumulative prevalence of one-month insomnia 

was 20% (220). Forty percent of those with incident insomnia subsequently developed 

chronic insomnia, and 17-50% of those with insomnia had a subsequent major depressive 

episode (220). Results of these studies suggest that sleep disruption tends to be persistent, 

although some inconsistencies have been observed in both younger and older age groups. 

Whether the observations in the present study correspond to more chronic sleep 

disruption that extends beyond two years remains to be determined. Given the persistent 

character of insomnia and other sleep disorders in terms of their reported association with 

chronic diseases such as depression (37, 220, 239), obesity (213, 240, 241), diabetes (62, 
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120), hypertension (63, 118, 242), CVD (65) and cancer (28), the identification of 

susceptible subgroups of young adults with persistent sleep disruption may provide a 

health benefit to those individuals in terms of chronic disease prevention. The 

demographic characteristics identified in this study that may contribute to persistent sleep 

disruption include: male sex, being a student, non-White race, low income, and evening 

chronotype. 

In summary, this study adds to knowledge concerning the temporal patterns of 

SJL, chronotype, and actigraphic sleep among healthy young adults. Absolute SJL, TST 

and objectively measured insomnia symptoms remained stable over a two-year span. The 

findings may contribute to the development of prevention strategies targeting sleep 

hygiene among young adults to prevent the chronic disease development.
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Table 4.1 Demographic characteristics of the Energy Balance Study sample at baseline
 
after 

basic exclusions 

 

Variable All Participants 

(n=390) 

Women 

(n=198) 

Men 

(n=192) 

Age (yrs) 27.6±3.8 27.7±3.7 27.4±3.9 

Race, n (%)    

   European American 264 (68) 131 (66) 133 (70) 

   African American   47 (12)   31 (16)   16  (8) 

   Hispanic/Latino   11  (3)    7   (3)    4   (2) 

   Asian   42 (11)   15   (8)   27 (14) 

   Native American   12  (3)    8   (4)    4   (2) 

   Other   14  (3)    6   (3)    8   (4) 

Education, n (%)    

   HS Graduate/GED 

   Some College 

  62 (16)   18  (9)   44 (23) 

   College (4+ years) 328 (84) 180 (91) 148 (77) 

Income ($), n (%)    

   < 20,000   65 (17)   34 (17)   31 (16) 

   20,000 to < 40,000 137 (35)   76 (39)   61 (32) 

   40,000 to < 60,000   74 (19)   37 (19)   37 (19) 

   60,000 to < 80,000   50 (13)   23 (12)   27 (14) 

   ≥ 80,000   62 (16)   26 (13)   36 (19) 

Employment, n (%)    

   Employed and self 

employed 

214 (55) 113 (57) 101 (53) 

   Student/Other
1
 176 (45)   85 (43)   91 (47) 

Marital status, n (%)    

   Married
2
 178 (46)   90 (45)   88 (46) 

   Single
3 

212 (54) 108 (55) 104 (54) 

Children, age    

   <18 years, n (%)    

   0 336 (86) 173 (88) 163 (85) 

   1   29  (7)   13  (7)   16  (8) 

   ≥ 2   24  (7)   11  (5)   13  (7) 
1 
Out of work (<1 year), homemaker, unable to work (n=4, 1 %). 

2 
Includes members of unmarried couples (n=55, 14 %).  

3 
Includes divorced and separated (n=7, 1.7 %). 
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Table 4.2 Stability of Objective Sleep Measures Over Time (n=390, 1,431 observations) 
 

Sleep measure 

Follow-up Time (Months)  

F-test, 

p-value 
Baseline  

(n=390) 

6  

(n=341) 

12  

(n=317)  

18  

(n=206) 

24  

(n=177) 

Mean±SE Mean±SE Mean±SE Mean±SE Mean±SE 

Social Jet Lag (h)       

     Crude 1.2±0.04 1.1±0.04 1.1±0.05 1.2±0.06 1.2±0.06 0.78 

     Adjusted
1 

0.9±0.05 0.9±0.05 1.0±0.05*   1.0±0.1  1.1±0.1* 0.09 

Chronotype (h)       

     Crude 4.4±0.1 4.2±0.1* 4.1±0.1* 4.1±0.1* 4.0±0.1* <0.01 

     Adjusted
2 

4.4±0.1 4.2±0.1* 4.1±0.1* 4.0±0.1* 4.0±0.1* <0.01 

Total Sleep Time (h)       

     Crude 6.6±0.04 6.6±0.04* 6.5±0.04* 6.6±0.05 6.6±0.05 0.10 

     Adjusted
3 

6.4±0.10 6.5±0.10*
 

 6.3±0.10* 6.4±0.1 6.4±0.10 0.40 

Sleep Onset Latency (min)       

     Crude 12.9±0.3 13.0±0.3 12.9±0.3 13.8±0.4 12.6±0.4 0.15 

     Adjusted
4 

12.9±0.3 12.8±0.4 12.7±0.4 13.6±0.4 12.4±0.5 0.16 

Wake After Sleep Onset (min)
 

      

     Crude 53.8±1.5 54.2±1.6 53.3±1.6 54.0±1.8 51.9±1.9  0.75 

    Adjusted
5 

61.3±2.2 61.6±2.3 60.7±2.3 61.4±2.4 59.3±2.5 0.77 

Sleep Efficiency (%)       

     Crude 82.3±0.3 82.4±0.3 82.4±0.4  82.1±0.4 82.6±0.4 0.76 

     Adjusted
6 

81.2±0.4  81.3±0.4 80.3±0.4 82.0±0.5  81.5±0.5 0.77 

Abbreviations: 95%CI - 95% Confidence Interval. Participants with any valid time points (1-5) were included. 
1 
Adjusted for

 
time, chronotype, race, employment status, and current dieting. 

2 
Adjusted for age and sex.  

3
Adjusted for 

 
time, chronotype, gender, race, having children (yes/no), caffeine intake (g/d), napping (yes/no), 

physical activity (MET-hours, continuous) and season. 
4
Adjusted for time, season, income, caffeine, nap, physical 

activity (MET-hours, continuous). 
5 
Adjusted for race. 

6 
Adjusted for race, sex, income, energy-adjusted Dietary 

Inflammatory Index (continuous), and physical activity (MET-hours, continuous).* p<0.05. For absolute SJL time 

points 12 and 24 months differed from baseline. For Chronotype, every time point was different from the baseline. 

For TST, time points 6 and 12 m were different from each other. 
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Table 4.3 Characteristics of Latent Groups within Social Jetlag, Chronotype, and Total Sleep Time 

 (n=312; 1,297 observations) 

 

Variable 

Social Jet Lag (h)  Total Sleep Time (min)  

p Low High p Short Intermed. Long 

Mean±SE Mean±SE Mean±SE Mean±SE Mean±SE 

0.8±0.6
 

1.4±0.8
 

5.6±0.04
 

6.5±0.02
 

7.3±0.03
 

 % %  % % %  

Sex
 

       

   Male 55 48 
0.20 

71* 54  35* 
<0.01    Female 45 52 29* 46  65* 

Race
 

       

   European American 64 68  27* 71 82  

   African American 12 10 0.50 30*  9  2 <0.01 

   Other
1 

24 22  43* 20 16  

Employment        

   Student/Other
2 

52 41 
0.05 

50 46 43 
0.70 

   Employed
 

48 59 50 54 57 

Income ($)
 

       

   < 20,000 19 16  24* 16  16*  

   20,000 to < 40,000 36 38  43* 38  30*  

   40,000 to < 60,000 19 19 0.80 23* 21  16* 0.02 

   60,000 to < 80,000 13 14  4* 16  16*  

   ≥ 80,000 13 13  6*  9  22*  

Marital status
 

       

   Married
3 

46 46 
0.96 

70* 50 50 
0.02 

   Single
4 

54 54 30* 50 50 

Children
 

       

   Yes 17 11 
0.10 

13 18  8* 
0.10 

   No 83 89 87 82 92* 

 Mean±SE Mean±SE  Mean±SE Mean±SE Mean±SE  

Chronotype (h) 3.8±0.1 4.3±0.05 0.01   4.6±0.1* 4.1±0.1 3.9±0.05 <0.01 

Age (yrs) 27.8±0.2 27.6±0.1 0.30 27.0±0.2* 28.0±0.2 27.7±0.2 <0.01 

Physical activity (h)     2.2±0.1     2.2±0.1 1.00  2.3±0.2 2.3±1.0   2.0±0.1*  0.04 

Caffeine (g/d) 109.0±8.6 117.4±6.8 0.50 79.3±11.7* 120.2±7.9 126.5±8.8 <0.01 

e-DII    0.4±0.2    0.6±0.1 0.40 1.1±0.2* 0.4±0.1     0.3±0.2   0.01 

Abbreviations: SE - standard error, e-DII - energy-adjusted Dietary Inflammatory Index; p - p-value F-test. 
1 
Hispanic/Latino, Asian, Native American, mixed race. 

2
 Out of work (<1 year), homemaker, unable to 

work. 
3 
Includes members of unmarried couples. 

4 
Includes divorced and separated. *p<0.05, reference 

group Intermediate Chronotype. 
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Table 4.4 Characteristics of latent groups within sleep variables (n=312, N=1,297 observations) 

 

Variable 

Sleep Onset Latency 

p 

Wake After Sleep Onset 

p 

Sleep Efficiency 

p 
Low High Low  High High Low 

Mean±SE Mean±SE Mean±SE Mean±SE Mean±SE Mean±SE 

10.8±0.2 19.2±0.3 42.1±0.9 90.7±1.7 85.4±0.1 74.8±0.3 

 % %  % %  % %  

Sex
 

         

   Male 49 54 
0.50 

51 50 
0.99 

47 60 0.04 

   Female 51 46 49 50 53 40 

Race
 

         

   European American 68 61 

0.50 

75 36 

<0.01 

76 40 

<0.01    African American 11 11  7 24   7 20 

   Other
1 

21 28 18 40 17 40 

Employment          

   Student/other
2 

41 58 
0.01 

43 54 
0.10 

43 51 
0.20 

   Employed
 

59 42 57 46 57 49 

Income ($)
 

         

   < 20,000 8 17 

0.20 

16 26 

 

0.10 

16 20 

0.04 

   20,000 to < 40,000 33 46 34 45 32 48 

   40,000 to < 60,000 22 12 19 19 21 15 

   60,000 to < 80,000 14 13 16  5 14 11 

   ≥ 80,000 13 12 15  5 16 6 

Marital status
 

         

   Married
3 

47 42 
0.30 

47 41 
0.40 

48 40 
0.20 

   Single
4 

53 58 53 59 52 60 

Children
 

         

   Yes 12 18 
0.30 

14 12 
0.60 

14 11 
0.40    No 88 82 86 88 86 89 

 Mean±SE Mean±SE  Mean±SE Mean±SE  Mean±SE Mean±SE  

Chronotype (h)    4.0±0.04     4.3±0.01 <0.01     4.0±0.04   4.4±0.1 0.01   4.0±0.1   4.4±0.1 <0.01 

Age 27.6±0.1 27.8±0.2 0.40 27.7±3.6 27.6±4.2 0.30
 

27.9±0.1 27.1±0.2 <0.01 
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Physical activity (h)   2.3±0.1    2.0±0.1 0.10   2.2±0.1   2.1±0.1 0.60   2.2±0.1   2.1±0.1 0.60 

Caffeine (g/d) 114.3±3.8 114.2±6.4 0.80 119.9±6.1 94.6±11.2 0.05 124.2±6.2    87.2±10.1 0.01 

e-DII      0.5±0.1     0.5±0.2 0.90    0.4±0.1 0.6±0.2 0.40     0.4±0.1 0.6±0.2 0.40 

Abbreviations: WASO stands for Wake After Sleep Onset, SE - Standard Error, e-DII - energy-adjusted Dietary Inflammatory Index,  
p - p-value F-test.

  

1 
Hispaic/Latino, Asian, Native American, mixed race. 

2
 Out of work (<1 year), homemaker, unable to work. 

3 
Includes members of unmarried couples. 

4 
Includes divorced and separated 
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Figure 4.1. Latent group trajectories for Social Jetlag, Chronotype and Objective Sleep 

Measures at five time points (baseline, 6 m, 12 m, 18 m, and 24 m) obtained with RMLCA 

analyses (n=312, 1,297 obs.). Only participants with ≥3 time points were included. 
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CHAPTER 5 

Relationships between Social Jetlag, Chronotype and Objective Sleep 

Characteristics with Anthropometric Indices of Obesity and High Blood Pressure
1

                                                           
1
 McMahon, D.M., Burch, J., Wirth, M.D., Youngstedt, S.D., Hardin, J.W., Hurley, T.G., 

Blair, S.N., Hand, G.A., Shook, R.P., Drenowatz, C., Hebert, J.R. To be submitted to 

Chronobiology International. 
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ABSTRACT 

Background: Chronotype, social jetlag and poor sleep have been associated with 

increased risk of chronic diseases such as obesity, metabolic syndrome, cardiovascular 

disease and cancer. Yet, the relationships between these factors have not been extensively 

investigated in prospective studies.  

Methods: Social jetlag [SJL] and objective sleep measures (total sleep time [TST], sleep 

onset latency [SOL], wake after sleep onset [WASO] and sleep efficiency [SE]) were 

derived from physical activity personal (armband) monitoring data among 390 healthy 

men and women 21-35 years of age. Participants wore the armband for 7-10 days at 6-

month intervals (1,431 repeated measurements). Generalized linear mixed models with 

repeated measures (PROC GLIMMIX) were used to analyze relationships between 

chronotype, absolute SJL, TST, SOL, WASO, SE and anthropometric measures: body 

mass index [BMI], percent body fat [%BF], waist-to-hip ratio [WHR], waist-to-height 

ratio [WHtR], systolic blood pressure [SBP] and diastolic blood pressure [DBP]. The 

relationships between sleep disruption or SJL and indicators of obesity and high blood 

pressure were evaluated for potential effect modification by chronotype. 

Results: Sleep latency ≥12 min was associated with 1.4 times increased odds of high 

WHtR (odds ratio [OR]=1.4; 95% confidence interval [95%CI]: 1.03-1.84). The odds of 

high WHtR decreased 0.97 times (95%CI:0.95-0.99) per 1% increase in SE. SJL was 

correlated with eveningness (Spearman ρ=0.49, p<0.001), and evening chronotypes had 

shorter TST, lower SE and higher WASO compared to those with intermediate 

chronotypes. Chronotype and absolute SJL were not associated with anthropometric 

measures. However, chronotype modified relationships between objective sleep measures 
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and anthropometric measures. Morning chronotypes with short TST (<6 h), low SE 

(<85%) and large WASO (≥60 min) had increased odds of high %BF, WHR and WHtR, 

whereas morning chronotypes with longer sleep latencies (≥12 min) had increased odds 

of high SBP. Among evening chronotypes, shorter sleep (<6 hours) was associated with 

increased odds of high SBP. 

Conclusions: Chronotype and sleep disturbances may work in combination to increase 

an individual's risk of obesity or elevated blood pressure. 

 

Introduction 

 In 2013-2014, almost 38% of adults in the United States were obese (243). 

Obesity is associated with many serious complications such as metabolic syndrome, type 

2 diabetes mellitus, arterial hypertension, cardiovascular disease, and cancer (244), some 

of which develop already in a childhood (183). One modifiable risk factor for obesity is 

sleep (213, 245). Poor sleep has been associated with has been associated with increased 

risk of major chronic diseases such as cardiovascular disease and hypertension (65, 118), 

obesity (213), diabetes (120, 214), and cancer (28, 47). 

 Sleep timing is related to individual circadian preference and is more efficient 

when it occurs during preferred times (246). Most physiological and behavioral processes 

in humans follow ~24-hour internally generated cycles that are synchronized (or 

entrained) by environmental stimuli, the most important of which is light (1, 2). Due to 

inherent differences in sleep/wake timing, people tend to be categorized into morning 

("larks"), neutral, or evening ("owls") chronotypes (3, 4). For example, people with a 

morning chronotype go to bed between 10 p.m. and midnight, on average, while evening 
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chronotypes retire between 1 and 3 a.m on their free days. Individuals with evening 

chronotypes tend to accumulate sleep debt during the week, for which they try to 

compensate with a longer sleep during the weekend. Morning chronotypes, on the 

contrary, tend to develop sleep debt during the weekend (6). Modern life in industrialized 

countries imposes on individuals multiple work-related and social demands that can come 

into conflict with the individual's chronotype. This discrepancy (misalignment) between 

biological preference and social clock is called "social jetlag" (SJL) (6). SJL is calculated 

as the difference between mid-sleep time on free and work days (6). For instance, if on a 

work day, a person sleeps from 1 a.m. to 7 a.m. and on free days from 1 a.m. to 9 a.m., 

his SJL is 1 hour. In experimental studies, circadian misalignment has been implicated in 

disruption of important physiological processes (92). Social jetlag starts in teenage years 

and continues throughout working years until retirement and, thus, may affect millions of 

people in industrialized countries (12). In some reports, SJL has been associated with 

increased anthropometric indices of obesity, metabolic syndrome, markers of systemic 

inflammation and mood disorders (12, 37, 49, 58); however, its relationships with other 

factors, such as sleep disruption and chronotype, that also predispose to chronic disease 

have not been thoroughly examined.  

 In several studies, individuals with evening chronotype were more likely to be 

overweight or obese than those with morning or intermediate chronotypes (33, 53-55); 

however, not all studies confirmed this association (12, 57). In one study, morning 

chronotype was associated with increased risk of weight gain (12). Chronotype 

moderately correlates with social jetlag, especially on work days, and people with 

evening chronotypes tend to have more social jetlag (6, 12, 37, 49, 58, 236). Chronotype, 
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in combination with social schedule, can elicit an increase in social jetlag (6, 12). Thus, it 

is reasonable to hypothesize that social jetlag may mediate the relationship between 

chronotype and obesity. A study that tested this hypothesis produced conflicting results 

(56), and most other studies inferred that chronotype, SJL and sleep duration confound 

each other's associations with anthropometric indexes of obesity and metabolic syndrome 

(12, 58). 

 Sleep duration is generally independent from chronotype (88); however, circadian 

misalignment, a discrepancy between preferred and actual sleep/wake times, is associated 

with sleep loss (6, 88). Shortened, fragmented or inefficient sleep is associated with 

increased risk of weight gain and obesity in young adults (54, 213, 232, 234, 236, 240, 

247). Poor sleep is prevalent in young adults and tends to be persistent (116, 234, 236, 

240, 248, 249). For instance, a recent study showed that in 53% of young adults 19-23 

years old, sleep problems persisted over 3 years (249). Our previous research also 

demonstrated that SJL and poor sleep (low TST, high SOL, high WASO and low SE) 

derived from armband actigraphy in young adults 21-35 years old remained stable within 

two year period (submitted). Findings that sleep disruption is associated with chronic 

diseases warrants further investigation into the interplay between sleep quality, quantity 

and timing.  

 The objective of this study was to prospectively examine relationships between 

SJL, objective sleep measures (TST, SOL, WASO and SE) and anthropometric measures 

of obesity and high blood pressure (BMI, %BF, WHR, WHtR, SBP, and DBP) among 

young adults 21-35 years old using a serial cross-sectional study design. This age group 

is at risk for developing metabolic disturbances that predispose to increased risk for 
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chronic disease later in life (183, 229). During the last decade, prevalence of obesity in 

this age group in the United States remained high (30%) (183), a known risk factor for 

morbidity and premature mortality (250). Adults in this age range also may experience 

SJL and have persistent poor sleep (116, 234, 236, 240, 248, 249). We hypothesized that 

young adults with SJL or poor sleep were more likely to be obese, have elevated blood 

pressure, mood disturbances or elevated stress relative to those without SJL and good 

sleep, and that such impacts may be modified by chronotype. 

 

Methods 

Study population 

 Eligible individuals were 21-35 years of age, with BMI of 20-35 kg/m
2 

, and no 

major health conditions or large changes in body composition during previous six months 

(182). In 2011, 430 healthy men and women 21-35 years of age residing in the Columbia, 

SC region were enrolled. Those who met diagnostic criteria for hypertension and 

diabetes: systolic blood pressure ≥150 mmHg and/or diastolic blood pressure ≥90 mmHg 

or a blood glucose level >145 mg/dl, were excluded (182). In 2011, 430 participants 

residing in the Columbia, SC region were enrolled. After comprehensive baseline 

assessment, participants were re-examined every 6 months for: socio-demographic and 

anthropometric characteristics, sleep/wake patterns via armband actigraphy, and diet. 

During the two-year study period, each participant completed one to five assessments at 

six-month intervals. The study was approved by the Institutional Review Board at the 

University of South Carolina, and all study participants provided informed consent.  
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Chronotype, Social Jetlag and Sleep measures 

 Objective sleep measures were derived from the data collected using a 

SenseWear
®
 Mini Armband which participants wore over the triceps muscle of the left 

arm (184). A micro-electro-mechanical sensor in the armband detects and measures limb 

movements at a frequency of 32 times per second and data are averaged at 1 minute 

intervals. The armband data by minute were analyzed using SenseWear Professional
®
 

Research Software (Version 7.0, Body Media
®
 Inc.). Demographic information (i.e. age, 

sex, height, weight and smoking status) was used to customize proprietary algorithms for 

calculations of objective sleep measures. The participants wore the armband for 7-10 

days and kept a log of their activities during periods of non-wear. These activities were 

matched with the 2011 Compendium of Physical Activity (187) to fill gaps in 

information on energy expenditure and sleep for non-wear periods (185).  

 The armband data yields several night-time sleep measures: sleep onset and wake-

up times, TST, SOL, WASO and SE (185). The sleep onset time was determined by the 

first out of three minutes asleep that coincided with ≥ 10 minutes lying down (185). 

Morning wake-up time was defined by the first out of 90 consecutive minutes awake 

(185). TST is the sum of all minutes asleep from initiation of the sleep period until wake-

up  (185). Sleep efficiency was calculated as a proportion of the total sleep time to the 

length of the night sleep bout. WASO was calculated as the sum of wake periods of at 

least two minutes long between sleep onset and the final wake time (185). All sleep 

measures were averaged for each semiannual data collection period for a minimum of 3 

weekdays and one weekend day. 
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 Chronotype was measured as the time of mid-sleep on free days corrected for 

“make-up sleep” on free days (12). Information on work schedule was not collected in 

this study; it was assumed that free days occurred only on weekends. The sleep logs were 

examined to find and exclude individuals whose schedules deviated from this pattern 

(10). Social jetlag (SJL) was calculated as a difference between midpoints of sleep on a 

weekend and on a week day (unadjusted) (12). The absolute value of SJL was used for all 

analyses and, referred to as SJL throughout this paper. 

 Individuals were excluded from statistical analyses if their armband data had the 

following deficiencies: missing bed time or wake time, <4 days of actigraphy in any 

given assessment period, missing sleep data on the weekend, extreme or implausible TST 

values (<4 hours either on week days, free days, or on average, TST >11 hours on work 

days or on average), and when mid-sleep on free days occurred in the afternoon (12). In 

addition, participants were excluded from all analyses if they regularly used (≥3 times per 

week) sleep promoting medications (over the counter or prescription), worked night 

shifts, or traveled across meridians during periods of armband wear (12, 230).  

 

Anthropometric Outcomes 

 Height and weight were measured using traditional stadiometer and electronic 

scales with a precision of 0.1 cm and 0.1 kg, respectively (182). The average of three 

measurements was used to establish BMI (weight (kg)/height (m
2
). Waist and hip 

circumferences were measured with a calibrated, spring-loaded tape measure. The waist 

circumference was measured at mid-point between costal margin and iliac crest on the 

axillary line on both sides of the trunk and 2 cm above the umbilicus (182). Hip 
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circumference was measured at the level of the greater trochanter, at the widest point. 

The average of three measurements rounded to 0.1 cm was recorded. Body composition 

was measured using dual x-ray absorptiometry full body Lunar fan-beam scanner (GE 

Healthcare model 8743, Waukesha, WI). 

 

Covariates  

 Total daily physical activity time was obtained from armband data. Information 

for the periods of non-wear was supplemented with values for matching activity from the 

2011 Compendium of Physical Activity (184). Total daily hours of physical activity were 

defined as any activity of at least 5 metabolic equivalents. Dietary information was 

collected using three 24-hour dietary recalls conducted by phone; two on randomly 

selected week days and one on a weekend. To estimate energy, nutrient and individual 

food intakes from these recalls was used the Nutrient Data System for Research (version 

2012: Nutrition Coordinating Center, University of Minnesota, Minneapolis, Minnesota). 

Forty three food parameters and nutrients were further used to calculate a dietary 

inflammatory index (DII) that expresses an inflammatory potential of individual's diet 

(81). Lower DII scores are anti-inflammatory while the higher scores are more 

proinflammatory, and the maximum theoretical range is −8.87 to 7.98. To account for 

individual differences in energy intake, the DII scores were calculated per 1,000 

kilocalories (4184 KJ) (e-DII) (185).  

 

Statistical Analyses 

 All statistical analyses were performed using SAS 9.4® (Cary, NC). Continuous 

actigraphy variables were categorized using previously established cut-points: TST (<6, 
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6-<7, ≥7 h) (61, 65), SOL (≥12 vs. <12 min) (191), WASO (≥60 vs. <60 min) (119, 188), 

and SE (<85 vs. ≥85%) (119, 185). Relationships between SJL, chronotype, objective 

sleep measures (TST, SOL, WASO, SE) and anthropometric measures were analyzed 

using generalized linear mixed models for repeated measures for which we estimated an 

unstructured covariance matrix. Odds ratios (OR) and 95% confidence intervals (95%CI) 

were used to evaluate the relationship between disrupted sleep, individual chronotype, or 

SJL and measures of obesity, body composition, or blood pressure. BMI was categorized 

into 2 groups: underweight/normal weight (<25) and overweight/obesity (≥25 B kg/m
2
). 

Sex-specific cut-off points were used to categorize BF% and WHR. Obesity was defined 

as BF% ≥25% in men and ≥30% in women (98). WHR was dichotomized: <0.95 vs. 

≥0.95 in men and <0.80 vs. ≥0.80 in women (200). Waist-to-height ratio was 

dichotomized as <0.5 vs. ≥0.5 (103). Potential covariates included: age, sex (male, 

female), race (European American [EA], African American [AA], Other [Hispanic, 

Asian, Native American and mixed race]), education (high school graduate/GED some 

college vs. college ≥ 4 y.), income (<$20,000, 20,000 to <40,000, 40,000 to <60,000, 

60,000 to <80,000, ≥80,000), employment (student/other vs. employed/self-employed), 

marital status (married, single), having children (yes/no), physical activity (MET-hours), 

caffeine intake (g/d), e-DII (≤-1.18, -1.19-≤0.72, 0.73-≤2.10, >2.10), napping (yes/no), 

and season (winter [November-January], spring [February-April], summer [May-July], 

autumn [August-October]). The assessment time (one to five at 6-month intervals) was 

treated as a categorical variable and included in crude and adjusted statistical models. To 

select potential covariates, bivariate relationships between each sleep measure and the 

anthropometric outcomes were summarized, and variables with p-value <0.2 were 
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selected for inclusion in multivariable statistical models. Manual backwards elimination 

was used to identify covariates that changed an estimate of the main exposure by ±10%. 

The final model included only confounders detected with 10% rule, or if they were 

statistically significant (p≤0.05). Only observations with complete data were included. 

 Repeated Measures Latent Class Analysis (RMLCA) was estimated using PROC 

TRAJ in SAS® to identify latent groups for chronotype (morning, intermediate, and 

evening) over time (202, 203). This analysis assumes a mixture model to define the 

trajectories of unique subgroups within a population that don't change their group 

membership over time (204, 205). Assignment to a latent group was based on the highest 

posterior probability. The best fitting model was selected using Bayesian Information 

Criterion (BIC) (205) and a priori minimum group sizes ≥10% of the study population. 

RMLCA were adjusted for race (EA vs. AA/Other) and sex, which were assumed not to 

change over time. Because the group trajectories for all three latent chronotype groups 

were linear, other potential covariates that change over time were not used to adjust 

group trajectories. Participants with complete armband data for any available time point 

were included in these analyses (n=390, 1,431 observations). Generalized linear mixed 

models were estimated to compare means of SJL, chronotype and each continuous sleep 

measure between chronotypes using the F-tests in PROC GLIMMIX. The intermediate 

chronotype was a referent group.  

 Because chronotype may have several possible roles in how it influences 

anthropometric outcomes, it was analyzed in several different ways. Chronotype was 

used as either a continuous or a categorical (RMLCA) independent variable; in the latter 

analysis, the intermediate chronotype was used as the referent. When examining 
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relationships between SJL or sleep measures and the anthropometric outcomes, 

chronotype (continuous) was considered as a potential confounder along with other 

covariates. The potential role of chronotype as effect modifier was tested using two 

approaches. In the first approach, an interaction term between chronotype and a main 

independent variable was added to the multivariable statistical model and assessed using 

the Wald test. The continuous or categorical version of chronotype that was used for the 

interaction term was chosen to match the form of the other independent variable. The 

second approach used stratification of the relationship between absolute SJL, sleep 

measures and anthropometric outcomes by latent chronotype group. 

 

Results 

 The final analytical dataset consisted of 390 participants (with a total of 1,431 

repeated observations). A majority of the participants had at least three (79%), four 

(15%) or five (39%) repeated assessments, whereas 10% of participants had two, and 

11% had only one assessment. The average age at baseline was 28±4 years, and the sex 

distribution was approximately equal (51% women) (Table 4.1). Most participants were 

EA (68%) and had at least 4 years of college (84%). Fifty five percent of participants 

were employed, and 45% were college students (19% undergraduate, 81% graduate). A 

majority of participants (71%) had an annual income below $60,000. Thirty two percent 

of participants were currently married, and 14% had children (Table 4.1). With regard to 

anthropometric characteristics, 45% of participants were overweight (BMI 25-24.9 

kg/m
2
, 31%) or obese (BMI≥30, 14%). Among males, 37% had %BF ≥25% and 3% had 

high WHR (≥0.95). Among females, 71% had %BF ≥30% and 15% had high WHR 
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(≥0.80). Twenty two percent of participants of both sexes had high WHtR (≥0.5). 

Systolic blood pressure was elevated (≥120 mmHg) among 59% of participants, 

including those who met a criterion for hypertension (≥140 mmHg, 11%). Only 23% had 

elevated DBP (≥80 mmHg), including those with hypertension (≥90 mmHg, 4%). 

 Chronotype was not associated with any of the anthropometric measures when 

analyzed as a continuous variable (Table 5.1). The RMLCA identified three latent 

chronotype groups: morning (mean±SE: 3.0±0.04 h, 32.5% of participants), intermediate 

(4.4±0.03 h, 53%) and evening (6.1±0.1 h, 14.5%). Chronotype defined by latent group 

membership was not associated with any anthropometric measures (Table 5.1). At 

baseline, chronotype was moderately correlated with SJL (Spearman ρ=0.42, p<0.001). 

Compared to participants with an intermediate chronotype (1.2±0.03 h), morning types 

had significantly less SJL (0.9±0.04, p<0.001), whereas those with evening chronotypes 

had significantly more of SJL (1.5±0.1 h, p<0.001) (Table 5.2). The evening types also 

had significantly shorter TST, lower SE and larger WASO relative to intermediate types 

(Table 5.2).  

 Approximately 50% of participants at baseline had more than one hour of SJL (>1 

hour and <2 hours: 33%; ≥2 hours: 17%). SJL was not associated with any of the 

anthropometric measures either before or after stratification by chronotype group (Table 

5.3).  

 Among the sleep measures, SOL, SE, and TST were associated with 

anthropometric measures. Sleep latency ≥12 min (Ref. <12 min) was associated with an 

increased odds of elevated WHtR (OR: 1.4, 95%CI: 1.03-1.84, Table 5.4). The odds of 

high WHtR decreased 0.97 times (95%CI:0.95-0.99) per 1% increase in SE (Table 5.4). 
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The odds of elevated SBP decreased 0.8 times (95%CI: 0.66-0.97) per 1 hour increase in 

TST; although it was not confirmed in adjusted analysis (Table 5.4). Chronotype 

continuous) was not included into the final models due to the negative tests for 

confounding (10% rule). 

 Stratification by latent chronotype group indicated that morning types who also 

had short TST (<6 h), elevated WASO (≥60 min) or low SE (<85%) were more likely to 

have increased %BF, WHR and WHtR (Table 5.5). Participants with sleep latency ≥12 

min who also had a morning chronotype were 1.9 times more likely to have elevated SBP 

(95%CI: 1.15-3.16, pinteraction=0.02, Table 5.5). Among the late chronotypes, the odds of 

high SBP were 2.6 times greater among those who also had short TST (<6 h, 95%CI: 

1.08-6.40, pinteraction=0.74, Table 5.5). Elevated WASO (≥60 min) was associated with an 

increased odds of high DBP only among those with an intermediate chronotype (OR: 1.7, 

95%CI: 1.05-2.71, pinteraction=0.10, Table 5.5). Results obtained when the data were 

analyzed using sleep measures as continuous variables were generally consistent with 

those obtained using categorical sleep variables. For example, among morning types, the 

odds of an elevated WHR or WHtR decreased with each 1% increase in SE (OR=0.91; 

95%CI: 0.85-0.98, pinteraction=0.004 and OR=0.95; 95%CI: 0.91-0.98, pinteraction=0.14, 

Table 3). Measures of chronotype, SJL or sleep were not associated with BMI. 

 

Discussion 

 To the author’s knowledge, this is the first study to use repeated actigraphy 

measures to examine relationships between chronotype, SJL, and objective sleep 

measures to characterize longitudinal associations with anthropometric indices of obesity 
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or hypertension. This study revealed that among healthy adults ages 20-35 years, 

disrupted sleep was associated with %BF and WHtR, whereas SJL and chronotype had 

no direct association with the anthropometric outcomes. These observations are 

consistent with previous studies that found an association between sleep disruption and 

risk of weight gain or obesity in young adults (213, 231, 232, 234, 236, 240, 241). In the 

current study, measures of body composition and abdominal adiposity (%BF, WHR, 

WHtR) tended to be most strongly associated with sleep measures, whereas the results for 

BMI and sleep measures did not indicate an association. In this study, those with larger 

SOL were predisposed to elevated WHtR, whereas increases in SE and sleep duration 

were protective. Short TST was associated with increased WHR, although only among 

morning types. Others have reported that short sleep duration was associated with 

increased waist circumference among women, although the participants' chronotypes 

were not evaluated (233, 241). Disrupted sleep in the current study, defined as short TST, 

high SOL, high WASO, or low SE, was not associated with BMI, whereas relationships 

with indices of %BF, WHR and WHtR were observed. The reasons for these 

discrepancies are uncertain but may be due to minor differences in the accuracy of the 

indicator. For example, BMI likely underestimates obesity among those with BMI <30 

kg/m
2 

(251), or overestimates among college athletes (252) relative to percent body fat. 

Most studies found that evening types were more likely to be obese compared to morning 

types (33, 51, 53-55). However, one large cross-sectional study reported that morning 

circadian preference was associated with increased BMI (12). In the present study, the 

lack of association between chronotype and BMI is in agreement with findings reported 

in another study (58). 
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 Although chronotype had no direct associations with outcomes in the present 

study, relationships between sleep disturbances and the anthropometric measures were 

modified by chronotype. Morning types with disrupted sleep, characterized as either short 

TST, elevated WASO, or low SE, had increased odds of increased %BF, WHR and 

WHtR. This finding is relatively novel since most previous studies investigated the 

effects of chronotype or sleep on obesity independently (33, 51, 53-55, 213, 231-234, 

236, 240, 241). Some studies adjusted for the effects of chronotype and sleep duration 

while examining the relationship between absolute SJL and BMI, percent fat mass, waist 

circumference, and obesity (12, 58). Increase in SJL or morningness, or decrease in sleep 

duration were independently associated with increased odds of being overweight or obese 

while adjusted for the other two variables (12). In the same study, among people with 

normal weight, chronotype and sleep duration were associated with BMI while SJL was 

not. Among overweight or obese people, SJL and decrease in sleep duration were 

associated with increase in BMI, and chronotype was not a significant predictor. In 

another study, SJL was associated with increase in BMI, fat mass, waist circumference 

and obesity while chronotype and sleep duration in the same statistical model were not 

associated with those measures (58). It is not clear why measures of disrupted sleep were 

associated with increases in anthropometric indexes of obesity predominantly among 

morning types. It suggests that a morning circadian preference increases vulnerability to 

the detrimental effects of sleep disturbance, and that the effect is linked to physiological 

processes controlling fat deposition. In another study, morning chronotypes had higher 

baseline and postprandial total cholesterol, lower low density lipoprotein and a higher 

adiponectin compared to intermediate or evening chronotypes (46). In the same study, 
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participants with morning chronotypes had higher baseline glucose levels and the greatest 

increases in postprandial blood glucose levels compared to other chronotypes (46). 

Others have observed that morning chronotypes had a higher cortisol awakening response 

relative to evening types (48, 253) and a stronger homeostatic response to sleep 

fragmentation than evening types (254). Morningness has been associated with decreased 

quality of sleep, problems maintaining sleep, and early awakenings relative to 

eveningness (45), which may be related to the tendency towards shift work intolerance 

that has been observed in this group (13, 14). 

In the current study, an interaction between sleep disturbances and chronotype 

also was observed in relation to arterial hypertension. Among evening chronotypes, those 

with TST <6 hours were 2.6 times more likely to have elevated SBP compared to those 

who slept 6 to less than 7 hours. In another study that examined blood pressure, there was 

no statistically significant interaction between sleep duration and chronotype; although 

TST ≤ 6 hours and evening chronotype were independently associated with increased risk 

of arterial hypertension (46). Evening chronotypes tend to have shorter sleep duration on 

work days relative to other chronotypes (88, 255). Poor sleep also is common among 

evening types (255, 256), consistent with results from the present study (236). Short or 

fragmented sleep may initiate a neuroendocrine stress response, leading to increased 

activity of the sympathoadrenal and hypothalamo-pituitary axis, which in turn can 

increase heart rate, blood pressure, increase evening cortisol, impair glucose metabolism,  

and lead to abdominal adiposity (257-259).  

 Absolute SJL was not associated with any of the anthropometric indices of 

obesity in this study. In prior cross-sectional studies, SJL was associated with increased 
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BMI, fat mass, and waist circumference (12, 58, 228). In one study, SJL predicted 

increases in BMI only among those who were already overweight or obese (12). It is not 

clear why results from the present study were inconsistent with those of others. This 

present study used quantitative actigraphic armband data to characterize SJL, whereas 

others typically used self-report information to ascertain sleep/wake timing. The current 

study had fewer individuals with elevated absolute SJL relative to other studies (>1h 51% 

vs. 63-69%, ≥2h 16% vs. 26-30%, respectively) where the majority of participants were 

Caucasians in the age range 15-65 y. (12, 49, 58). Other studies asserted that SJL, 

chronotype, and sleep duration confound relationships of one another with obesity 

measures (12, 58, 228). It is plausible that the relationships between these variables are 

more complex. For instance, it has been proposed that SJL may mediate rather than 

confound the relationship between chronotype and anthropometric measures (49, 56). If 

this is the case, adjustment for mediator may introduce bias. Since in this study, neither 

chronotype nor SJL were associated with anthropometric outcomes, it was not possible to 

conduct a mediation analyses to test this hypothesis. Participants of this study did not 

have any major acute or chronic health conditions that could potentially affect sleep, and 

those who regularly used sleep promoting medications, both over the counter and 

prescription, were excluded. Therefore, confounding by somatic conditions or sleep 

disorders was unlikely to bias the results. Alternatively, the study population was 

relatively young and healthy, thus they may have been more resilient to the potential 

effects of sleep disturbances or changes in sleep/wake timing on measures of total and 

central obesity and blood pressure. 
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 This study also has a few noteworthy limitations. Since work schedules were not 

available for all participants, it was assumed that they only worked on weekdays and 

were free on weekends. Approximately 45% of study participants were graduate students 

who typically attend classes and work part-time during the day. Regular night work may 

be less likely in this population since it would potentially interfere with coursework. In 

any case, to diminish the possible influence of shift work on the study results, participants 

with extreme or implausible sleep schedules (TST values <4 hours either on week days, 

free days, or on average, or mid-sleep time in the afternoon) were excluded (12, 37, 230, 

255). Also, no information was available on alarm clock use on free days. Finally, the 

generalizability of these results is limited to healthy adults ages 21-35, half of whom 

were college students with relatively low incomes (<$40,000).  

 The main strength of this study was the use of actigraphic measurements to define 

SJL, chronotype, and sleep disruption, which avoids issues inherent to self-report data. 

Armband actigraphy is a convenient, non-invasive and relatively inexpensive method for 

quantifying sleep that is comparable with the "gold standard" method of 

polysomnography (184). The armbands provided minute-by-minute measurements over 

several days, and information for non-wear periods was obtained by inspecting the data 

and using logs completed by participants. Other study strengths included: the use of a 

repeated measures design to increase statistical power, the use of gender-specific cut-

points for obesity measures, which decreases potential misclassification of outcomes (98, 

99, 103, 200), and a statistical modeling strategy that accounted for possible temporal 

changes and correlated data within individuals. The RMLCA was used to categorize 

participants into latent chronotype groups based on individual trajectories over time. This 
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‘data-driven’ approach provided clear contrasts among those with different chronotypes 

and served as a robust method for defining chronotype groups (3, 37, 235). The 

prevalence of early (32.5%), intermediate (53%) and late (14.5%) chronotype groups 

using RMLCA in this study was comparable with chronotype distributions in the same 

age range (23-35 y.) from larger cross-sectional surveys (255, 256). 

 In summary, this study found that disrupted sleep (SOL, SE, TST) had a modest 

association with central obesity and high SBP, whereas crude associations between short 

TST and SBP were not statistically significant after adjustment for confounding. A 

somewhat unexpected finding was that neither chronotype nor SJL were independently 

associated with the anthropometric outcomes measured. However, chronotype tended to 

modify the relationship between disrupted sleep and the anthropometric measures. Those 

with poor sleep and a morning chronotype were more likely to have excess body fat and 

central obesity. Evening chronotypes who slept <6 hours had increased odds of elevated 

SBP. The complex relationships between sleep, chronotype, SJL and anthropometric 

indices of obesity and hypertension deserve careful examination in the future studies. 
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Table 5.1 Relationships between Chronotype and Anthropometric Characteristics 

 

Anthropometric 

characteristic 

Model Chronotype (continuous) Chronotype group (ref. Intermediate) 

OR (95% CI)
 

p-value Early 

OR (95% CI)
 

Late 

OR (95% CI) 

p-value 

Body Mass Index (kg/m
2
) Crude 0.91 (0.79-1.06) 0.24 1.56 (0.81-2.98) 0.95 (0.39-2.28) 0.36 

 Adjusted
1 

0.86 (0.76-1.03) 0.12  1.49 (0.80-2.78)
3
    1.22 (0.50-2.97)

3 
0.45 

 
      

Percent body fat
 

Crude 1.01 (0.86-1.17) 0.94 0.67 (0.35-1.30) 0.45 (0.18-1.12) 0.17 

 Adjusted
1 

1.11 (0.94-1.31) 0.22  0.77 (0.40-1.50)
4 

 1.41 (0.54-3.69)
4 

0.48 
 

      

Waist-to-hip ratio Crude 0.83 (0.68-1.01) 0.07 1.24 (0.64-2.44) 0.58 (0.20-1.66) 0.38 

 Adjusted
2 

0.86 (0.69-1.07) 0.17  1.18 (0.56-2.48)
5 

 1.66 (0.46-6.06)
5 

0.71 

       

Waist-to-height ratio
 

Crude 0.96 (0.82-1.13) 0.64 1.30 (0.67-2.52) 0.70 (0.30-1.98) 0.55 

 Adjusted
2 

0.98 (0.83-1.17) 0.86  1.38 (0.70-2.73)
2 

 1.36 (0.50-3.72)
2 

0.60 

       

Systolic BP (mmHg) Crude 1.00 (0.90-1.11) 0.90 1.21 (0.81-1.81) 1.81 (1.04-3.13) 0.10 

 Adjusted
1 

0.96 (0.87-1.07) 0.47  1.16 (0.79-1.72)
1 

 1.10 (0.63-1.90)
1 

0.74 

       

Diastolic BP (mmHg)
 

Crude 1.07 (0.96-1.20) 0.22  0.95 (0.62-1.44)
1 

 1.83 (1.06-3.16)
1 

0.06 

       Adjusted
1 

1.04 (0.93-1.16) 0.49 0.89 (0.59-1.34) 1.19 (0.68-2.07) 0.61 

Abbreviations: BP - blood pressure, OR - odds ratio, 95%CI - 95% confidence interval. 

Cutoff points for anthropometric characteristics: Body Mass Index (≥25 vs. <25 kg/m
2
), percent body fat (males ≥25 vs. <25 %, 

females ≥30 vs. <30 %), waist-to-hip ratio (males ≥0.95 vs. <0.95, females ≥0.8 vs. <0.8), waist-to-height ratio (≥0.5 vs. <0.5), 

systolic BP (≥120 vs. <120 mmHg), diastolic BP (≥ 80 vs.<80 mmHg). 
1 

Adjusted for time, sex, physical activity (MET-hours, continuous).
 2 

Adjusted for time, age, sex, physical activity (MET-hours, 

continuous).
 3 

Adjusted for time, sex, physical activity (MET-hours, continuous) and income.
4 

Adjusted for time, sex, race and 

physical activity (MET-hours, continuous).
5 

Adjusted for time, age, sex, race, physical activity (MET-hours, continuous) and 

employment status.
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Table 5.2 Objective Sleep Characteristics by Latent Chronotype Group (n=390, 1,431 

observations) 

 

Variable  Early  

32.5% 

Mean±SE 

Intermediate 

53% 

Mean±SE 

Late  

14.5% 

Mean±SE 

F-test,  

p-value 

Chronotype (h)      3.0±0.04* 4.4±0.03    6.1±0.1* <0.01 

Total Sleep Time (h)
1 

 6.4±0.1 6.4±0.1    6.1±0.1*   0.01 

Total Sleep Time on 

work days (h)
2
 

 6.3±0.1 6.3±0.1    6.1±0.1*   0.06 

Sleep latency (min)
2 

 11.1±0.04 11.6±0.03 10.6±0.1   0.35 

Sleep efficiency (%)
3 

81.4±0.5 81.3±0.5  78.8±0.8*   0.01 

WASO (min)
4
 58.5±2.4 58.4±2.0  66.1±3.4*   0.11 

Absolute SJL (h)
5 

     0.9±0.04*    1.2±0.03    1.5±0.1* <0.01 

Abbreviations: WASO - Wake After Sleep Onset, SJL - Social Jetlag, 95%CI - 95% confidence 

interval. Partial F-test in GLIMMIX with repeated measures and unstructured covariance matrix.  

*p<0.05 (Reference group - Intermediate chronotype). 
1 
Adjusted for time, sex, race, having children, employment status, physical activity and caffeine 

intake. 
2 
Adjusted for time, sex, race, employment status, physical activity (MET-hours, 

continuous). 
3 
Adjusted for

 
time, sex, race, employment status and caffeine intake. 

4 
Adjusted for 

time, sex and having children. 
5 
Adjusted for time and employment status. 
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Table 5.3 Relationships between Absolute Social Jetlag (continuous) and 

Anthropometric Characteristics 

 

Anthropometric 

characteristic 

Chronotype 

group 

OR (95% CI) F-test p 

 interaction 

Body Mass Index
1
 (kg/m

2
) All 0.93 (0.73-1.16) 0.71 

0.82 
 Early 0.96 (0.61-1.51) 0.85 

 Intermediate 0.98 (0.72-1.34) 0.90 

 Late 0.98 (0.57-1.69) 0.95 

Percent body fat
1 

All 0.90 (0.70-1.15) 0.41 

0.91 
 Early 0.82 (0.51-1.32) 0.41 

 Intermediate 0.96 (0.67-1.36) 0.81 
 

Late 0.77 (0.40-1.50) 0.44 

Waist-to-hip ratio
1 

All 0.81 (0.59-1.12) 0.20 

0.29 
 Early 0.78 (0.43-1.42) 0.41 

 Intermediate 0.73 (0.46-1.14) 0.17 

 Late 1.58 (0.64-3.90) 0.31 

Waist-to-height ratio
2 

All 1.00 (0.77-1.29) 0.98 

0.89 
 Early 1.04 (0.57-1.91) 0.90 

 Intermediate 1.01 (0.71-1.43) 0.96 

 Late 0.99 (0.53-1.85) 0.98 

Systolic BP
1
 (mmHg) All 1.12 (0.95-1.31) 0.19 

0.37 
 Early 0.92 (0.67-1.25) 0.59 

 Intermediate 1.31 (1.03-1.67) 0.03 

 Late 0.99 (0.69-1.42) 0.95 

Diastolic BP
1
 (mmHg)

 
All 1.02 (0.86-1.21) 0.83 

0.38 
 Early 0.89 (0.62-1.27) 0.51 

 Intermediate 1.04 (0.81-1.33) 0.78 

 Late 1.08 (0.74-1.57) 0.69 

Abbreviations: BP - blood pressure, OR - odds ratio, 95%CI - 95% confidence interval 

Cutoff points for anthropometric characteristics: Body Mass Index (≥25 vs. <25 kg/m
2
), 

percent body fat (males ≥25 vs. <25 %, females ≥30 vs. <30 %), waist-to-hip ratio (males 

≥0.95 vs. <0.95, females ≥0.8 vs. <0.8), waist-to-height ratio (≥0.5 vs. <0.5), systolic BP 

(≥120 vs. <120 mmHg), diastolic BP (≥80 vs. <80 mmHg). 
1 
Adjusted for

 
time, sex and physical activity (MET-hours, continuous).

 2 
Adjusted for time, 

age, sex and  physical activity (MET-hours, continuous). 
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Table 5.4. Relationships between Sleep Measures and Anthropometric Measures 

 

Anthropometric 

characteristic 

Model Total Sleep Time (ref. 6-<7 h) Sleep Efficiency  Sleep Latency Wake After 

Sleep Onset 

OR (95%CI) OR (95%CI) OR (95%CI) OR (95%CI) OR (95%CI) 

  <6 h ≥7 h <85 vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

 Crude 1.28 (0.77-2.10) 1.01 (0.65-1.57) 1.03 (0.68-1.54) 1.06 (0.72-1.55) 1.04 (0.67-1.60) 

Body Mass Index (kg/m
2
) Adjusted  1.30 (0.77-2.19)

1 
0.87 (0.55-1.37)

1 
 0.96 (0.64-1.48)

1 
 0.99 (0.67-1.45)

2 
 0.97 (0.63-1.51)

1 

 
 continuous continuous continuous continuous 

 
Crude 0.88 (0.67-1.14) 1.00 (0.97-1.03) 1.01 (0.98-1.05) 1.00 (0.99-1.01) 

 
Adjusted 0.81 (0.62-1.06)

1 
1.01 (0.97-1.04)

1 
1.00 (0.97-1.04)

2 
1.00 (0.99-1.01)

1 

  <6 h ≥7 h <85 vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

 Crude 0.88 (0.53-1.49) 1.02 (0.64-1.64) 0.98 (0.65-1.48) 1.41 (0.94-2.10) 1.35 (0.86-2.14) 

Percent body fat Adjusted  1.00 (0.57-1.77)
3 

 0.75 (0.45-1.24)
3 

 0.95 (0.60-1.51)
4 

 1.41 (0.91-2.16)
3
  1.31 (0.80-2.14)

3 

 
 continuous continuous continuous continuous 

 
Crude 1.07 (0.81-1.41) 0.97 (0.94-1.00) 1.04 (1.00-1.07) 1.01 (1.00-1.02) 

 
Adjusted 0.83 (0.62-1.12)

3 
1.02 (0.93-1.01)

4 
1.03 (1.00-1.07)

3 
1.01 (1.00-1.02)

3 

  <6 h ≥7 h <85 vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

 Crude 1.16 (0.62-2.18) 1.17 (0.66-2.09) 1.22 (0.72-2.08) 1.25 (0.76-2.06) 1.31 (0.76-2.24) 

Waist-to-hip ratio Adjusted  1.34 (0.68-2.63)
5 

 0.98 (0.53-1.80)
5 

 1.20 (0.68-2.12)
5 

 1.23 (0.73-2.08)
5 

 1.23 (0.69-2.18)
3 

 
 continuous continuous continuous continuous 

 
Crude 1.09 (0.79-1.52) 0.98 (0.94-1.02) 1.00 (0.96-1.04) 1.00 (1.00-1.01) 

 
Adjusted 0.93 (0.63-1.31)

5
 0.98 (0.94-1.03)

5 
0.97 (0.94-1.03)

5 
1.00 (0.99-1.01)

3 

  <6 h ≥7 h <85 vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

 Crude 1.16 (0.62-2.18) 1.17 (0.66-2.09) 1.14 (0.89-1.47) 1.29 (1.01-1.65) 1.15 (0.71-1.87) 

Waist-to-height ratio Adjusted  1.58 (0.88-2.83)
5 

 0.76 (0.45-1.30)
5 

 1.16 (0.86-1.55)
5 

 1.37 (1.03-1.84)
6 

 1.30 (0.96-1.75)
5 

 
 continuous continuous continuous continuous 

 
Crude 0.83 (0.62-1.12) 0.98 (0.06-1.00) 1.03 (1.01-1.04) 1.00 (1.00-1.01) 

 
Adjusted 0.76 (0.56-1.04)

5 
0.97 (0.95-0.99)

5 
1.02 (1.00-1.04)

6 
1.00 (1.00-1.01)

5 

  <6 h ≥7 h <85 vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

 Crude 1.36 (0.95-1.96) 0.90 (0.64-1.25) 0.98 (0.96-1.01) 1.13 (0.85-1.50) 1.32 (0.96-1.82) 

Systolic BP (mmHg) Adjusted  1.26 (0.87-1.81)
3 

 0.95 (0.68-1.33)
3 

 1.15 (0.85-1.55)
3 

 1.05 (0.79-1.40)
3 

 1.31 (0.95-1.79)
5 
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 continuous continuous continuous continuous 

 
Crude 0.80 (0.66-0.97) 0.98 (0.95-1.00) 1.02 (0.99-1.04) 1.00 (1.00-1.01) 

 
Adjusted 0.86 (0.71-1.04)

3 
0.98 (0.96-1.01)

3 
1.01 (0.98-1.03)

3 
1.00 (1.00-1.01)

5 

  <6 h ≥7 h <85 vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

Diastolic BP (mmHg) Crude 1.26 (0.85-1.86) 1.18 (0.83-1.70) 1.12 (0.81-1.54) 1.16 (0.86-1.58) 1.24 (0.89-1.73) 

 Adjusted  1.18 (0.80-1.75)
3 

 1.28 (0.89-1.84)
3 

 1.04 (0.75-1.43)
3 

 1.08 (0.79-1.46)
3 

 1.23 (0.88-1.73)
5 

  continuous continuous continuous continuous 

 Crude 0.86 (0.70-1.05) 0.97 (0.95-1.00) 1.02 (0.99-1.04) 1.00 (1.00-1.01) 

 Adjusted 0.92 (0.75-1.12)
3 

0.98 (0.96-1.01)
3 

1.01 (0.98-1.03)
3 

1.00 (1.00-1.01)
5 

Abbreviations: WASO - Wake After Sleep Onset, BP - blood pressure, OR - odds ratio, 95%CI - 95% confidence interval. 

Cutoff points for anthropometric characteristics: Body Mass Index (≥25 vs. <25 kg/m
2
), percent body fat (males ≥25 vs. <25 %, females ≥30 

vs. <30 %), waist-to-hip ratio (males ≥0.95 vs. <0.95, females ≥0.8 vs. <0.8), waist-to-height ratio (≥0.5 vs. <0.5), systolic BP (≥120 vs. 

<120 mmHg), diastolic BP (≥80 vs. <80 mmHg). 
1 
Adjusted for time, sex, income and physical activity. 

2 
Adjusted for time, sex, employment status and physical activity. 

3
Adjusted for time, 

sex, physical activity. 
4 
Adjusted for time, sex, physical activity and sleep latency.

5 
Adjusted for time, age, sex and physical activity. 

6 
Adjusted for time, age, sex, race and physical activity. 
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Table 5.5 Relationships between Sleep Measures and Anthropometrics stratified by Latent Chronotype Group 

 

Anthropometric 

characteristic 

Chronotype 

group 

Total Sleep Time (ref. 6-<7 h) Sleep Efficiency Sleep Latency WASO 

<6 h ≥7 h <85% vs. ≥85% ≥12 vs. <12 min ≥60 vs. <60 min 

  OR (95%CI) OR (95%CI) OR (95%CI) OR (95%CI) OR (95%CI) 

Body Mass Index  Early 0.98 (0.34-2.82)
1 

1.01 (0.42-2.44)
2 

1.12 (0.52-2.43)
2 

1.17 (0.55-2.51)
3 

0.88 (0.37-2.10)
1 

(kg/m
2
) Intermediate 1.63 (0.79-3.37)

1 
0.81 (0.45-1.47)

1 
0.99 (0.57-1.71)

2
 1.04 (0.62-1.75)

3 
1.26 (0.69-2.29)

1 

 Late 1.31 (0.33-5.27)
1 

1.77 (0.28-11.18)
1 

0.60 (0.17-2.11)
2 

1.26 (0.43-3.74)
3 

1.38 (0.39-4.86)
1 

pinteraction  0.99 0.69 0.97 0.32 

Percent body fat
 

Early 0.88 (0.30-2.57)
2 

0.69 (0.27-1.73)
2 

1.22 (0.53-2.84)
4 

1.73 (0.81-3.72)
2 

3.43 (1.35-8.72)
2 

 Intermediate 0.83 (0.37-1.86)
2 

0.79 (0.40-1.56)
2 

0.80 (0.43-1.50)
4 

1.33 (0.73-2.41)
2 

0.71 (0.37-1.38)
2 

 Late 1.23 (0.28-5.48)
2 

0.59 (0.09-3.79)
2 

0.68 (0.14-3.30)
4 

1.18 (0.29-4.82)
2 

1.38 (0.30-6.26)
2 

pinteraction  0.92 0.64 0.84 0.03 

Waist-to-hip 
 

Early 3.91 (1.19-12.84)
5 

1.39 (0.42-4.54)
5 

3.38 (1.07-10.69)
5 

2.13 (0.83-5.47)
2 

3.72 (1.38-10.07)
2 

ratio Intermediate 0.66 (0.25-1.78)
5 

0.82 (0.37-1.80)
5 

0.95 (0.46-1.95)
5 

1.06 (0.54-2.10)
2 

0.67 (0.30-1.51)
2 

 Late 2.01 (0.19-21.28)
5 

1.36 (0.16-11.59)
5 

0.20 (0.03-1.30)
5 

0.19 (0.03-1.20)
2 

0.42 (0.06-2.90)
2 

pinteraction  0.15 0.03 0.27 0.01 

Waist-to-height 
 

Early 1.59 (0.47-5.39)
5 

0.60 (0.21-1.72)
5 

1.89 (1.10-3.25)
5 

1.63 (0.94-2.84)
6 

2.21 (1.27-3.84)
5 

ratio Intermediate 1.76 (0.79-3.84)
5 

0.85 (0.42-1.70)
5 

0.87 (0.58-1.30)
5 

1.44 (0.96-2.18)
6 

0.81 (0.53-1.24)
5 

 Late 1.05 (0.22-5.09)
5 

1.65 (0.26-10.31)
5 

0.95 (0.39-2.32)
5 

0.87 (0.37-2.09)
6 

1.28 (0.55-2.94)
5 

pinteraction  0.74 0.05 0.13 0.007 

Systolic BP, 
 

Early 0.70 (0.36-1.38)
5 

0.65 (0.37-1.16)
5 

1.05 (0.63-1.75)
2 

1.90 (1.15-3.16)
2 

1.19 (0.67-2.09)
5 

mmHg Intermediate 1.45 (0.85-2.46)
5 

1.09 (0.68-1.75)
5 

1.24 (0.81-1.89)
2 

0.90 (0.59-1.35)
2 

1.38 (0.87-2.18)
5 

 Late 2.63 (1.08-6.40)
5 

2.31 (0.74-7.27)
5 

0.96 (0.41-2.22)
2 

0.63 (0.29-1.35)
2 

1.21 (0.55-2.66)
5 

pinteraction  0.74 0.95 0.02 0.93 

Diastolic BP, 

mmHg
 

Early 0.83 (0.38-1.81)
2 

1.51 (0.79-2.90)
2 

0.67 (0.38-1.20)
2 

0.83 (0.47-1.45)
2 

0.94 (0.50-1.78)
5 

 Intermediate 1.44 (0.81-2.54)
2 

1.46 (0.88-2.40)
2 

1.41 (0.90-2.22)
2 

1.40 (0.90-2.16)
2 

1.68 (1.05-2.71)
5 

 Late 1.15 (0.49-2.72)
2 

0.63 (0.20-2.01)
2 

0.72 (0.30-1.74)
2 

0.79 (0.36-1.73)
2 

0.73 (0.32-1.64)
5 

pinteraction  0.50 0.13 0.33 0.10 

Abbreviations: WASO - Wake After Sleep Onset, BP - blood pressure, OR - odds ratio, 95%CI - 95% confidence interval. 

pinteraction: p-value for the interaction term between a sleep variable and chronotype group in adjusted statistical model.  



 

 
 

9
7 

Cutoff points for anthropometric characteristics: Body Mass Index (≥25 vs. <25 kg/m
2
), percent body fat (males ≥25 vs. <25%, females 

≥30 vs. <30%), waist-to-hip ratio (males ≥0.95 vs. <0.95, females ≥0.8 vs. <0.8), waist-to-height ratio (≥0.5 vs. <0.5), systolic BP (≥120 

vs. <120 mmHg), diastolic BP (≥ 80 vs.<80 mmHg). 
1 
Adjusted for time, sex, income and physical activity. 

2
Adjusted for time, sex, physical activity (MET-hours, continuous). 

3 
Adjusted for 

time, sex, employment status and physical activity (MET-hours, continuous). 
4
Adjusted for time, sex, physical activity (MET-hours, 

continuous) and sleep latency. 
5
Adjusted for time, age, sex and physical activity (MET-hours, continuous).

6 
Adjusted for time, age, sex, 

race and physical activity (MET-hours, continuous). 
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CHAPTER 6 

Diet-Related Inflammatory Index and Prostate Cancer Risk in the  

California Men's Health Study
1
 

 

 

                                                           
1
 McMahon, D.M., Burch, J., Hebert, J.R., et al. To be submitted to Urology. 
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ABSTRACT 

Background: Recent studies suggest that the inflammatory potential of individuals' diets 

may be associated with increased risk of Prostate Cancer (PrCA) whose incidence and 

mortality vary by race and socioeconomic status.  

Methods: The association between energy-density Dietary Inflammatory Index (e-DII) 

and incident PrCA was examined among participants in the California Men's Health 

Study (CMHS) (N=40,161). The men were 45-69 years old at recruitment (2002-2003) 

and followed for a mean of 9.7 years (SD=3.83). 

The e-DII was calculated based on a food frequency questionnaire (FFQ) at 

baseline and categorized into quartiles with lower e-DII scores representing a more anti-

inflammatory diet. Incident PrCA cases were ascertained via linkage with the Kaiser 

Permanente Northern California Cancer Registry (KPNCCR)  and were categorized into 

three groups: high-risk intermediate-high and low-risk. Accelerated failure time models 

with log-logistic distribution were fit to model time-to-development of incident PrCA. 

Cox proportional hazards models were used to calculate hazard ratios (HR) and 95% 

confidence intervals (95% CI) of high- and intermediate- risk PrCA. In all analyses, the 

lowest quartile of e-DII was used as the referent group. 

Results: Time-to-development of incident total PrCA did not differ by quartile of e-DII, 

although there was a suggestion of a shorter time to diagnosis for those in the highest 

quartile (Acceleration Factor (AF)Q4 vs.Q1=1.07; 95%CI:0.95-1.20). In race-stratified 

analyses, the time to diagnosis was significantly shortened only among Whites (AFQ4 

vs.Q1=1.16; 95%CI:1.01-1.34). The HR for high-risk PrCA was increased by 36% in the 

third quartile of the e-DII (HRQ3 vs.Q1=1.36; 95%CI:1.04-1.76); however, there was no 
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increased risk in the fourth quartile (HRQ4 vs.Q1=0.99; 95%CI:0.74-1.32, ptrend=0.74). The 

HR for high-risk PrCA was the highest among Blacks (HRQ3 vs.Q1=3.77; 95%CI:1.29-

11.06) and Other (HRcontinuous=1.23; 95%CI:1.03-1.48). The e-DII was not associated 

with intermediate- and low-risk PrCA incidence.  

Conclusions: Pro-inflammatory diet may contribute to increased risk of high-risk PrCA, 

especially, among Blacks. 

 

Introduction 

 In the United States, prostate cancer (PrCA) is the most frequently diagnosed and 

the second most common cause of cancer death among men (72, 73). During the last 15 

years, PrCA mortality rates in the US decreased from 38.6 to 24.6 per 100,000, most 

likely due to widespread population-based screening and improved treatment. Despite 

this, the absolute number of incident PrCA is expected to increase substantially as baby-

boomers age (260). In the United States, PrCA incidence and mortality rates vary by race 

and are the highest among African Americans who tend to be diagnosed at a younger age 

and with more aggressive disease than their European-American counterparts (72, 73). 

According to age-adjusted estimates for 2013, PrCA incidence in African Americans is 

70% and mortality is 2.4 times higher than in European Americans (72, 73). PrCA 

incidence and mortality in Hispanics/Latino and Asian-Americans are lower than in 

African- and European Americans (73). 

 Few modifiable PrCA risk factors have been established. Thus, further 

characterization of PrCA risk factors is important for bolstering prevention efforts. 
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 Currently, only increasing age, African ancestry, and a family history of the PrCA 

are considered well-established PrCA risk factors (73). Evidence suggests that persistent 

inflammation within the prostate due to infections, physical trauma, urine reflux, 

hormonal changes, diabetes, dietary exposures or other environmental factors may play a 

role in development of PrCA (136, 138, 261). Increased levels of the inflammatory 

markers, C-reactive protein (CRP) in circulation and transcripts of interleukin (IL)-6 gene 

in prostate tissue, have been observed among men with PrCA compared to those with 

benign prostatic hyperplasia (262, 263). A biological pathway of innate immunity and 

inflammation has been associated with risk of advanced PrCA (264). There is evidence 

that diet may influence PrCA risk via modulation of inflammation. For instance, 

heterocyclic amines, strong dietary mutagens produced in high quantities when cooking 

meat, have been associated with prostatic inflammation in animal models, and with 

increased PrCA risk in epidemiologic studies (261, 265, 266). In contrast, 

phytochemicals contained in cruciferous vegetables (e.g., kale, cauliflower and Brussels 

sprouts) exert anti-oxidant, pro-apoptotic, anti-proliferative and anti-metastatic effects in 

PrCA cells in vitro, and in animal models (158). It has been reported that some 

racial/ethnic minorities are more likely to have diets with low fruit and vegetable 

consumption and sedentary lifestyles as compared to non-Hispanic Whites (149-151). 

Such lifestyle patterns have been associated with high levels of systemic inflammation, as 

expressed by increased levels of CRP (149-151).  

Few epidemiologic studies have investigated interrelationships between diet, 

inflammation and PrCA (82, 181, 267). Investigators at the University of South 

Carolina’s Cancer Prevention and Control Program, created the Dietary Inflammatory 
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Index (DII)
TM

, which calculates the overall inflammatory potential of an individual’s diet 

(81). The major advantage of the DII over other dietary indices is that it measures the 

inflammatory potential of the individual’s diet based on reported intakes. DII calculation 

is based on previous research that entailed reading and scoring nearly 2,000 articles 

focusing specifically on inflammation (160). Additionally, individuals’ DII scores are 

standardized against a range of actual food intakes observed in 11 different populations 

around the world, which facilitates comparability between populations (160). In previous 

studies, the DII predicted increased levels of several inflammatory biomarkers including: 

CRP (83, 177), IL-6 (169, 170, 179), tumor necrosis factor alpha (170) and homocysteine 

(169). A higher, pro-inflammatory DII has been associated with increased risk of 

colorectal (174, 180, 268-270), pancreatic (176), and esophageal (165, 271) cancer, 

asthma (179), and cardiovascular disease (272). 

To date, three investigations examined the relationship between the DII and PrCA 

risk; two case-control (82, 181) and one prospective study (267). Men in the highest 

(most pro-inflammatory) quartile of the DII had significantly higher risk of PrCA than 

those in the first quartile. 

   The current study characterized the relationship between dietary inflammation 

potential and PrCA risk in a prospective cohort study of California men of varying racial 

and ethnic composition. The hypotheses of this study was that men with higher (i.e., pro-

inflammatory) DII scores had elevated PrCA risk and a higher risk of more aggressive 

PrCA relative to those with anti-inflammatory diets. It was further hypothesized that 

these associations would be stronger among African Americans compared with other 

races. 
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Methods 

Study population 

The California Men’s Health Study (CMHS) is a large multiethnic cohort of U.S. 

male members of Kaiser Permanente (KP), a health insurance provider that covers a large 

number of residents of Northern and Southern California. In 2002-2003 the CMHS 

recruited 84,170 men 45-69 years of age; 40% of whom were from minority populations, 

including Chinese, Hispanic and African Americans. Information about the CMHS 

recruitment and data collection procedures are described in detail elsewhere (206). 

Briefly, comprehensive information on participants' demographics, health status, family 

history of PrCA, medication and supplementation use, and potential PrCA risk factors 

such as diet, physical activity and sleep were collected upon enrollment via two mailed 

questionnaires (206). All participants provided informed consent and this study was 

approved by the Institutional Review boards of Kaiser Permanente Northern California 

and the University of Southern Carolina. 

 The study population was comprised of CMHS participants (Northern California 

region only) who had active KP membership for at least one year prior to the enrollment 

into the CMHS. Individuals were excluded if they: had any cancer except non-melanoma 

skin cancer (n=1,363) at enrollment, were missing information on race/ethnicity (n=346), 

or had implausible total daily energy intake (<500 kcal or >6000 kcal, n=958). 

Participants who developed PrCA during follow-up but were missing information on 

PrCA stage (SEER) also were excluded (n=65).  
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PrCA ascertainment 

The ascertainment of incident PrCA cases was performed via linkage of CMHS 

members to the Kaiser Permanente Northern California Cancer Registry. California state 

law requires reporting of all incident cancer cases, and the KPNCCR ascertains and 

reports all cases according to the standards established by the National Cancer Institute’s 

Surveillance, Epidemiology, and End Result Program (SEER). 

 In this study, PrCA was categorized into three groups using the updated (2010) 

version of the standard PrCA staging system endorsed by the American Joint Committee 

on Cancer (AJCC)/International Union Against Cancer (UICC) (212). The high-risk 

PrCA group included men with clinically localized high-risk PrCA and advanced, very 

high-risk PrCA (≥T3a or PSA>20 ng/ml, or a Gleason score of 8-10, or those who died 

from PrCA). The clinically localized, intermediate-risk group consisted of men with T2b-

T2c, or T1-T2a and PSA10-20, or T1-T2a and a Gleason score of 7. All other men with 

PrCA were in the clinically localized, low-risk PrCA group. 

 

Dietary assessment 

Information about usual diet during the previous year was obtained at baseline 

from a self-administered semi-quantitative food frequency questionnaire (FFQ) using a 

version of the Women's Health Initiative FFQ that was modified for use in men and 

validated in several studies (207-209). The nutrient contents of an individual's diet were 

calculated using the Nutrition Data Systems for Research software (NDSR) (Nutrition 

Coordinating Center, University of Minnesota, Minneapolis, MN, USA). The FFQ 
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provided information on 27 individual food parameters needed to compute DII scores 

(carbohydrate, protein, total fat, alcohol, fiber, cholesterol, saturated fat, MUFA, PUFA, 

omega-3, omega-6, trans-fat, Niacin, Thiamin, Riboflavin, B12, B6, Iron, Magnesium, 

Zinc, Selenium, vitamin-A, vitamin-C, vitamin-D, vitamin-E, folic acid, and beta 

carotene). An individual DII score was computed for each study participant who 

completed the FFQ, as described previously (80, 81). 

Briefly, for each food parameter in the DII calculation, its "global" mean and 

standard deviation were obtained using a "world" database compiled from 11 countries 

around the world (USA, Mexico, England, Denmark, India, Australia, New Zealand, 

Bahrain, Scotland, South Korea and Japan) (82). For each participant, this global mean 

was then subtracted from the amount of consumed nutrient and divided by the global 

standard deviation, yielding a food-specific z-score. The z-scores were then converted 

into percentile scores in order to minimize the effect of the right skew characteristic of 

dietary data.  In order to center the values around zero, these values were doubled and 1 

was subtracted from each value. These centered percentile scores were multiplied by an 

inflammatory effect score previously derived for each food parameter based on an 

extensive literature review and evidence ranking of 1,943 relevant peer-reviewed 

publications (80, 81). The percentile-scores for all food parameters were summed to 

produce a DII score for each study participant which was further adjusted for energy (e-

DII). Intakes for the 27 food parameters were divided by total estimated energy intake 

and multiplied by 1,000. The same technique was applied to the world standard 

database. More negative e-DII scores are associated with anti-inflammatory potential, 

whereas more positive scores are indicative of more pro-inflammatory potential (160).  
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Confounder assessment 

Information on all potential confounders was collected at baseline via 

questionnaire and medical record review. Physical activity was assessed using questions 

adopted from the Coronary Artery Risk Development in Young Adults (CARDIA) 

Physical Activity History (210). Analysis of frequency, duration and intensity of 

recreational, household and occupational activities yielded a total physical activity 

estimate in MET-hours per week (206). The following variables were tested as potential 

confounders for inclusion in statistical models: race (White, Black, Asian, Hispanic, 

Other), age at baseline (5-year intervals for the overall PrCA risk estimates and 45-55, 

56-65, 65-70 years for subgroup analyses), body mass index (BMI) calculated from self-

reported weight in kilograms divided by square height in meters (< 25, 25-29.9, ≥30 

kg/m
2
), education (high school equivalent or less; vocational or technical school;  some 

college, associate or bachelor degree; graduate/professional school), smoking status 

(current or former smokers vs. non-smoker), income (<$40,000, $40,000-$59,000, $60-

$80,000, $80-100,000, >$100,000), regular use of non-steroidal anti inflammatory 

medicines (NSAID) (Yes/No), regular multivitamin use (Yes/No), sleep duration (≤6, 7, 

≥8 hrs), total physical activity (0-359, 360-1102, 1103-2201, > 2202 MET-min/week), 

history of diabetes of any type (Yes/No; recorded diagnosis in the Northern California 

KP Diabetes Registry), family history of PrCA in a first-degree relative (Yes/No), and 

benign prostatic hyperplasia (BPH). 

Statistical analysis 

The follow-up time was censored at: diagnosis of incident PrCA, death, gap in KP 

membership exceeding 90 days, or the end of the study (December 31, 2014), whichever 
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came first. The e-DII was categorized into quartiles based on the distribution in all 

participants in the analytic sample (Q1: -6.19 to -3.36; -3.37 to -2.03; -2.04 to -0.55; -0.56 

to 4.89). To address potential confounding, variables with >10% missing values were 

recoded using indicator variables which had missing values as a separate category. A 

manual backwards selection procedure was used to identify covariates for inclusion in 

multivariable models. Variables were retained in the final statistical models if their 

exclusion resulted in a change in the effect estimate for e-DII by ≥10%. Statistically 

significant covariates (α<0.05) also were retained in the final statistical models. The 

proportional hazards assumption was tested using graphical (Kaplan-Meyer survival 

plots) and regression approaches (cumulative Martingale residuals). Effect modification 

was tested using two approaches: Likelihood Ratio Test (LRT) for significance of the 

interaction term added to the final model, and stratification of the analysis based on 

differing levels of the effect modifier.  

 In the analysis of the relationships between e-DII and the risk of total PrCA 

(PrCA of any stage), the proportional hazards assumption for the e-DII (quartiles) was 

not met; thus, the parametric accelerated failure time model was used with a log-logistic 

distribution (273). Since the proportional odds assumption was not met, only the 

acceleration factor, with 95% confidence interval (CI) was presented. 

 Cox proportional hazards models were used to assess the relationships between 

the e-DII and either high- or intermediate-risk PrCA. The proportional hazards 

assumption was violated for sleep and age; therefore, these variables were placed in the 

STRATA statement in the PHREG procedure in SAS
®
. For linear trend tests, the median 
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of each e-DII quartile was included in statistical models as a continuous variable with 

adjustment for the same confounders that were included in the previous analyses.  

 Sensitivity analyses were conducted to explore the possible effects of missing 

data on the results. Men diagnosed with PrCA during the first 3 years of follow-up were 

excluded in order to assess the possibility of reverse causality. In separate analyses, all 

participants with missing sleep duration were excluded, and analyses were then repeated 

after removal of the sleep duration variable from the statistical models. 

 All statistical analyses were performed using SAS
®
 9.4 (Cary, North Carolina) 

with significance levels set at α=0.05. 

 

Results  

The analytical sample consisted from 40,161 men with mean follow-up of 9.7 

years (SD=3.83). From 2002-2003 until December 31, 2014, a total of 2,707 CMHS 

participants were diagnosed with incident PrCA.   

 Participants' characteristics at baseline by quartile of e-DII are presented in Table 

6.1. Men in lower quartiles of e-DII were older than those in the upper quartiles. The 

proportion of Whites slightly decreased across quartiles of e-DII, while proportion of 

Blacks and Hispanics increased. Compared to the first (anti-inflammatory) quartile of e-

DII, men in the fourth (pro-inflammatory) quartile were more obese, and had lower 

educational attainment and income. The proportion of single men increased with quartile 

of e-DII, as physical activity and sleep duration decreased. The proportion of smokers 
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and regular nonsteroidal anti-inflammatory drug (NSAID) users increased with quartiles 

of e-DII, while the proportion of regular multivitamin users decreased.  

 There was no statistically significant difference in time to development of 

incident total PrCA between quartiles of e-DII after adjustment for the effects of age, 

race, BPH, family history of PrCA, diabetes, and smoking status (Table 2). Men in the 

highest quartile of e-DII developed incident PrCA 7% faster than those in the lowest 

quartile (acceleration factor (AF)=1.07; 95%CI: 0.95-1.20). Exclusion of men who were 

diagnosed during the first 3 years of follow-up did not alter the relationship between 

quartiles of e-DII and incident PrCA (Table 2). In separate sensitivity analyses, exclusion 

of those with missing sleep duration, or adjustment for this variable, did not change the 

results (Table 6.2). Race modified the relationship between the e-DII and overall PrCA 

risk (LRT p=0.0001). In the race-stratified analyses, White men in the fourth quartile of 

e-DII had a shorter time (16%) to PrCA diagnosis (AF=1.16;95%CI:1.01-1.34). Among 

Black men in the third quartile of e-DII, the time to development of PrCA was longer 

(35%) (AR=0.65; 95%CI:0.44-0.96). 

 Compared to the first quartile of e-DII, HRs for high-risk PrCA increased by 27% 

and 36%, respectively, in the second and third quartiles (hazard ratio (HR)Q2vs.Q1=1.27; 

95%CI:0.98-1.66, and HRQ3 vs. Q1 =1.36; 95%CI: 1.04-1.76), although there was no 

association between the highest and the lowest e-DII quartiles (HR=0.99;95%CI:0.74-

1.32) (Table 6.3). Relationships between e-DII and high-risk PrCA were modified by 

race (LRT p=0.0002). In race-stratified analyses, high-risk PrCA among Blacks increased 

across e-DII quartiles and was elevated by nearly four-fold among those in the third e-DII 

quartile (HRQ3 vs. Q1=3.77; 95%CI:1.29-11.06). Among participants in the multi-
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ethnic/other category, there was a 23% increase in high-risk PrCA per unit e-DII 

(HR=1.23;95%:1.03-1.48, Table 6.3). No relationship was observed between e-DII and 

the risk of intermediate-risk PrCA (Table 6.3) or low-risk PrCA (data not shown). 

  

Discussion   

In this study, the e-DII was not significantly associated with time-to-development 

of PrCA when all cases were considered simultaneously. Estimates of the acceleration 

factor suggested that it took slightly less time (7%) for men in the most pro-inflammatory 

quartile of e-DII to develop incident PrCA compared to those in the lowest e-DII quartile, 

but the effect was not statistically significant. Assessment of potential reverse causality 

via exclusion of men who developed PrCA during the first 3 years of follow-up did not 

change the results. However, a statistically significant 16% decrease in time to total PrCA 

development was found among White men with the most pro-inflammatory diets.  When 

only high-risk PrCA was examined, there was an increased risk with increasing e-DII, 

although it was the highest in the third rather than the fourth quartile. Thus, interpretation 

of the results is complicated by an apparent lack of monotonic dose-response across 

quartiles of e-DII, and by a lack of association when using e-DII as a continuous variable. 

Furthermore, the inflammatory potential of the diet was not associated with intermediate-

risk PrCA. 

 To date, three studies have examined the relationship between DII scores and 

PrCA. Two case-control studies explored these relationships among Italian and Jamaican 

men (82, 181). In the Jamaican study, 229 incident PrCA cases and 250 PrCA-free 

controls were recruited from the same urology clinics, two large hospitals and private 
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practices between 2006 and 2007 (181). Jamaican men in the highest quartile of the DII 

had 2.4 times increased risk of total PrCA relative to men in the "healthiest" first quartile. 

Consistent with that result, a prospective study in France found that men in the highest 

quartile of the DII had PrCA risks 2.1 times higher than those with anti-inflammatory 

diets (267). Of note, the test for PrCA trend across quartiles of DII was not statistically 

significant. In a large case-control study conducted in Southern Italy, PrCA risk among 

men in the fourth DII quartile was 33% higher than in those in the first quartile (82). In 

the current study, no statistically significant differences in time to development of total 

PrCA were detected between the lowest and the highest quartiles of e-DII. However, in a 

race-stratified analyses, White men in the highest quartile of e-DII had a shorter time (by 

16%) to development of PrCA, which is closer to the risk estimates reported for the 

above-mentioned case-control study among Italian men (82). 

 The lack of statistically significant association between e-DII and total PrCA prior 

to stratification by race may be attributed to several factors. It is plausible that the 

relationship between dietary inflammation potential and PrCA risk may vary by disease 

aggressiveness and race. In the Jamaican study, more than 50% of PrCA cases were high-

grade (Gleason score ≥7), and all participants were of African descent (181, 274). In this 

study, the high-risk PrCA cases represented only 18% of the total number of cases and 

Black men represented only 6% of the study population.  In race-stratified analyses, the 

relationship between e-DII and high-risk PrCA was the strongest and statistically 

significant only among Blacks and those in the Multiethnic/Other group (this latter group 

included men of races/ethnicities other than Black or White, and could have included 

those of mixed race with some African admixture). The risk estimates for e-DII and high-
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risk PrCA among Blacks were similar in magnitude to overall PrCA risk in the Jamaican 

study (181). Also, DII scores in this study were generally lower than what we see in most 

studies examining the role of DII in health. 

 It is not clear why increased incidence of high-risk PrCA was observed in the 

third, but not in the highest (i.e., most pro-inflammatory), quartile of the e-DII. In 

ancillary analyses, change of cut-off points (e.g. tertiles or quintiles) did not meaningfully 

alter the results. In secondary analyses with DII and total energy intake as a separate 

variable, the risk of high-risk PrCA did not differ between second, third and forth 

quartiles of DII (HR=1.11;95%CI:0.76-1.63). After exclusion of cases diagnosed during 

first 3 years of follow up, the risk of high-risk PrCA was the highest in fourth quartile but 

was not statistically significant (HR=1.25;95%CI:0.81-1.91). 

 In the study among Italian men, the risk of total PrCA in the fourth quartile of e-

DII was practically the same as in the third quartile (ORQuartile4v.1 =1.33, 95% CI: 1.01-

1.76 vs. ORQuartile3v.1=1.32, 95% CI:1.03-1.69, respectively) and there was no statistically 

significant trend in the other two studies (181, 267). These observations may suggest the 

possibility of a non-linear relationship between diet and PrCA, and a possible threshold 

effect. The study among French men investigated dose-response relationships between 

the DII and prostate cancer using restricted cubic splines (267). Men with DII ≥ -1.0 had 

2.3-fold increased PrCA risk relative to those with DII < -1.0 (HR: 2.31; 95%CI: 1.35-

3.95; P =0.002) (267). Previously, increased PrCA risk among men in the Jamaican, 

Italian and French studies were observed for DII quartiles that were ≥ -1.0 (82, 181, 267). 

In this study, the incidence of high-risk PrCA was significantly increased only in the third 

quartile that included e-DII values of ≥ -1.0 (Q3: -2.0313 to ≤ -0.5517). The absence of 



 

113 
 

increased PrCA risk among those in the highest e-DII quartile also may be related to 

confounding by unknown factor, measurement error, or may suggest an overall lack of 

association. 

 Differences in dietary intakes and food parameters available for the DII 

calculations and use of the e-DII instead of the DII to calculate risk, have contributed to 

the differences in the risk estimates between this study and others published to date. For 

instance, the first and second quartiles of e-DII in this study were considerably more 

negative than those in the previous PrCA studies (82, 181, 267). The range of actual DII 

in this study was clearly larger (-6.28 to 4.69) than in other PrCA studies: Jamaican study 

(-3.14 to 2.77) and the French study (-5.0 to 5.3) (82, 181, 267). Compared to other large 

cohorts, such as National Institutes of Health–American Associations of Retired Persons 

Diet and Health Study individuals (NIH-AARP), that explored the relationships between 

the DII and a risk of colorectal cancer, quartiles in this study were more negative, 

indicating an overall healthier diet in this study population (174).  

 The strengths of this study include a robust sample size among a diverse cohort 

with prospectively collected data, extended follow-up (up to 12 years), rigorous case 

ascertainment, and ample information on potential confounders. Because the diet was 

assessed prior to the development of the outcome, differential recall was not an issue. The 

sensitivity analyses indicated that, after the exclusion of cases diagnosed during the first 3 

years of follow-up, the results did not change; thus, it is unlikely that reverse causation 

played a significant role. About forty percent of the study population was represented by 

different racial and ethnic groups (Asian, Black, Hispanic and Filipinos). The FFQ was 

modified for use among men and to include foods commonly eaten by previously 
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mentioned ethnic groups; it was also translated into Spanish and Chinese. Thus, any 

significant misclassification of the exposure is unlikely.  

 One limitation of this study is that the information about diet was assessed only at 

baseline with a single FFQ.  Thus, it is possible that temporal changes in inflammatory 

effect of diet on tumor development could not be captured. Previous research indicates 

that dietary patterns in adulthood are fairly stable over time (275-278). Moreover, 

previous large prospective studies that used diet assessment only at baseline found that 

higher DII scores were associated with statistically significant increased risks for chronic 

disease, including cancer, and increased mortality (171, 174, 175, 270). 

 Another study limitation was that the sample sizes and statistical power may have 

been limited for assessment of the relationship between the e-DII and PrCA risk among 

sub-strata of race or PrCA aggressiveness.  

 In summary, the results of this study suggest that a pro-inflammatory diet was 

associated with 16% increase in total PrCA risk among middle-age White men. The 

inflammatory potential of diet was associated with increases in high-risk PrCA incidence. 

However, the patterns of risk observed across quartiles complicate the interpretation, 

suggesting either a complex dose-response pattern (non-linear relationship with possible 

threshold effect), or a lack of association. The relationship between the inflammatory 

potential of a diet and PrCA may vary by race; Blacks and those of non-White (or mixed) 

races may be more susceptible. The relationship between dietary inflammatory potential 

and risk of advanced /aggressive disease merits further investigation, particularly among 

those of racial or ethnic minorities.
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Table 6.1 Participants' characteristics (n, %) by quartiles of Energy-Density Dietary 

Inflammatory Index at baseline, California Men's Health Study 2002-2014 

 

Characteristic Q1: -6.1940 to 

≤-3.3597 

(the 

healthiest) 

n= 10042 

Q2: -3.3597 to 

≤-2.0313 

n= 10040 

Q3: -2.0313 to 

≤-0.5517 

n= 10040 

Q4: -0.5517 to 

4.8927 

(the least 

healthy) 

n=10039 

Age at baseline     

   44-50 1649 (16.4) 1884 (18.8) 2122 (21.1) 2447 (24.4) 

   51-55 2006 (20.0) 2173 (21.6) 2236 (22.3) 2363 (24.5) 

   56-60 2223 (22.1) 2132 (21.2) 2126 (21.2) 2136 (21.3) 

   61- 65 2312 (23.1) 2050 (20.4) 1936 (19.3) 1731 (17.2) 

   66-70 1852 (18.4) 1801 (18.0) 1620 (16.1) 1362 (13.6) 

Race     

   White 6989 (69.6) 6555 (65.3) 6380 (63.6) 6212 (61.9) 

   Black 429 (4.3) 483 (4.8) 606 (6.0) 801 (8.0) 

   Asian 973 (9.7) 1128 (11.2) 923 (9.2) 852 (8.5) 

   Hispanic  793 (7.9) 973 (9.7) 1148 (11.4) 1121 (11.2) 

   Multiethnic/Other 858 (8.5) 901 (9.0) 983 (9.8) 1053 (10.5) 

Body mass index , kg/m
2
     

   Normal, < 25 3388 (33.7) 2876 (28.7) 2488 (24.8) 2191 (21.8) 

   Overweight, 25 to <30 4572 (45.5) 4694 (46.7) 4750 (47.3) 4442 (44.3) 

   Obese,  ≥30 1946 (19.4) 2329 (23.2) 2660 (26.5) 3210 (32.0) 

Education     

     High school, 

equivalent or less 

1510 (15.0) 1934 (12.3) 2349 (23.4) 2822 (28.1) 

     Vocational/tech 

school 

2451 (24.4) 2766 (27.6) 2977 (29.7) 3393 (33.8) 

     Some college, 

associate or bachelor 

degree 

2267 (22.6) 2304 (22.9) 2304 (22.9) 2019 (20.1) 

     Graduate/professional 

school 

3776 (37.6) 2996 (29.8) 2377 (23.7) 1753 (14.5) 

   Missing 38 (0.4) 40 (0.4) 33 (0.3) 52 (0.5) 

Income, $     

   <40,000 1421 (14.1) 1630 (16.2) 1850 (18.4) 2112 (21.0) 

   40-59,000 1565 (15.6) 1772 (17.7) 1864 (18.6) 2020 (20.1) 

   60-80,000 1649 (16.4) 1784 (17.8) 1861 (18.5) 1865 (18.6) 

   80-100,000 1382 (13.8) 1433 (14.3) 1352 (13.5) 1370 (13.7) 

   >100,000 3616 (36.0) 3026 (30.1) 2745 (27.3) 2296 (22.9) 

   Missing 409 (4.1) 395 (3.9) 368 (3.7) 376 (3.7) 

Marital status     

   Married/living with a 

partner 

8463 (84.3) 8322 (82.9) 8234 (82.0) 7871 (78.4) 

   Single 1539 (15.3) 1699 (16.9) 1776 (17.7) 2129 (21.2) 

   Missing 40 (0.4) 19 (0.2) 30 (0.3) 39 (0.4) 

Total physical activity, 

MET-min/week 
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   0-359 1401 (13.9) 2125 (21.2) 2744 (27.3) 3749 (37.3) 

   360-1102 2229 (22.2) 2504 (24.9) 2649 (26.4) 2635 (26.2) 

   1103-2201 2743 (27.3) 2638 (26.3) 2488 (24.8) 2144 (21.4) 

   >2202 3653 (36.4) 2753 (27.4) 2137 (21.3) 1484 (14.8) 

   Missing 16 (0.2) 20 (0.2) 22 (0.2) 27 (0.3) 

Sleep duration, hr/day     

   ≤6 2115 (21.1) 2209 (22.0) 2235 (22.3) 2271 (22.6) 

   7 2959 (29.5) 2733 (27.2) 2574 (25.6) 2278 (22.7) 

   ≥8 2284 (22.7) 2085 (20.8) 2055 (20.5) 1873 (18.7) 

   Missing 2684 (26.7) 3013 (30.0) 3176 (31.6) 3617 (36.3) 

NSAID regular
1 
use     

   No 7032 (70.0) 6851 (68.2) 6646 (66.2) 6556 (65.3) 

   Yes 1268 (12.6) 1330 (13.3) 1478 (14.7) 1607 (16.0) 

   Missing 1742 (17.4) 1859 (18.5) 1916 (19.1) 1876 (18.7) 

Multivitamin regular
1 
use     

   No 4392 (43.7) 5022 (50.0) 5430 (54.1) 6034 (60.1) 

   Yes 5650 (56.3) 5018 (50.0) 4610 (45.9) 4005 (39.9) 

Smoking status     

   Non-smoker 4626 (46.1) 4471 (44.5) 4150 (41.3) 3692 (36.8) 

   Former smoker 4666 (46.5) 4544 (45.3) 4601 (45.8) 4430 (44.1) 

   Current smoker 511 (5.1) 782 (7.8) 1061 (10.6) 1624 (16.2) 

   Missing 239 (2.4) 243 (2.4) 228 (2.3) 293 (2.9) 

Diabetes     

   No 8894 (88.6) 8805 (87.7) 8753 (87.2) 8883 (88.5) 

   Yes 1148 (11.4) 1235 (12.3) 1287 (12.8) 1156 (11.5) 

Benign prostatic 

hyperplasia 

    

   No 7459 (74.3) 7548 (75.2) 7691 (76.6) 7899 (78.7) 

   Yes 2201 (21.9) 2075 (20.7) 1897 (18.9) 1705 (17.0) 

   Missing 382 (3.8) 417 (4.2) 452 (4.5) 435 (4.3) 

Family history of prostate 

cancer
2 

    

   No 8792 (87.6) 8811 (87.8) 8737 (87.0) 8799 (87.6) 

   Yes 1250 (12.4) 1229 (12.2) 1303 (13.0) 1240 (12.4) 
1 
Use 3-4 times per week. 

2
 Father or brother had prostate cancer. 
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Table 6.2 Relationships between quartiles of Energy-Density DII and incidence of Prostate Cancer of any stage  

 

  Q1: -6.1940 to 

≤-3.3597 

 

Q2:- 3.3598 to 

 ≤-2.0313 

 

Q3: -2.0314 to  

≤-0.5517 

 

Q4: -0.5518 to 

4.8927 

 

e-DII continuous, 

AF (95%CI) 

Sleep duration is not 

included in confounder 

selection 

N with PrCA 640 621 621 522 2,404 

AF (95%CI)
1 

1.00 (Ref.) 0.98 (0.88-1.09) 0.95 (0.85-1.06) 1.05 (0.94-1.18) 1.01 (0.98-1.03) 

Sleep duration modeled as 

a dummy variable 

N with PrCA 636 609 616 514 2,375 

AF (95%CI)
2 

1.00 (Ref.) 0.998 (0.90-1.11) 0.96 (0.86-1.06) 1.07 (0.95-1.20) 1.01 (0.99-1.03) 

Men with missing sleep 

duration removed 

N with PrCA
2 

461 428 449 345 1,683 

AF (95%CI)
2
 1.00 (Ref.) 0.995 (0.90-1.11) 0.92 (0.83-1.02) 1.04 (0.93-1.16) 1.00 (0.98-1.02) 

Men diagnosed with 

prostate cancer during first 

3 y. of follow up removed 

N with PrCA
2 

456 441 483 372 1,752 

AF (95%CI)
2
 1.00 (Ref.) 0.99 (0.92-1.07) 0.92 (0.85-0.99) 1.03 (0.95-1.11) 1.00 (0.98-1.01) 

Stratified by Race  

   White N with PrCA 481 423 418 315 1,637 

AF (95%CI)
2
 1.00 (Ref.) 1.02 (0.90-1.16) 0.96 (0.84-1.09) 1.16 (1.01-1.34) 1.02 (1.00-1.05) 

   Black N with PrCA 35 44 73 74 226 

AF (95%CI)
2
 1.00 (Ref.) 0.89 (0.58-1.36) 0.65 (0.44-0.96) 0.75 (0.50-1.11) 0.95 (0.89-1.02) 

   Asian  N with PrCA 41 52 38 30 161 

AF (95%CI)
2
 1.00 (Ref.) 0.92 (0.60-1.40) 0.95 (0.60-1.51) 0.99 (0.61-1.62) 1.03 (0.94-1.14) 

   Hispanic N with PrCA 45 48 45 45 183 

AF (95%CI)
2
 1.00 (Ref.) 1.09 (0.75-1.59) 1.36 (0.93-1.99) 1.22 (0.83-1.80) 1.04 (0.97-1.13) 

   Multiethnic/Other N with PrCA 34 42 42 50 168 

AF (95%CI)
2
 1.00 (Ref.) 0.79 (0.51-1.22) 0.80 (0.52-1.23) 0.68 (0.44-1.04) 0.92 (0.85-1.00) 

Detailed legend: Accelerated failure time models with log-logistic distribution were used to estimate parameters. 

AF: acceleration factor, CI: confidence interval, PrCA: Prostate Cancer. 
1 
Adjusted for age (in 5-year intervals), race, BPH, prostate cancer family history, diabetes, and smoking status. Only significant confounders were 

kept in the model. 
2 
Adjusted for age (in 5-year intervals), race, sleep (categorical), BPH, BMI (categorical), prostate cancer family history, diabetes, and smoking 

status. Physical activity was not a significant confounder. 
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Table 6.3 Relationships between Energy-Density DII and High- and Intermediate-high risk Prostate Cancer  

 

 Q1: -6.1940 

to  

≤-3.3597 

(healthiest) 

Q2:- 3.3598 to 

≤-2.0313 

Q3: -2.0314 to  

≤-0.5517 

Q4: -0.5518 to 

≤4.8927 

(least healthy) 

p-value  

for tend  

e-DII 

continuous,  

HR (95%CI) 

High-risk prostate cancer   

N with prostate cancer 100 123 126 88  437 

Age adjusted, HR (95%CI) 1.00 (Ref.) 1.28 (0.98-1.67) 1.39 (1.07-1.80) 1.04 (0.78-1.38) 0.97 1.03 (0.98-1.08) 

HR (95%CI)
1 

1.00 (Ref.) 1.27 (0.98-1.66) 1.36 (1.04-1.76) 0.99 (0.74-1.32) 0.74 1.02 (0.96-1.07) 

Men with missing sleep duration excluded   

N with prostate cancer 78 87 99 57  321 

HR (95%CI)
1
 1.00 (Ref.) 1.19 (0.88-1.62) 1.44 (1.07-1.94) 0.91 (0.65-1.28) 0.91 1.02 (0.96-1.08) 

Cases diagnosed during first 3 years removed   

N with prostate cancer 83 94 103 67  347 

HR (95%CI)
1
 1.00 (Ref.) 1.19 (0.88-1.59) 1.35 (1.01-1.81) 0.93 (0.67-1.28) 0.99 1.02 (0.96-1.08) 

Stratified by race
1 

      

   White with prostate cancer (n) 73 86 69 46  274 

   HR (95%CI)
1
 1.00 (Ref.) 1.29 (0.95-1.76) 1.12 (0.81-1.56) 0.80 (0.55-1.16) NA 0.97 (0.91-1.04) 

   Black with prostate cancer (n) 4 11 20 15  50 

   HR (95%CI)
1
 1.00 (Ref.) 2.43 (0.77-7.64) 3.77 (1.29-11.06) 2.29 (0.76-6.94) NA 1.10 (0.95-1.28) 

   Asian with prostate cancer (n) 10 11 13 6  40 

   HR (95%CI)
1
 1.00 (Ref.) 0.97 (0.41-2.30) 1.51 (0.66-3.46) 0.81 (0.30-2.24) NA 1.03 (0.87-1.24) 

   Hispanic with prostate cancer (n) 9 9 13 11  42 

   HR (95%CI)
1
 1.00 (Ref.) 0.91 (0.36-2.28) 1.16 (0.49-2.72) 1.11 (0.46-2.70) NA 1.04 (0.88-1.23) 

  Multiethnic/Other with prostate 

cancer (n) 

4 6 9 11  30 

   HR (95%CI)
1
 1.00 (Ref.) 1.68 (0.47-5.97) 2.97 (0.94-9.34) 2.94 (0.92-9.43) NA 1.23 (1.03-1.48) 

Intermediate-risk prostate cancer   

N with prostate cancer 237 242 239 201  919 

Age adjusted, HR (95%CI) 1.00 (Ref.) 1.06 (0.88-1.26) 1.08 (0.90-1.30) 0.96 (0.79-1.16) 0.70 0.99 (0.96-1.03) 

HR (95%CI)
2
 1.00 (Ref.) 1.05 (0.88-1.26) 1.06 (0.88-1.26) 0.91 (0.76-1.10) 0.36 0.98 (0.95-1.02) 
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Men with missing sleep duration excluded   

N with prostate cancer 172 168 185 131  656 

HR (95%CI)
2
 1.00 (Ref.) 1.05 (0.85-1.30) 1.20 (0.98-1.48) 0.93 (0.74-1.17) 0.84 1.00 (0.96-1.04) 

Cases diagnosed during first 3 years removed   

N with prostate cancer 180 174 195 144  693 

HR (95%CI)
2
 1.00 (Ref.) 1.01 (0.82-1.24) 1.15 (0.94-1.41) 0.89 (0.71-1.11) 0.53 0.99 (0.95-1.03) 

Detailed legend: Cox proportional hazards models were used to calculate parameters. 
1
Adjusted for race and BPH; sleep duration (categorical) and age (≤55, 55-65, >65 y.) are in strata statement. Physical activity was not a 

significant confounder. 
2 
Adjusted for race, BPH, family history of prostate cancer; sleep duration (categorical) and age (≤55, 55-65, >65 y.) are in strata statement. 
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CHAPTER 7 

Summary 

 

 This study showed that disrupted sleep and social jetlag in adults 21-35 years of 

age remained stable within two years. By the end of the study, chronotype became on 

average, 23 minutes earlier, most likely due to the phase advance among participants with 

evening chronotypes. Whether the observations in the present study correspond to more chronic 

sleep disruption that extends beyond two years remains to be determined. The demographic 

characteristics identified in this study that may contribute to persistent sleep disruption include: 

male sex, being a student, non-White race, low income, and evening chronotype. The further 

identification of susceptible subgroups of young adults with persistent sleep disruption may 

provide a health benefit to those individuals in terms of chronic disease prevention, given the 

persistent character of insomnia and other sleep disorders and their reported association with 

chronic diseases such as depression (37, 220, 239), obesity (213, 240, 241), diabetes (62, 120), 

hypertension (63, 118, 242), CVD (65) and cancer (28). 

 Chronotype and SJL were not associated with any anthropometric indexes of 

metabolic disorder. The relationships between disrupted sleep (SOL, SE, TST) and 

central obesity or elevated SBP were only modest. Despite being a fairly strong predictor 

for all sleep measures except SOL, chronotype seemed to modify rather than confound 

the relationships between disrupted sleep and obesity or high blood pressure. Those with 

poor sleep and morning chronotype were more likely to have excess body fat and central
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obesity. Evening types seemed to be more resilient to detrimental effects of sleep 

disruption than morning types and only had increased chance of having high SBP if they 

slept <6 hours. The discovery of the effect-modifying role of chronotype is novel 

compared to the previous studies that either inferred that chronotype, SJL and sleep 

confound each other's relationships with metabolic disorder (12, 49, 58) or that SJL 

mediates the relationships between chronotype and obesity (56). Due to the lack of 

association between chronotype or SJL with anthropometric measures, we were unable 

totest the latter hypothesis. This study's findings suggest that the relationships between 

sleep, chronotype, SJL and anthropometric indices are more complex than it was 

previously hypothesized and deserve further investigation in the future studies.  

 A pro-inflammatory diet was associated with 16% increase in total PrCA risk 

among middle-age White men while among all race combined the results were only 

suggestive. The inflammatory potential of diet was associated with increases in high-risk 

PrCA incidence. However, the patterns of risk observed across quartiles of e-DII 

complicate the interpretation, suggesting either a complex dose-response pattern (non-

linear relationship with possible threshold effect), or a lack of association. The 

relationship between the inflammatory potential of a diet and PrCA may vary by race; 

Blacks and those of non-White (or mixed) races may be more susceptible. The 

relationship between dietary inflammatory potential and risk of advanced /aggressive 

disease merits further investigation, particularly among those of racial or ethnic 

minorities. 



 

122 
 

REFERENCES 

 

1. Mistlberger RE, Rusak B. Circadian rhythms in mammals: formal properties and 

environmental influences. In: Kryger MH, Roth T, Dement WC, editors. Principles and 

Practice of Sleep Medicine. Philadelphia: WB Saunders; 2000. p. 321-33. 

2. Roenneberg T, Foster RG. Twilight times: light and the circadian system. 

Photochem Photobiol. 1997 Nov;66(5):549-61. PubMed PMID: 9383985. Epub 

1998/01/10. eng. 

3. Roenneberg T, Wirz-Justice A, Merrow M. Life between clocks: daily temporal 

patterns of human chronotypes. J Biol Rhythms. 2003 Feb;18(1):80-90. PubMed PMID: 

12568247. Epub 2003/02/06. eng. 

4. Horne JA, Ostberg O. Individual differences in human circadian rhythms. Biol 

Psychol. 1977 Sep;5(3):179-90. PubMed PMID: 922076. Epub 1977/09/01. eng. 

5. Bailey SL, Heitkemper MM. Circadian rhythmicity of cortisol and body 

temperature: morningness-eveningness effects. Chronobiology International. 

2001;18(2):249-61. 

6. Wittmann M, Dinich J, Merrow M, Roenneberg T. Social jetlag: Misalignment of 

biological and social time. Chronobiology International. 2006;23(1-2):497-509. PubMed 

PMID: WOS:000237385700047. 

7. Adan A, Archer SN, Hidalgo MP, Di Milia L, Natale V, Randler C. Circadian 

typology: a comprehensive review. Chronobiol Int. 2012 Nov;29(9):1153-75. PubMed 

PMID: 23004349. Epub 2012/09/26. eng. 

8. Smith MR, Burgess HJ, Fogg LF, Eastman CI. Racial differences in the human 

endogenous circadian period. PLoS One. 2009;4(6):e6014. PubMed PMID: 19564915. 

Pubmed Central PMCID: 2699031. Epub 2009/07/01. eng.



 

123 
 

9. Vink JM, Groot AS, Kerkhof GA, Boomsma DI. Genetic analysis of morningness 

and eveningness. Chronobiol Int. 2001 Sep;18(5):809-22. PubMed PMID: 11763988. 

Epub 2002/01/05. eng. 

10. Paine SJ, Gander PH, Travier N. The epidemiology of morningness/eveningness: 

influence of age, gender, ethnicity, and socioeconomic factors in adults (30-49 years). J 

Biol Rhythms. 2006 Feb;21(1):68-76. PubMed PMID: 16461986. Epub 2006/02/08. eng. 

11. Benedito-Silva AA, Menna-Barreto L, Alam MF, Rotenberg L, Moreira LFS, 

Menezes AAL, et al. Latitude and social habits as determinants of the distribution of 

morning and evening types in Brazil. Biological Rhythm Research. 1998 Dec;29(5):591-

7. PubMed PMID: WOS:000079260600019. 

12. Roenneberg T, Allebrandt KV, Merrow M, Vetter C. Social jetlag and obesity. 

Curr Biol. 2012 May 22;22(10):939-43. PubMed PMID: 22578422. 

13. Kantermann T, Juda M, Vetter C, Roenneberg T. Shift‐work research: Where do 

we stand, where should we go? Sleep and Biological Rhythms. 2010;8(2):95-105. 

14. Saksvik IB, Bjorvatn B, Hetland H, Sandal GM, Pallesen S. Individual differences 

in tolerance to shift work–a systematic review. Sleep medicine reviews. 2011;15(4):221-

35. 

15. Cho K, Ennaceur A, Cole JC, Suh CK. Chronic jet lag produces cognitive deficits. 

J Neurosci. 2000 Mar 15;20(6):RC66. PubMed PMID: 10704520. Epub 2000/03/08. eng. 

16. Lauria L, Ballard TJ, Caldora M, Mazzanti C, Verdecchia A. Reproductive 

disorders and pregnancy outcomes among female flight attendants. Aviat Space Environ 

Med. 2006 May;77(5):533-9. PubMed PMID: 16708534. Epub 2006/05/20. eng. 

17. Iglesias R, Terres A, Chavarria A. DISORDERS OF THE MENSTRUAL-

CYCLE IN AIRLINE STEWARDESSES. Aviation Space and Environmental Medicine. 

1980;51(5):518-20. PubMed PMID: WOS:A1980JR52500016. 

18. McNeely E, Gale S, Tager I, Kincl L, Bradley J, Coull B, et al. The self-reported 

health of U.S. flight attendants compared to the general population. Environ Health. 

2014;13(1):13. PubMed PMID: 24612632. Pubmed Central PMCID: 4007523. Epub 

2014/03/13. eng. 



 

124 
 

19. Mahoney MM. Shift work, jet lag, and female reproduction. Int J Endocrinol. 

2010;2010:813764. PubMed PMID: 20224815. Pubmed Central PMCID: 2834958. Epub 

2010/03/13. eng. 

20. Davidson AJ, Sellix MT, Daniel J, Yamazaki S, Menaker M, Block GD. Chronic 

jet-lag increases mortality in aged mice. Curr Biol. 2006 Nov 7;16(21):R914-6. PubMed 

PMID: 17084685. Pubmed Central PMCID: 1635966. Epub 2006/11/07. eng. 

21. Davis S, Mirick DK, Stevens RG. Night shift work, light at night, and risk of 

breast cancer. Journal of the National Cancer Institute. 2001 Oct 17;93(20):1557-62. 

PubMed PMID: 11604479. 

22. Hansen J, Lassen CF. Nested case-control study of night shift work and breast 

cancer risk among women in the Danish military. Occupational and environmental 

medicine. 2012 Aug;69(8):551-6. PubMed PMID: 22645325. 

23. Schernhammer ES, Laden F, Speizer FE, Willett WC, Hunter DJ, Kawachi I, et 

al. Night-shift work and risk of colorectal cancer in the nurses' health study. Journal of 

the National Cancer Institute. 2003 Jun 4;95(11):825-8. PubMed PMID: 12783938. 

24. Pan A, Schernhammer ES, Sun Q, Hu FB. Rotating night shift work and risk of 

type 2 diabetes: two prospective cohort studies in women. PLoS medicine. 

2011;8(12):e1001141. 

25. Antunes LC, Levandovski R, Dantas G, Caumo W, Hidalgo MP. Obesity and 

shift work: chronobiological aspects. Nutr Res Rev. 2010 Jun;23(1):155-68. PubMed 

PMID: 20122305. 

26. De Bacquer D, Van Risseghem M, Clays E, Kittel F, De Backer G, Braeckman L. 

Rotating shift work and the metabolic syndrome: a prospective study. International 

journal of epidemiology. 2009 Jun;38(3):848-54. PubMed PMID: 19129266. 

27. Frank JR, Ovens H. Shiftwork and emergency medical practice. Cjem. 2002 

Nov;4(6):421-8. PubMed PMID: 17637160. 

28. Sigurdardottir LG, Valdimarsdottir UA, Fall K, Rider JR, Lockley SW, 

Schernhammer E, et al. Circadian disruption, sleep loss, and prostate cancer risk: a 

systematic review of epidemiologic studies. Cancer epidemiology, biomarkers & 

prevention : a publication of the American Association for Cancer Research, cosponsored 



 

125 
 

by the American Society of Preventive Oncology. 2012 Jul;21(7):1002-11. PubMed 

PMID: 22564869. Pubmed Central PMCID: 3392423. 

29. Zelinski EL, Deibel SH, McDonald RJ. The trouble with circadian clock 

dysfunction: multiple deleterious effects on the brain and body. Neuroscience and 

biobehavioral reviews. 2014 Mar;40:80-101. PubMed PMID: 24468109. 

30. Drennan MD, Klauber MR, Kripke DF, Goyette LM. The effects of depression 

and age on the Horne-Ostberg morningness-eveningness score. J Affect Disord. 1991 

Oct;23(2):93-8. PubMed PMID: 1753041. Epub 1991/10/01. eng. 

31. Mansour HA, Wood J, Chowdari KV, Dayal M, Thase ME, Kupfer DJ, et al. 

Circadian phase variation in bipolar I disorder. Chronobiol Int. 2005;22(3):571-84. 

PubMed PMID: 16076655. Epub 2005/08/04. eng. 

32. Ong JC, Huang JS, Kuo TF, Manber R. Characteristics of insomniacs with self-

reported morning and evening chronotypes. J Clin Sleep Med. 2007 Apr 15;3(3):289-94. 

PubMed PMID: 17561599. Pubmed Central PMCID: 2564777. 

33. Meliska CJ, Martinez LF, Lopez AM, Sorenson DL, Nowakowski S, Parry BL. 

Relationship of morningness-eveningness questionnaire score to melatonin and sleep 

timing, body mass index and atypical depressive symptoms in peri- and post-menopausal 

women. Psychiatry Res. 2011 Jun 30;188(1):88-95. PubMed PMID: 21237517. Pubmed 

Central PMCID: 3100421. Epub 2011/01/18. eng. 

34. Haraszti RA, Purebl G, Salavecz G, Poole L, Dockray S, Steptoe A. Morningness-

eveningness interferes with perceived health, physical activity, diet and stress levels in 

working women: a cross-sectional study. Chronobiol Int. 2014 Aug;31(7):829-37. 

PubMed PMID: 24766191. Epub 2014/04/29. eng. 

35. Merikanto I, Lahti T, Kronholm E, Peltonen M, Laatikainen T, Vartiainen E, et al. 

Evening types are prone to depression. Chronobiol Int. 2013 Jun;30(5):719-25. PubMed 

PMID: 23688117. Epub 2013/05/22. eng. 

36. Randler C, Stadler L, Vollmer C, Diaz-Morales JF. Relationship Between 

Depressive Symptoms and Sleep Duration/Chronotype in Women. Journal of Individual 

Differences. 2012;33(3):186-91. PubMed PMID: WOS:000304974100007. 

37. Levandovski R, Dantas G, Fernandes LC, Caumo W, Torres I, Roenneberg T, et 

al. Depression scores associate with chronotype and social jetlag in a rural population. 



 

126 
 

Chronobiol Int. 2011 Nov;28(9):771-8. PubMed PMID: 21895489. Epub 2011/09/08. 

eng. 

38. Kitamura S, Hida A, Watanabe M, Enomoto M, Aritake-Okada S, Moriguchi Y, 

et al. Evening preference is related to the incidence of depressive states independent of 

sleep-wake conditions. Chronobiol Int. 2010 Oct;27(9-10):1797-812. PubMed PMID: 

20969524. Epub 2010/10/26. eng. 

39. Hidalgo MP, Caumo W, Posser M, Coccaro SB, Camozzato AL, Chaves ML. 

Relationship between depressive mood and chronotype in healthy subjects. Psychiatry 

and clinical neurosciences. 2009 Jun;63(3):283-90. PubMed PMID: 19566758. 

40. Hirata FC, Lima MC, de Bruin VM, Nobrega PR, Wenceslau GP, de Bruin PF. 

Depression in medical school: the influence of morningness-eveningness. Chronobiol Int. 

2007;24(5):939-46. PubMed PMID: 17994347. Epub 2007/11/13. eng. 

41. Wittmann M, Dinich J, Merrow M, Roenneberg T. Social jetlag: misalignment of 

biological and social time. Chronobiol Int. 2006;23(1-2):497-509. PubMed PMID: 

16687322. Epub 2006/05/12. eng. 

42. Tzischinsky O, Shochat T. Eveningness, sleep patterns, daytime functioning, and 

quality of life in Israeli adolescents. Chronobiol Int. 2011 May;28(4):338-43. PubMed 

PMID: 21539425. Epub 2011/05/05. eng. 

43. DeYoung CG, Hasher L, Djikic M, Criger B, Peterson JB. Morning people are 

stable people: Circadian rhythm and the higher-order factors of the Big Five. Personality 

and Individual Differences. 2007 Jul;43(2):267-76. PubMed PMID: 

WOS:000247648700005. 

44. Roeser K, Obergfell F, Meule A, Vogele C, Schlarb AA, Kubler A. Of larks and 

hearts--morningness/eveningness, heart rate variability and cardiovascular stress response 

at different times of day. Physiology & behavior. 2012 May 15;106(2):151-7. PubMed 

PMID: 22330324. 

45. Taillard J, Philip P, Chastang JF, Diefenbach K, Bioulac B. Is self-reported 

morbidity related to the circadian clock? J Biol Rhythms. 2001 Apr;16(2):183-90. 

PubMed PMID: 11302560. Epub 2001/04/17. eng. 

46. Merikanto I, Lahti T, Puolijoki H, Vanhala M, Peltonen M, Laatikainen T, et al. 

Associations of chronotype and sleep with cardiovascular diseases and type 2 diabetes. 



 

127 
 

Chronobiol Int. 2013 May;30(4):470-7. PubMed PMID: 23281716. Epub 2013/01/04. 

eng. 

47. Wirth MD, Burch JB, Hebert JR, Kowtal P, Mehrotra-Kapoor A, Steck SE, et al. 

Case-control study of breast cancer in India: Role of PERIOD3 clock gene length 

polymorphism and chronotype. Cancer Invest. 2014 Aug;32(7):321-9. PubMed PMID: 

24903750. Pubmed Central PMCID: 4100474. Epub 2014/06/07. eng. 

48. Kudielka BM, Federenko IS, Hellhammer DH, Wust S. Morningness and 

eveningness: the free cortisol rise after awakening in "early birds" and "night owls". Biol 

Psychol. 2006 May;72(2):141-6. PubMed PMID: 16236420. Epub 2005/10/21. eng. 

49. Rutters F, Lemmens SG, Adam TC, Bremmer MA, Elders PJ, Nijpels G, et al. Is 

social jetlag associated with an adverse endocrine, behavioral, and cardiovascular risk 

profile? J Biol Rhythms. 2014 Oct;29(5):377-83. PubMed PMID: 25252710. Epub 

2014/09/26. eng. 

50. Selvi Y, Gulec M, Agargun MY, Besiroglu L. Mood changes after sleep 

deprivation in morningness-eveningness chronotypes in healthy individuals. J Sleep Res. 

2007 Sep;16(3):241-4. PubMed PMID: 17716271. Epub 2007/08/25. eng. 

51. Soreca I, Fagiolini A, Frank E, Goodpaster BH, Kupfer DJ. Chronotype and body 

composition in bipolar disorder. Chronobiol Int. 2009 May;26(4):780-8. PubMed PMID: 

19444756. Epub 2009/05/16. eng. 

52. Morris CJ, Yang JN, Garcia JI, Myers S, Bozzi I, Wang W, et al. Endogenous 

circadian system and circadian misalignment impact glucose tolerance via separate 

mechanisms in humans. Proceedings of the National Academy of Sciences. 

2015;112(17):E2225-E34. 

53. Culnan E, Kloss JD, Grandner M. A prospective study of weight gain associated 

with chronotype among college freshmen. Chronobiol Int. 2013 Jun;30(5):682-90. 

PubMed PMID: 23688114. Pubmed Central PMCID: 3759532. 

54. Patel S, Hayes A, Blackwell T, Evans D, Ancoli-Israel S, Wing Y, et al. The 

association between sleep patterns and obesity in older adults. International Journal of 

Obesity. 2014. 



 

128 
 

55. Wang LL. BODY MASS INDEX, OBESITY, AND SELF-CONTROL: A 

COMPARISON OF CHRONOTYPES. Social Behavior and Personality. 

2014;42(2):313-20. PubMed PMID: WOS:000334279900015. 

56. Culnan E, Kloss JD. Social Jetlag as a Mediator of the Relationship between 

Chronotype and Body Mass Index [Masters Thesis.]: Masters Thesis. College of Arts and 

Sciences, Drexel University; 2013. 

57. Pabst SR, Negriff S, Dorn LD, Susman EJ, Huang B. Depression and anxiety in 

adolescent females: the impact of sleep preference and body mass index. J Adolesc 

Health. 2009 Jun;44(6):554-60. PubMed PMID: 19465319. Pubmed Central PMCID: 

3676884. Epub 2009/05/26. eng. 

58. Parsons MJ, Moffitt TE, Gregory AM, Goldman-Mellor S, Nolan PM, Poulton R, 

et al. Social jetlag, obesity and metabolic disorder: investigation in a cohort study. Int J 

Obes. 2015;1(7). 

59. Stranges S, Cappuccio FP, Kandala NB, Miller MA, Taggart FM, Kumari M, et 

al. Cross-sectional versus prospective associations of sleep duration with changes in 

relative weight and body fat distribution: the Whitehall II Study. American journal of 

epidemiology. 2008 Feb 1;167(3):321-9. PubMed PMID: 18006903. Pubmed Central 

PMCID: 3206317. Epub 2007/11/17. eng. 

60. Xiao Q, Arem H, Moore SC, Hollenbeck AR, Matthews CE. A large prospective 

investigation of sleep duration, weight change, and obesity in the NIH-AARP Diet and 

Health Study cohort. American journal of epidemiology. 2013 Dec 1;178(11):1600-10. 

PubMed PMID: 24049160. Pubmed Central PMCID: 3842900. Epub 2013/09/21. eng. 

61. Gottlieb DJ, Redline S, Nieto FJ, Baldwin CM, Newman AB, Resnick HE, et al. 

Association of usual sleep duration with hypertension: the Sleep Heart Health Study. 

Sleep. 2006 Aug;29(8):1009-14. PubMed PMID: 16944668. Epub 2006/09/02. eng. 

62. Ayas NT, White DP, Al-Delaimy WK, Manson JE, Stampfer MJ, Speizer FE, et 

al. A prospective study of self-reported sleep duration and incident diabetes in women. 

Diabetes Care. 2003 Feb;26(2):380-4. PubMed PMID: 12547866. Epub 2003/01/28. eng. 

63. Gangwisch JE, Heymsfield SB, Boden-Albala B, Buijs RM, Kreier F, Pickering 

TG, et al. Short sleep duration as a risk factor for hypertension: analyses of the first 

National Health and Nutrition Examination Survey. Hypertension. 2006 May;47(5):833-

9. PubMed PMID: 16585410. Epub 2006/04/06. eng. 



 

129 
 

64. Gapstur SM, Diver WR, Stevens VL, Carter BD, Teras LR, Jacobs EJ. Work 

schedule, sleep duration, insomnia, and risk of fatal prostate cancer. American journal of 

preventive medicine. 2014 Mar;46(3 Suppl 1):S26-33. PubMed PMID: 24512928. 

65. Cappuccio FP, Cooper D, D'Elia L, Strazzullo P, Miller MA. Sleep duration 

predicts cardiovascular outcomes: a systematic review and meta-analysis of prospective 

studies. Eur Heart J. 2011 Jun;32(12):1484-92. PubMed PMID: 21300732. 

66. Hoch CC, Dew MA, Reynolds CF, 3rd, Monk TH, Buysse DJ, Houck PR, et al. A 

longitudinal study of laboratory- and diary-based sleep measures in healthy "old old" and 

"young old" volunteers. Sleep. 1994 Sep;17(6):489-96. PubMed PMID: 7809561. Epub 

1994/09/01. eng. 

67. Hoch CC, Dew MA, Reynolds CF, 3rd, Buysse DJ, Nowell PD, Monk TH, et al. 

Longitudinal changes in diary- and laboratory-based sleep measures in healthy "old old" 

and "young old" subjects: a three-year follow-up. Sleep. 1997 Mar;20(3):192-202. 

PubMed PMID: 9178915. Epub 1997/03/01. eng. 

68. Knutson KL, Rathouz PJ, Yan LL, Liu K, Lauderdale DS. Intra-individual daily 

and yearly variability in actigraphically recorded sleep measures: the CARDIA study. 

Sleep. 2007 Jun;30(6):793-6. PubMed PMID: 17580601. Pubmed Central PMCID: 

1978344. Epub 2007/06/22. eng. 

69. Discacciati A, Wolk A. Lifestyle and dietary factors in prostate cancer prevention. 

Recent Results Cancer Res. 2014;202:27-37. PubMed PMID: 24531774. 

70. Rebillard A, Lefeuvre-Orfila L, Gueritat J, Cillard J. Prostate cancer and physical 

activity: adaptive response to oxidative stress. Free Radic Biol Med. 2013 Jul;60:115-24. 

PubMed PMID: 23462616. Epub 2013/03/07. eng. 

71. Ferlay J, Shin HR, Bray F, Forman D, Mathers C, Parkin DM. Estimates of 

worldwide burden of cancer in 2008: GLOBOCAN 2008. Int J Cancer. 2010 Dec 

15;127(12):2893-917. PubMed PMID: 21351269. Epub 2011/02/26. eng. 

72. Siegel R, Naishadham D, Jemal A. Cancer statistics, 2013. CA Cancer J Clin. 

2013 Jan;63(1):11-30. PubMed PMID: 23335087. Epub 2013/01/22. eng. 

73. American Cancer Society. Cancer Facts & Figures 2013. Atlanta: American 

Cancer Society, 2013. 



 

130 
 

74. Adami H-O, Hunter D, Trichopoulos D, editors. Textbook of cancer 

epidemiology. 2nd ed. ed. New York: Oxford University Press; 2008. 

75. Shimizu H, Ross RK, Bernstein L, Yatani R, Henderson BE, Mack TM. Cancers 

of the prostate and breast among Japanese and white immigrants in Los Angeles County. 

Br J Cancer. 1991 Jun;63(6):963-6. PubMed PMID: 2069852. Pubmed Central PMCID: 

1972548. Epub 1991/06/01. eng. 

76. Ax E, Garmo H, Grundmark B, Bill-Axelson A, Holmberg L, Becker W, et al. 

Dietary patterns and prostate cancer risk: report from the population based ULSAM 

cohort study of swedish men. Nutr Cancer. 2014;66(1):77-87. PubMed PMID: 24325263. 

Epub 2013/12/12. eng. 

77. Tucker KL. Dietary patterns, approaches, and multicultural perspective. Appl 

Physiol Nutr Metab. 2010 Apr;35(2):211-8. PubMed PMID: 20383235. 

78. Bosire C, Stampfer MJ, Subar AF, Park Y, Kirkpatrick SI, Chiuve SE, et al. 

Index-based dietary patterns and the risk of prostate cancer in the NIH-AARP diet and 

health study. Am J Epidemiol. 2013 Mar 15;177(6):504-13. PubMed PMID: 23408548. 

Pubmed Central PMCID: 3657529. 

79. Muller DC, Severi G, Baglietto L, Krishnan K, English DR, Hopper JL, et al. 

Dietary patterns and prostate cancer risk. Cancer epidemiology, biomarkers & prevention 

: a publication of the American Association for Cancer Research, cosponsored by the 

American Society of Preventive Oncology. 2009 Nov;18(11):3126-9. PubMed PMID: 

19861522. Epub 2009/10/29. eng. 

80. Cavicchia PP, Steck SE, Hurley TG, Hussey JR, Ma Y, Ockene IS, et al. A new 

dietary inflammatory index predicts interval changes in serum high-sensitivity C-reactive 

protein. The Journal of nutrition. 2009 Dec;139(12):2365-72. PubMed PMID: 19864399. 

Pubmed Central PMCID: 2777480. 

81. Shivappa N, Steck SE, Hurley TG, Hussey JR, Hebert JR. Designing and 

developing a literature-derived, population-based dietary inflammatory index. Public 

health nutrition. 2014 Aug;17(8):1689-96. PubMed PMID: 23941862. Pubmed Central 

PMCID: 3925198. 

82. Shivappa N, Bosetti C, Zucchetto A, Montella M, Serraino D, La Vecchia C, et al. 

Association between dietary inflammatory index and prostate cancer among Italian men. 

Br J Nutr. 2014 Nov 17:1-6. PubMed PMID: 25400225. Pubmed Central PMCID: 

4433863. Epub 2014/11/18. Eng. 



 

131 
 

83. Shivappa N, Steck SE, Hurley TG, Hussey JR, Ma Y, Ockene IS, et al. A 

population-based dietary inflammatory index predicts levels of C-reactive protein in the 

Seasonal Variation of Blood Cholesterol Study (SEASONS). Public health nutrition. 

2014 Aug;17(8):1825-33. PubMed PMID: 24107546. Pubmed Central PMCID: 3983179. 

84. Liu Y, Hu F, Li D, Wang F, Zhu L, Chen W, et al. Does physical activity reduce 

the risk of prostate cancer? A systematic review and meta-analysis. Eur Urol. 2011 

Nov;60(5):1029-44. PubMed PMID: 21802197. Epub 2011/08/02. eng. 

85. Sigurdardottir LG, Valdimarsdottir UA, Mucci LA, Fall K, Rider JR, 

Schernhammer E, et al. Sleep disruption among older men and risk of prostate cancer. 

Cancer epidemiology, biomarkers & prevention : a publication of the American 

Association for Cancer Research, cosponsored by the American Society of Preventive 

Oncology. 2013 May;22(5):872-9. PubMed PMID: 23652374. Pubmed Central PMCID: 

3652595. 

86. Roenneberg T, Kumar CJ, Merrow M. The human circadian clock entrains to sun 

time. Curr Biol. 2007 Jan 23;17(2):R44-5. PubMed PMID: 17240323. Epub 2007/01/24. 

eng. 

87. Hida A, Kitamura S, Katayose Y, Kato M, Ono H, Kadotani H, et al. Screening of 

clock gene polymorphisms demonstrates association of a PER3 polymorphism with 

morningness-eveningness preference and circadian rhythm sleep disorder. Sci Rep. 

2014;4:6309. PubMed PMID: 25201053. Pubmed Central PMCID: 4158573. Epub 

2014/09/10. eng. 

88. Roenneberg T, Kuehnle T, Juda M, Kantermann T, Allebrandt K, Gordijn M, et 

al. Epidemiology of the human circadian clock. Sleep Med Rev. 2007 Dec;11(6):429-38. 

PubMed PMID: 17936039. Epub 2007/10/16. eng. 

89. Waterhouse J, Nevill A, Edwards B, Godfrey R, Reilly T. The relationship 

between assessments of jet lag and some of its symptoms. Chronobiol Int. 2003 

Nov;20(6):1061-73. PubMed PMID: 14680143. Epub 2003/12/19. eng. 

90. Waterhouse J, Nevill A, Finnegan J, Williams P, Edwards B, Kao SY, et al. 

Further assessments of the relationship between jet lag and some of its symptoms. 

Chronobiol Int. 2005;22(1):121-36. PubMed PMID: 15865326. Epub 2005/05/04. eng. 

91. Bass J, Takahashi JS. Circadian integration of metabolism and energetics. 

Science. 2010 Dec 3;330(6009):1349-54. PubMed PMID: 21127246. Pubmed Central 

PMCID: 3756146. Epub 2010/12/04. eng. 



 

132 
 

92. Scheer FA, Hilton MF, Mantzoros CS, Shea SA. Adverse metabolic and 

cardiovascular consequences of circadian misalignment. Proc Natl Acad Sci U S A. 2009 

Mar 17;106(11):4453-8. PubMed PMID: 19255424. Pubmed Central PMCID: 2657421. 

Epub 2009/03/04. eng. 

93. Fleig D, Randler C. Association between chronotype and diet in adolescents 

based on food logs. Eating behaviors. 2009 Apr;10(2):115-8. PubMed PMID: 19447353. 

94. Kanerva N, Kronholm E, Partonen T, Ovaskainen ML, Kaartinen NE, Konttinen 

H, et al. Tendency toward eveningness is associated with unhealthy dietary habits. 

Chronobiol Int. 2012 Aug;29(7):920-7. PubMed PMID: 22823875. 

95. Taheri S, Lin L, Austin D, Young T, Mignot E. Short sleep duration is associated 

with reduced leptin, elevated ghrelin, and increased body mass index. PLoS Med. 2004 

Dec;1(3):e62. PubMed PMID: 15602591. Pubmed Central PMCID: 535701. Epub 

2004/12/17. eng. 

96. Patel SR, Hayes AL, Blackwell T, Evans DS, Ancoli-Israel S, Wing YK, et al. 

The association between sleep patterns and obesity in older adults. Int J Obes (Lond). 

2014 Sep;38(9):1159-64. PubMed PMID: 24458262. Pubmed Central PMCID: 4110191. 

Epub 2014/01/25. eng. 

97. Adan A, Almirall H. Horne & Östberg morningness-eveningness questionnaire: A 

reduced scale. Personality and Individual differences. 1991;12(3):241-53. 

98. Shah NR, Braverman ER. Measuring adiposity in patients: the utility of body 

mass index (BMI), percent body fat, and leptin. PLoS One. 2012;7(4):e33308. PubMed 

PMID: 22485140. Pubmed Central PMCID: 3317663. Epub 2012/04/10. eng. 

99. Okorodudu DO, Jumean MF, Montori VM, Romero-Corral A, Somers VK, Erwin 

PJ, et al. Diagnostic performance of body mass index to identify obesity as defined by 

body adiposity: a systematic review and meta-analysis. Int J Obes (Lond). 2010 

May;34(5):791-9. PubMed PMID: 20125098. Epub 2010/02/04. eng. 

100. Romero-Corral A, Somers VK, Sierra-Johnson J, Thomas RJ, Collazo-Clavell 

ML, Korinek J, et al. Accuracy of body mass index in diagnosing obesity in the adult 

general population. Int J Obes (Lond). 2008 Jun;32(6):959-66. PubMed PMID: 

18283284. Pubmed Central PMCID: 2877506. Epub 2008/02/20. eng. 



 

133 
 

101. Kontogianni MD, Panagiotakos DB, Skopouli FN. Does body mass index reflect 

adequately the body fat content in perimenopausal women? Maturitas. 2005 Jul 

16;51(3):307-13. PubMed PMID: 15978975. Epub 2005/06/28. eng. 

102. Lear SA, James PT, Ko GT, Kumanyika S. Appropriateness of waist 

circumference and waist-to-hip ratio cutoffs for different ethnic groups. Eur J Clin Nutr. 

2010 Jan;64(1):42-61. PubMed PMID: 19672278. Epub 2009/08/13. eng. 

103. Browning LM, Hsieh SD, Ashwell M. A systematic review of waist-to-height 

ratio as a screening tool for the prediction of cardiovascular disease and diabetes: 0.5 

could be a suitable global boundary value. Nutr Res Rev. 2010 Dec;23(2):247-69. 

PubMed PMID: 20819243. Epub 2010/09/08. eng. 

104. Hermida RC, Ayala DE, Portaluppi F. Circadian variation of blood pressure: the 

basis for the chronotherapy of hypertension. Adv Drug Deliv Rev. 2007 Aug 31;59(9-

10):904-22. PubMed PMID: 17659807. Epub 2007/07/31. eng. 

105. Willis TA, O'Connor DB, Smith L. The influence of morningness-eveningness on 

anxiety an cardiovascular responses to stress. Physiology & behavior. 2005 

Jun;85(2):125-33. PubMed PMID: WOS:000229805900006. 

106. Takeda N, Maemura K. Circadian clock and cardiovascular disease. J Cardiol. 

2011 May;57(3):249-56. PubMed PMID: 21441015. Epub 2011/03/29. eng. 

107. Kantermann T, Duboutay F, Haubruge D, Kerkhofs M, Schmidt-Trucksass A, 

Skene DJ. Atherosclerotic risk and social jetlag in rotating shift-workers: first evidence 

from a pilot study. Work. 2013 Jan 1;46(3):273-82. PubMed PMID: 23324695. Epub 

2013/01/18. eng. 

108. Selvi Y, Aydin A, Boysan M, Atli A, Agargun MY, Besiroglu L. Associations 

between chronotype, sleep quality, suicidality, and depressive symptoms in patients with 

major depression and healthy controls. Chronobiol Int. 2010 Oct;27(9-10):1813-28. 

PubMed PMID: 20969525. Epub 2010/10/26. eng. 

109. Lemoine P, Zawieja P, Ohayon MM. Associations between 

morningness/eveningness and psychopathology: an epidemiological survey in three in-

patient psychiatric clinics. J Psychiatr Res. 2013 Aug;47(8):1095-8. PubMed PMID: 

23628386. Epub 2013/05/01. eng. 



 

134 
 

110. Merikanto I, Suvisaari J, Lahti T, Partonen T. Eveningness relates to burnout and 

seasonal sleep and mood problems among young adults. Nord J Psychiatry. 2015 Jun 

27:1-9. PubMed PMID: 26118822. Epub 2015/06/30. Eng. 

111. Roeser K, Meule A, Schwerdtle B, Kubler A, Schlarb AA. Subjective sleep 

quality exclusively mediates the relationship between morningness-eveningness 

preference and self-perceived stress response. Chronobiol Int. 2012 Aug;29(7):955-60. 

PubMed PMID: 22823878. Epub 2012/07/25. eng. 

112. Broms U, Kaprio J, Hublin C, Partinen M, Madden PAF, Koskenvuo M. Evening 

types are more often current smokers and nicotine-dependent-a study of Finnish adult 

twins. Addiction. 2011 Jan;106(1):170-7. PubMed PMID: WOS:000285205000027. 

113. Taylor DJ, Clay KC, Bramoweth AD, Sethi K, Roane BM. Circadian phase 

preference in college students: relationships with psychological functioning and 

academics. Chronobiol Int. 2011 Jul;28(6):541-7. PubMed PMID: 21797783. Epub 

2011/07/30. eng. 

114. Thorpy MJ. Classification of sleep disorders. Neurotherapeutics. 2012 

Oct;9(4):687-701. PubMed PMID: 22976557. Pubmed Central PMCID: 3480567. Epub 

2012/09/15. eng. 

115. Schutte-Rodin S, Broch L, Buysse D, Dorsey C, Sateia M. Clinical guideline for 

the evaluation and management of chronic insomnia in adults. J Clin Sleep Med. 2008 

Oct 15;4(5):487-504. PubMed PMID: 18853708. Pubmed Central PMCID: 2576317. 

Epub 2008/10/16. eng. 

116. Ohayon MM. Epidemiology of insomnia: what we know and what we still need to 

learn. Sleep Med Rev. 2002 Apr;6(2):97-111. PubMed PMID: 12531146. Epub 

2003/01/18. eng. 

117. Schwartz S, McDowell Anderson W, Cole SR, Cornoni-Huntley J, Hays JC, 

Blazer D. Insomnia and heart disease: a review of epidemiologic studies. J Psychosom 

Res. 1999 Oct;47(4):313-33. PubMed PMID: 10616226. Epub 2000/01/01. eng. 

118. Vgontzas AN, Liao D, Bixler EO, Chrousos GP, Vela-Bueno A. Insomnia with 

objective short sleep duration is associated with a high risk for hypertension. Sleep. 2009 

Apr;32(4):491-7. PubMed PMID: 19413143. Pubmed Central PMCID: 2663863. 



 

135 
 

119. Kim M. Association between Objectively Measured Sleep Quality and Obesity in 

Community-dwelling Adults Aged 80 Years or Older: A Cross-sectional Study. J Korean 

Med Sci. 2015 Feb;30(2):199-206. PubMed PMID: 25653493. Pubmed Central PMCID: 

4310948. Epub 2015/02/06. eng. 

120. Cespedes EM, Dudley KA, Sotres-Alvarez D, Zee PC, Daviglus ML, Shah NA, et 

al. Joint Associations of Insomnia and Sleep Duration with Prevalent Diabetes: The 

Hispanic Community Health Study/ Study of Latinos (HCHS/SOL). J Diabetes. 2015 

May 7. PubMed PMID: 25952169. Epub 2015/05/09. Eng. 

121. Kakizaki M, Inoue K, Kuriyama S, Sone T, Matsuda-Ohmori K, Nakaya N, et al. 

Sleep duration and the risk of prostate cancer: the Ohsaki Cohort Study. Br J Cancer. 

2008 Jul 8;99(1):176-8. PubMed PMID: 18542076. Pubmed Central PMCID: 2453016. 

122. Kakizaki M, Kuriyama S, Sone T, Ohmori-Matsuda K, Hozawa A, Nakaya N, et 

al. Sleep duration and the risk of breast cancer: the Ohsaki Cohort Study. Br J Cancer. 

2008 Nov 4;99(9):1502-5. PubMed PMID: 18813313. Pubmed Central PMCID: 

2579702. 

123. Tworoger SS, Davis S, Vitiello MV, Lentz MJ, McTiernan A. Factors associated 

with objective (actigraphic) and subjective sleep quality in young adult women. J 

Psychosom Res. 2005 Jul;59(1):11-9. PubMed PMID: 16126091. Epub 2005/08/30. eng. 

124. Baker FC, Maloney S, Driver HS. A comparison of subjective estimates of sleep 

with objective polysomnographic data in healthy men and women. J Psychosom Res. 

1999 Oct;47(4):335-41. PubMed PMID: 10616227. Epub 2000/01/01. eng. 

125. Carskadon MA, Dement WC, Mitler MM, Guilleminault C, Zarcone VP, Spiegel 

R. Self-reports versus sleep laboratory findings in 122 drug-free subjects with complaints 

of chronic insomnia. Am J Psychiatry. 1976 Dec;133(12):1382-8. PubMed PMID: 

185919. Epub 1976/12/01. eng. 

126. Hawkins J, Shaw P. Self-reported sleep quality in college students: a repeated 

measures approach. Sleep. 1992 Dec;15(6):545-9. PubMed PMID: 1475569. Epub 

1992/12/01. eng. 

127. Pilcher JJ, Ott ES. The relationships between sleep and measures of health and 

well-being in college students: a repeated measures approach. Behav Med. 1998 

Winter;23(4):170-8. PubMed PMID: 9494694. Epub 1998/03/12. eng. 



 

136 
 

128. Keibel A, Singh V, Sharma MC. Inflammation, microenvironment, and the 

immune system in cancer progression. Curr Pharm Des. 2009;15(17):1949-55. PubMed 

PMID: 19519435. Epub 2009/06/13. eng. 

129. Prasad S, Sung B, Aggarwal BB. Age-associated chronic diseases require age-old 

medicine: role of chronic inflammation. Prev Med. 2012 May;54 Suppl:S29-37. PubMed 

PMID: 22178471. Pubmed Central PMCID: 3340492. Epub 2011/12/20. eng. 

130. Licastro F, Candore G, Lio D, Porcellini E, Colonna-Romano G, Franceschi C, et 

al. Innate immunity and inflammation in ageing: a key for understanding age-related 

diseases. Immun Ageing. 2005 May 18;2:8. PubMed PMID: 15904534. Pubmed Central 

PMCID: 1166571. Epub 2005/05/21. eng. 

131. Rivera CA, Gaskin L, Singer G, Houghton J, Allman M. Western diet enhances 

hepatic inflammation in mice exposed to cecal ligation and puncture. BMC Physiol. 

2010;10:20. PubMed PMID: 20958969. Pubmed Central PMCID: 2984476. Epub 

2010/10/21. eng. 

132. Fung TT, McCullough ML, Newby PK, Manson JE, Meigs JB, Rifai N, et al. 

Diet-quality scores and plasma concentrations of markers of inflammation and 

endothelial dysfunction. Am J Clin Nutr. 2005 Jul;82(1):163-73. PubMed PMID: 

16002815. Epub 2005/07/09. eng. 

133. Mullington JM, Simpson NS, Meier-Ewert HK, Haack M. Sleep loss and 

inflammation. Best Pract Res Clin Endocrinol Metab. 2010 Oct;24(5):775-84. PubMed 

PMID: 21112025. Pubmed Central PMCID: 3548567. Epub 2010/11/30. eng. 

134. Franceschi C, Bonafe M, Valensin S, Olivieri F, De Luca M, Ottaviani E, et al. 

Inflamm-aging. An evolutionary perspective on immunosenescence. Ann N Y Acad Sci. 

2000 Jun;908:244-54. PubMed PMID: 10911963. Epub 2000/07/27. eng. 

135. Coussens LM, Werb Z. Inflammation and cancer. Nature. 2002 Dec 19-

26;420(6917):860-7. PubMed PMID: 12490959. Pubmed Central PMCID: 2803035. 

Epub 2002/12/20. eng. 

136. MacLennan GT, Eisenberg R, Fleshman RL, Taylor JM, Fu P, Resnick MI, et al. 

The influence of chronic inflammation in prostatic carcinogenesis: a 5-year followup 

study. The Journal of urology. 2006 Sep;176(3):1012-6. PubMed PMID: 16890681. 



 

137 
 

137. De Marzo AM, Marchi VL, Epstein JI, Nelson WG. Proliferative inflammatory 

atrophy of the prostate: implications for prostatic carcinogenesis. Am J Pathol. 1999 

Dec;155(6):1985-92. PubMed PMID: 10595928. Pubmed Central PMCID: 1866955. 

Epub 1999/12/14. eng. 

138. De Marzo AM, Platz EA, Sutcliffe S, Xu J, Gronberg H, Drake CG, et al. 

Inflammation in prostate carcinogenesis. Nat Rev Cancer. 2007 Apr;7(4):256-69. 

PubMed PMID: 17384581. Pubmed Central PMCID: 3552388. Epub 2007/03/27. eng. 

139. Kohnen PW, Drach GW. Patterns of inflammation in prostatic hyperplasia: a 

histologic and bacteriologic study. J Urol. 1979 Jun;121(6):755-60. PubMed PMID: 

88527. Epub 1979/06/01. eng. 

140. Gerstenbluth RE, Seftel AD, MacLennan GT, Rao RN, Corty EW, Ferguson K, et 

al. Distribution of chronic prostatitis in radical prostatectomy specimens with up-

regulation of bcl-2 in areas of inflammation. J Urol. 2002 May;167(5):2267-70. PubMed 

PMID: 11956490. Epub 2002/04/17. eng. 

141. Nickel JC, Moon T. Chronic bacterial prostatitis: an evolving clinical enigma. 

Urology. 2005 Jul;66(1):2-8. PubMed PMID: 15992891. Epub 2005/07/05. eng. 

142. Khandrika L, Kumar B, Koul S, Maroni P, Koul HK. Oxidative stress in prostate 

cancer. Cancer Lett. 2009 Sep 18;282(2):125-36. PubMed PMID: 19185987. Pubmed 

Central PMCID: 2789743. Epub 2009/02/03. eng. 

143. Vendramini-Costa DB, Carvalho JE. Molecular link mechanisms between 

inflammation and cancer. Curr Pharm Des. 2012;18(26):3831-52. PubMed PMID: 

22632748. 

144. Olinski R, Gackowski D, Foksinski M, Rozalski R, Roszkowski K, Jaruga P. 

Oxidative DNA damage: assessment of the role in carcinogenesis, atherosclerosis, and 

acquired immunodeficiency syndrome. Free Radic Biol Med. 2002 Jul 15;33(2):192-200. 

PubMed PMID: 12106815. 

145. Kumar B, Koul S, Khandrika L, Meacham RB, Koul HK. Oxidative stress is 

inherent in prostate cancer cells and is required for aggressive phenotype. Cancer Res. 

2008 Mar 15;68(6):1777-85. PubMed PMID: 18339858. 



 

138 
 

146. Finkel T, Holbrook NJ. Oxidants, oxidative stress and the biology of ageing. 

Nature. 2000 Nov 9;408(6809):239-47. PubMed PMID: 11089981. Epub 2000/11/23. 

eng. 

147. Federico A, Morgillo F, Tuccillo C, Ciardiello F, Loguercio C. Chronic 

inflammation and oxidative stress in human carcinogenesis. Int J Cancer. 2007 Dec 

1;121(11):2381-6. PubMed PMID: 17893868. 

148. Freedland SJ, Isaacs WB. Explaining racial differences in prostate cancer in the 

United States: sociology or biology? Prostate. 2005 Feb 15;62(3):243-52. PubMed 

PMID: 15389726. Epub 2004/09/25. eng. 

149. Hebert JR, Wirth M, Davis L, Davis B, Harmon BE, Hurley TG, et al. C-reactive 

protein levels in African Americans: a diet and lifestyle randomized community trial. Am 

J Prev Med. 2013 Oct;45(4):430-40. PubMed PMID: 24050419. Pubmed Central 

PMCID: 3779347. 

150. Martin SL, Kirkner GJ, Mayo K, Matthews CE, Durstine JL, Hebert JR. Urban, 

rural, and regional variations in physical activity. J Rural Health. 2005 

Summer;21(3):239-44. PubMed PMID: 16092298. 

151. August KJ, Sorkin DH. Racial/ethnic disparities in exercise and dietary behaviors 

of middle-aged and older adults. J Gen Intern Med. 2011 Mar;26(3):245-50. PubMed 

PMID: 20865342. Pubmed Central PMCID: 3043172. Epub 2010/09/25. eng. 

152. Ma RW, Chapman K. A systematic review of the effect of diet in prostate cancer 

prevention and treatment. J Hum Nutr Diet. 2009 Jun;22(3):187-99; quiz 200-2. PubMed 

PMID: 19344379. Epub 2009/04/07. eng. 

153. American Institute for Cancer Research & World Cancer Research Fund (AICR 

& WCRF). Food, Nutrition, Physical Activity and the Prevention of Cancer: A Global 

Perspective: A Project of World Cancer Research Fund International. Washington, DC: 

American Institute for Cancer Research, 2007. 

154. Gronberg H. Prostate cancer epidemiology. Lancet. 2003 Mar 8;361(9360):859-

64. PubMed PMID: 12642065. Epub 2003/03/19. eng. 

155. Nicastro HL, Dunn BK. Selenium and prostate cancer prevention: insights from 

the selenium and vitamin E cancer prevention trial (SELECT). Nutrients. 2013 



 

139 
 

Apr;5(4):1122-48. PubMed PMID: 23552052. Pubmed Central PMCID: 3705339. Epub 

2013/04/05. eng. 

156. Chan JM, Gann PH, Giovannucci EL. Role of diet in prostate cancer development 

and progression. J Clin Oncol. 2005 Nov 10;23(32):8152-60. PubMed PMID: 16278466. 

Epub 2005/11/10. eng. 

157. Singh SV, Srivastava SK, Choi S, Lew KL, Antosiewicz J, Xiao D, et al. 

Sulforaphane-induced cell death in human prostate cancer cells is initiated by reactive 

oxygen species. J Biol Chem. 2005 May 20;280(20):19911-24. PubMed PMID: 

15764812. Epub 2005/03/15. eng. 

158. Garikapaty VP, Ashok BT, Chen YG, Mittelman A, Iatropoulos M, Tiwari RK. 

Anti-carcinogenic and anti-metastatic properties of indole-3-carbinol in prostate cancer. 

Oncol Rep. 2005 Jan;13(1):89-93. PubMed PMID: 15583807. Epub 2004/12/08. eng. 

159. Sohal RS, Weindruch R. Oxidative stress, caloric restriction, and aging. Science. 

1996 Jul 5;273(5271):59-63. PubMed PMID: 8658196. Pubmed Central PMCID: 

2987625. 

160. Shivappa N, Steck SE, Hurley TG, Hussey JR, Hebert JR. Designing and 

developing a literature-derived, population-based dietary inflammatory index. Public 

Health Nutr. 2013 Aug 14:1-8. PubMed PMID: 23941862. Pubmed Central PMCID: 

3925198. Epub 2013/08/15. Eng. 

161. Shivappa N, Steck SE, Hurley TG, Hussey JR, Ma Y, Ockene IS, et al. A 

population-based dietary inflammatory index predicts levels of C-reactive protein in the 

Seasonal Variation of Blood Cholesterol Study (SEASONS). Public Health Nutr. 2013 

Oct 10:1-9. PubMed PMID: 24107546. Epub 2013/10/11. Eng. 

162. Alkerwi A, Shivappa N, Crichton G, Hebert JR. No significant independent 

relationships with cardiometabolic biomarkers were detected in the Observation of 

Cardiovascular Risk Factors in Luxembourg study population. Nutr Res. 2014 

Dec;34(12):1058-65. PubMed PMID: 25190219. Pubmed Central PMCID: 4329249. 

Epub 2014/09/06. eng. 

163. Garcia-Arellano A, Ramallal R, Ruiz-Canela M, Salas-Salvado J, Corella D, 

Shivappa N, et al. Dietary Inflammatory Index and Incidence of Cardiovascular Disease 

in the PREDIMED Study. Nutrients. 2015 Jun;7(6):4124-38. PubMed PMID: 26035241. 

Pubmed Central PMCID: 4488776. Epub 2015/06/04. eng. 



 

140 
 

164. Ge I, Rudolph A, Shivappa N, Flesch-Janys D, Hebert JR, Chang-Claude J. 

Dietary inflammation potential and postmenopausal breast cancer risk in a German case-

control study. Breast. 2015 Aug;24(4):491-6. PubMed PMID: 25987487. Epub 

2015/05/20. eng. 

165. Lu Y, Shivappa N, Lin Y, Lagergren J, Hebert JR. Diet-related inflammation and 

oesophageal cancer by histological type: a nationwide case-control study in Sweden. Eur 

J Nutr. 2015 Jul 19. PubMed PMID: 26189130. Epub 2015/07/21. Eng. 

166. Maisonneuve P, Shivappa N, Hebert JR, Bellomi M, Rampinelli C, Bertolotti R, 

et al. Dietary inflammatory index and risk of lung cancer and other respiratory conditions 

among heavy smokers in the COSMOS screening study. Eur J Nutr. 2015 May 8. 

PubMed PMID: 25953452. Epub 2015/05/09. Eng. 

167. Pimenta AM, Toledo E, Rodriguez-Diez MC, Gea A, Lopez-Iracheta R, Shivappa 

N, et al. Dietary indexes, food patterns and incidence of metabolic syndrome in a 

Mediterranean cohort: The SUN project. Clin Nutr. 2015 Jun;34(3):508-14. PubMed 

PMID: 24975512. Epub 2014/07/01. eng. 

168. Ruiz-Canela M, Zazpe I, Shivappa N, Hebert JR, Sanchez-Tainta A, Corella D, et 

al. Dietary inflammatory index and anthropometric measures of obesity in a population 

sample at high cardiovascular risk from the PREDIMED (PREvencion con DIeta 

MEDiterranea) trial. Br J Nutr. 2015 Mar 28;113(6):984-95. PubMed PMID: 25720588. 

Epub 2015/02/28. eng. 

169. Shivappa N, Hebert JR, Rietzschel ER, De Buyzere ML, Langlois M, Debruyne 

E, et al. Associations between dietary inflammatory index and inflammatory markers in 

the Asklepios Study. Br J Nutr. 2015 Feb 28;113(4):665-71. PubMed PMID: 25639781. 

Pubmed Central PMCID: 4355619. Epub 2015/02/03. eng. 

170. Tabung FK, Steck SE, Zhang J, Ma Y, Liese AD, Agalliu I, et al. Construct 

validation of the dietary inflammatory index among postmenopausal women. Annals of 

epidemiology. 2015 Jun;25(6):398-405. PubMed PMID: 25900255. Pubmed Central 

PMCID: 4433562. Epub 2015/04/23. eng. 

171. Shivappa N, Blair CK, Prizment AE, Jacobs DR, Jr., Steck SE, Hebert JR. 

Association between inflammatory potential of diet and mortality in the Iowa Women's 

Health study. Eur J Nutr. 2015 Jul 1. PubMed PMID: 26130324. Epub 2015/07/02. Eng. 



 

141 
 

172. Harmon BE, Carter M, Hurley TG, Shivappa N, Teas J, Hebert JR. Nutrient 

Composition and Anti-inflammatory Potential of a Prescribed Macrobiotic Diet. Nutr 

Cancer. 2015 Jul 25:1-8. PubMed PMID: 26212923. Epub 2015/07/28. Eng. 

173. Shivappa N, Hebert JR, Karamati M, Shariati-Bafghi SE, Rashidkhani B. 

Increased inflammatory potential of diet is associated with bone mineral density among 

postmenopausal women in Iran. Eur J Nutr. 2015 Mar 17. PubMed PMID: 25778389. 

Epub 2015/03/18. Eng. 

174. Wirth MD, Shivappa N, Steck SE, Hurley TG, Hebert JR. The dietary 

inflammatory index is associated with colorectal cancer in the National Institutes of 

Health-American Association of Retired Persons Diet and Health Study. Br J Nutr. 2015 

Jun 14;113(11):1819-27. PubMed PMID: 25871645. Pubmed Central PMCID: 4466003. 

Epub 2015/04/15. eng. 

175. Shivappa N, Harris H, Wolk A, Hebert JR. Association between inflammatory 

potential of diet and mortality among women in the Swedish Mammography Cohort. Eur 

J Nutr. 2015 Jul 31. PubMed PMID: 26227485. Epub 2015/08/01. Eng. 

176. Shivappa N, Bosetti C, Zucchetto A, Serraino D, La Vecchia C, Hebert JR. 

Dietary inflammatory index and risk of pancreatic cancer in an Italian case-control study. 

Br J Nutr. 2014 Dec 17:1-7. PubMed PMID: 25515552. Pubmed Central PMCID: 

4470878. Epub 2014/12/18. Eng. 

177. Wirth MD, Burch J, Shivappa N, Violanti JM, Burchfiel CM, Fekedulegn D, et al. 

Association of a dietary inflammatory index with inflammatory indices and metabolic 

syndrome among police officers. J Occup Environ Med. 2014 Sep;56(9):986-9. PubMed 

PMID: 25046320. Pubmed Central PMCID: 4156884. Epub 2014/07/22. eng. 

178. Wirth MD, Burch J, Shivappa N, Steck SE, Hurley TG, Vena JE, et al. Dietary 

inflammatory index scores differ by shift work status: NHANES 2005 to 2010. J Occup 

Environ Med. 2014 Feb;56(2):145-8. PubMed PMID: 24451608. Pubmed Central 

PMCID: 3922825. Epub 2014/01/24. eng. 

179. Wood LG, Shivappa N, Berthon BS, Gibson PG, Hebert JR. Dietary 

inflammatory index is related to asthma risk, lung function and systemic inflammation in 

asthma. Clin Exp Allergy. 2015 Jan;45(1):177-83. PubMed PMID: 24708388. Pubmed 

Central PMCID: 4190104. Epub 2014/04/09. eng. 

180. Zamora-Ros R, Shivappa N, Steck SE, Canzian F, Landi S, Alonso MH, et al. 

Dietary inflammatory index and inflammatory gene interactions in relation to colorectal 



 

142 
 

cancer risk in the Bellvitge colorectal cancer case-control study. Genes Nutr. 2015 

Jan;10(1):447. PubMed PMID: 25488145. Pubmed Central PMCID: 4259879. Epub 

2014/12/10. eng. 

181. Shivappa N, Jackson MD, Bennett F, Hebert JR. Increased Dietary Inflammatory 

Index (DII) Is Associated With Increased Risk of Prostate Cancer in Jamaican Men. Nutr 

Cancer. 2015 Jul 30:1-8. PubMed PMID: 26226289. Epub 2015/08/01. Eng. 

182. Hand GA, Shook RP, Paluch AE, Baruth M, Crowley EP, Jaggers JR, et al. The 

energy balance study: the design and baseline results for a longitudinal study of energy 

balance. Res Q Exerc Sport. 2013 Sep;84(3):275-86. PubMed PMID: 24261006. Epub 

2013/11/23. eng. 

183. Ogden CL, Carroll MD, Kit BK, Flegal KM. Prevalence of childhood and adult 

obesity in the United States, 2011-2012. JAMA. 2014 Feb 26;311(8):806-14. PubMed 

PMID: 24570244. Epub 2014/02/27. eng. 

184. Sharif MM, Bahammam AS. Sleep estimation using BodyMedia's SenseWear 

armband in patients with obstructive sleep apnea. Ann Thorac Med. 2013 Jan;8(1):53-7. 

PubMed PMID: 23440703. Pubmed Central PMCID: 3573559. Epub 2013/02/27. eng. 

185. Wirth MD, Hebert JR, Hand GA, Youngstedt SD, Hurley TG, Shook RP, et al. 

Association between actigraphic sleep metrics and body composition. Ann Epidemiol. 

2015 May 14. PubMed PMID: 26071309. Epub 2015/06/14. Eng. 

186. Acebo C, Sadeh A, Seifer R, Tzischinsky O, Wolfson AR, Hafer A, et al. 

Estimating sleep patterns with activity monitoring in children and adolescents: how many 

nights are necessary for reliable measures? Sleep. 1999 Feb 1;22(1):95-103. PubMed 

PMID: 9989370. Epub 1999/02/16. eng. 

187. Ainsworth BE, Haskell WL, Herrmann SD, Meckes N, Bassett DR, Jr., Tudor-

Locke C, et al. 2011 Compendium of Physical Activities: a second update of codes and 

MET values. Med Sci Sports Exerc. 2011 Aug;43(8):1575-81. PubMed PMID: 

21681120. Epub 2011/06/18. eng. 

188. Maglione JE, Ancoli-Israel S, Peters KW, Paudel ML, Yaffe K, Ensrud KE, et al. 

Subjective and objective sleep disturbance and longitudinal risk of depression in a cohort 

of older women. Sleep. 2014 Jul;37(7):1179-87. PubMed PMID: 25061246. Pubmed 

Central PMCID: 4098803. Epub 2014/07/26. eng. 



 

143 
 

189. Lauderdale DS, Knutson KL, Yan LL, Liu K, Rathouz PJ. Self-reported and 

measured sleep duration: how similar are they? Epidemiology. 2008 Nov;19(6):838-45. 

PubMed PMID: 18854708. Pubmed Central PMCID: 2785092. Epub 2008/10/16. eng. 

190. Van Den Berg JF, Van Rooij FJ, Vos H, Tulen JH, Hofman A, Miedema HM, et 

al. Disagreement between subjective and actigraphic measures of sleep duration in a 

population-based study of elderly persons. J Sleep Res. 2008 Sep;17(3):295-302. 

PubMed PMID: 18321246. Epub 2008/03/07. eng. 

191. Natale V, Plazzi G, Martoni M. Actigraphy in the assessment of insomnia: a 

quantitative approach. Sleep. 2009 Jun;32(6):767-71. PubMed PMID: 19544753. Pubmed 

Central PMCID: 2690564. Epub 2009/06/24. eng. 

192. Buysse DJ, Reynolds CF, 3rd, Monk TH, Berman SR, Kupfer DJ. The Pittsburgh 

Sleep Quality Index: a new instrument for psychiatric practice and research. Psychiatry 

Res. 1989 May;28(2):193-213. PubMed PMID: 2748771. Epub 1989/05/01. eng. 

193. McNair DM, Lorr M, Droppleman LF. Profile of mood states: Univ.; 1971. 

194. Cohen S, Williamson G. Perceived stress in a probability sample of the United 

States. In: Oskamp S, Spacapan S, editors. The social psychology of health. Newbury 

Park: Sage; 1988. p. 31-67. 

195. Cohen S, Kamarck T, Mermelstein R. A global measure of perceived stress. J 

Health Soc Behav. 1983 Dec;24(4):385-96. PubMed PMID: 6668417. Epub 1983/12/01. 

eng. 

196. Roberti JW, Harrington LN, Storch EA. Further psychometric support for the 

10‐item version of the perceived stress scale. Journal of College Counseling. 

2006;9(2):135-47. 

197. Carson TL, Desmond R, Hardy S, Townsend S, Ard JD, Meneses K, et al. A 

Study of the Relationship between Food Group Recommendations and Perceived Stress: 

Findings from Black Women in the Deep South. J Obes. 2015;2015:203164. PubMed 

PMID: 25821595. Pubmed Central PMCID: 4364113. Epub 2015/03/31. eng. 

198. Lee EY, Mun MS, Lee SH, Cho HS. Perceived stress and gastrointestinal 

symptoms in nursing students in Korea: A cross-sectional survey. BMC Nurs. 

2011;10:22. PubMed PMID: 22067441. Pubmed Central PMCID: 3226627. Epub 

2011/11/10. eng. 



 

144 
 

199. World Health Organization. Physical status: The use of and interpretation of 

anthropometry, Report of a WHO Expert Committee. 1995. 

200. Lean ME, Han TS, Morrison CE. Waist circumference as a measure for indicating 

need for weight management. BMJ. 1995 Jul 15;311(6998):158-61. PubMed PMID: 

7613427. Pubmed Central PMCID: 2550221. Epub 1995/07/15. eng. 

201. Fitzmaurice GM, Laird NM, Ware JH. Applied longitudinal analysis. 2nd ed. 

Hoboken, N.J.: Wiley; 2011. xxv, 701 p. p. 

202. SAS® Proc Traj Home. http://www.andrew.cmu.edu/user/bjones.  [cited 2016 

03/13/2016]. 

203. Arrandale V, Koehoorn M, MacNab Y, Kennedy SM. How to use SAS proc traj 

and SAS proc glimmix in respiratory epidemiology. : University of British Columbia,; 

2006. 

204. Nagin D. Group-based modeling of development. Cambridge, Mass.: Harvard 

University Press; 2005. x, 201 p. p. 

205. Jones BL, Nagin DS. Advances in Group-Based Trajectory Modeling and an SAS 

Procedure for Estimating Them. Sociological Methods & Research. 2007 May 1, 

2007;35(4):542-71. 

206. Enger SM, Van den Eeden SK, Sternfeld B, Loo RK, Quesenberry CP, Jr., Rowell 

S, et al. California Men's Health Study (CMHS): a multiethnic cohort in a managed care 

setting. BMC Public Health. 2006;6:172. PubMed PMID: 16813653. Pubmed Central 

PMCID: 1569841. Epub 2006/07/04. eng. 

207. Patterson RE, Kristal AR, Tinker LF, Carter RA, Bolton MP, Agurs-Collins T. 

Measurement characteristics of the Women's Health Initiative food frequency 

questionnaire. Annals of epidemiology. 1999 Apr;9(3):178-87. PubMed PMID: 

10192650. 

208. Kristal AR, Patterson RE, Neuhouser ML, Thornquist M, Neumark-Sztainer D, 

Rock CL, et al. Olestra Postmarketing Surveillance Study: design and baseline results 

from the sentinel site. Journal of the American Dietetic Association. 1998 

Nov;98(11):1290-6. PubMed PMID: 9813585. 



 

145 
 

209. Kristal AR, Stanford JL, Cohen JH, Wicklund K, Patterson RE. Vitamin and 

mineral supplement use is associated with reduced risk of prostate cancer. Cancer 

epidemiology, biomarkers & prevention : a publication of the American Association for 

Cancer Research, cosponsored by the American Society of Preventive Oncology. 1999 

Oct;8(10):887-92. PubMed PMID: 10548317. Epub 1999/11/05. eng. 

210. Sidney S, Jacobs DR, Jr., Haskell WL, Armstrong MA, Dimicco A, Oberman A, 

et al. Comparison of two methods of assessing physical activity in the Coronary Artery 

Risk Development in Young Adults (CARDIA) Study. Am J Epidemiol. 1991 Jun 

15;133(12):1231-45. PubMed PMID: 2063831. Epub 1991/06/15. eng. 

211. Cheng I, Witte JS, Jacobsen SJ, Haque R, Quinn VP, Quesenberry CP, et al. 

Prostatitis, sexually transmitted diseases, and prostate cancer: the California Men's Health 

Study. PLoS One. 2010;5(1):e8736. PubMed PMID: 20090948. Pubmed Central PMCID: 

2806913. 

212. Klein EA. Prostate cancer: Risk stratification and choice of initial treatment: 

Wolters Kluwer; 2015 [updated May 05, 2015; cited 2015 12/30/2015]. Available from: 

http://www.uptodate.com/contents/prostate-cancer-risk-stratification-and-choice-of-

initial-treatment. 

213. Knutson KL, Spiegel K, Penev P, Van Cauter E. The metabolic consequences of 

sleep deprivation. Sleep Med Rev. 2007 Jun;11(3):163-78. PubMed PMID: 17442599. 

Pubmed Central PMCID: 1991337. 

214. Ayas NT, White DP, Al-Delaimy WK, Manson JE, Stampfer MJ, Speizer FE. A 

prospective study of self-reported sleep duration and incident diabetes in women. 

Diabetes Care. 2003;26. 

215. Archer SN, Laing EE, Moller-Levet CS, van der Veen DR, Bucca G, Lazar AS, et 

al. Mistimed sleep disrupts circadian regulation of the human transcriptome. Proc Natl 

Acad Sci U S A. 2014 Feb 11;111(6):E682-91. PubMed PMID: 24449876. Pubmed 

Central PMCID: 3926083. 

216. Stamatakis KA, Punjabi NM. Effects of sleep fragmentation on glucose 

metabolism in normal subjects. Chest. 2010 Jan;137(1):95-101. PubMed PMID: 

19542260. Pubmed Central PMCID: 2803120. 

217. Vgontzas AN, Zoumakis M, Papanicolaou DA, Bixler EO, Prolo P, Lin HM, et al. 

Chronic insomnia is associated with a shift of interleukin-6 and tumor necrosis factor 



 

146 
 

secretion from nighttime to daytime. Metabolism: clinical and experimental. 2002 

Jul;51(7):887-92. PubMed PMID: 12077736. 

218. Hyyppa MT, Kronholm E, Alanen E. Quality of sleep during economic recession 

in Finland: a longitudinal cohort study. Social science & medicine. 1997 Sep;45(5):731-

8. PubMed PMID: 9226796. 

219. Morin CM, Belanger L, LeBlanc M, Ivers H, Savard J, Espie CA, et al. The 

natural history of insomnia: a population-based 3-year longitudinal study. Archives of 

internal medicine. 2009 Mar 9;169(5):447-53. PubMed PMID: 19273774. 

220. Buysse DJ, Angst J, Gamma A, Ajdacic V, Eich D, Rossler W. Prevalence, 

course, and comorbidity of insomnia and depression in young adults. Sleep. 2008 

Apr;31(4):473-80. PubMed PMID: 18457234. Pubmed Central PMCID: 2279748. 

221. Janson C, Lindberg E, Gislason T, Elmasry A, Boman G. Insomnia in men-a 10-

year prospective population based study. Sleep. 2001 Jun 15;24(4):425-30. PubMed 

PMID: 11403527. 

222. Morphy H, Dunn KM, Lewis M, Boardman HF, Croft PR. Epidemiology of 

insomnia: a longitudinal study in a UK population. Sleep. 2007 Mar;30(3):274-80. 

PubMed PMID: 17425223. 

223. Leigh L, Hudson IL, Byles JE. Sleeping difficulty, disease and mortality in older 

women: a latent class analysis and distal survival analysis. J Sleep Res. 2015 

Dec;24(6):648-57. PubMed PMID: 26184700. 

224. Green MJ, Espie CA, Hunt K, Benzeval M. The longitudinal course of insomnia 

symptoms: inequalities by sex and occupational class among two different age cohorts 

followed for 20 years in the west of Scotland. Sleep. 2012 Jun;35(6):815-23. PubMed 

PMID: 22654201. Pubmed Central PMCID: 3353044. 

225. Gaines J, Vgontzas AN, Fernandez-Mendoza J, Basta M, Pejovic S, He F, et al. 

Short- and Long-Term Sleep Stability in Insomniacs and Healthy Controls. Sleep. 2015 

Nov;38(11):1727-34. PubMed PMID: 26237768. Pubmed Central PMCID: 4813370. 

226. Hohagen F, Kappler C, Schramm E, Riemann D, Weyerer S, Berger M. Sleep 

onset insomnia, sleep maintaining insomnia and insomnia with early morning awakening-

-temporal stability of subtypes in a longitudinal study on general practice attenders. 

Sleep. 1994 Sep;17(6):551-4. PubMed PMID: 7809569. 



 

147 
 

227. Morin CM, Leblanc M, Ivers H, Belanger L, Merette C, Savard J, et al. Monthly 

fluctuations of insomnia symptoms in a population-based sample. Sleep. 2014 

Feb;37(2):319-26. PubMed PMID: 24497660. Pubmed Central PMCID: 3900620. 

228. Wong PM, Hasler BP, Kamarck TW, Muldoon MF, Manuck SB. Social Jetlag, 

Chronotype, and Cardiometabolic Risk. The Journal of clinical endocrinology and 

metabolism. 2015 Dec;100(12):4612-20. PubMed PMID: 26580236. Pubmed Central 

PMCID: 4667156. 

229. Ogden CL, Carroll MD, Lawman HG, Fryar CD, Kruszon-Moran D, Kit BK, et 

al. Trends in Obesity Prevalence Among Children and Adolescents in the United States, 

1988-1994 Through 2013-2014. JAMA. 2016 Jun 7;315(21):2292-9. PubMed PMID: 

27272581. 

230. Paine SJ, Fink J, Gander PH, Warman GR. Identifying advanced and delayed 

sleep phase disorders in the general population: a national survey of New Zealand adults. 

Chronobiol Int. 2014 Jun;31(5):627-36. PubMed PMID: 24548144. 

231. Lauderdale DS, Knutson KL, Rathouz PJ, Yan LL, Hulley SB, Liu K. Cross-

sectional and longitudinal associations between objectively measured sleep duration and 

body mass index: the CARDIA Sleep Study. American journal of epidemiology. 2009 

Oct 1;170(7):805-13. PubMed PMID: 19651664. Pubmed Central PMCID: 2765362. 

232. Bailey BW, Allen MD, LeCheminant JD, Tucker LA, Errico WK, Christensen 

WF, et al. Objectively measured sleep patterns in young adult women and the 

relationship to adiposity. Am J Health Promot. 2014 Sep-Oct;29(1):46-54. PubMed 

PMID: 24200246. Epub 2013/11/10. eng. 

233. Mezick EJ, Wing RR, McCaffery JM. Associations of self-reported and 

actigraphy-assessed sleep characteristics with body mass index and waist circumference 

in adults: moderation by gender. Sleep Med. 2014 Jan;15(1):64-70. PubMed PMID: 

24239499. Pubmed Central PMCID: 3926516. Epub 2013/11/19. eng. 

234. Vgontzas AN, Fernandez-Mendoza J, Miksiewicz T, Kritikou I, Shaffer ML, Liao 

D, et al. Unveiling the longitudinal association between short sleep duration and the 

incidence of obesity: the Penn State Cohort. International journal of obesity. 

2014;38(6):825-32. 

235. Horne JA, Ostberg O. A self-assessment questionnaire to determine morningness-

eveningness in human circadian rhythms. International journal of chronobiology. 

1976;4(2):97-110. PubMed PMID: 1027738. 



 

148 
 

236. McMahon DM, Burch JB, Wirth MD, Youngstedt SD, Hardin JW, Hurley TG, et 

al. Stability of Social Jetlag and Sleep Characteristics Over Time: A Prospective Study. 

[submitted]. 2016. 

237. Buysse DJ, Ancoli-Israel S, Edinger JD, Lichstein KL, Morin CM. 

Recommendations for a standard research assessment of insomnia. Sleep. 2006 

Sep;29(9):1155-73. PubMed PMID: 17040003. 

238. Ohayon MM, Carskadon MA, Guilleminault C, Vitiello MV. Meta-analysis of 

quantitative sleep parameters from childhood to old age in healthy individuals: 

developing normative sleep values across the human lifespan. Sleep. 2004 Nov 

1;27(7):1255-73. PubMed PMID: 15586779. Epub 2004/12/14. eng. 

239. Wulff K, Gatti S, Wettstein JG, Foster RG. Sleep and circadian rhythm disruption 

in psychiatric and neurodegenerative disease. Nat Rev Neurosci. 2010 

08//print;11(8):589-99. 

240. Hasler G, Buysse DJ, Klaghofer R, Gamma A, Ajdacic V, Eich D, et al. The 

association between short sleep duration and obesity in young adults: a 13-year 

prospective study. Sleep. 2004 Jun 15;27(4):661-6. PubMed PMID: 15283000. 

241. Theorell-Haglow J, Berglund L, Janson C, Lindberg E. Sleep duration and central 

obesity in women - differences between short sleepers and long sleepers. Sleep Med. 

2012 Sep;13(8):1079-85. PubMed PMID: 22841029. 

242. Javaheri S, Storfer-Isser A, Rosen CL, Redline S. Sleep quality and elevated 

blood pressure in adolescents. Circulation. 2008 Sep 2;118(10):1034-40. PubMed PMID: 

18711015. Pubmed Central PMCID: 2798149. Epub 2008/08/20. eng. 

243. Flegal KM, Kruszon-Moran D, Carroll MD, Fryar CD, Ogden CL. Trends in 

Obesity Among Adults in the United States, 2005 to 2014. JAMA. 2016 Jun 

7;315(21):2284-91. PubMed PMID: 27272580. 

244. Malnick SD, Knobler H. The medical complications of obesity. QJM : monthly 

journal of the Association of Physicians. 2006 Sep;99(9):565-79. PubMed PMID: 

16916862. 

245. Patel SR, Hu FB. Short sleep duration and weight gain: a systematic review. 

Obesity. 2008 Mar;16(3):643-53. PubMed PMID: 18239586. Pubmed Central PMCID: 

2723045. 



 

149 
 

246. Wyatt JK, Ritz-De Cecco A, Czeisler CA, Dijk DJ. Circadian temperature and 

melatonin rhythms, sleep, and neurobehavioral function in humans living on a 20-h day. 

The American journal of physiology. 1999 Oct;277(4 Pt 2):R1152-63. PubMed PMID: 

10516257. 

247. Gangwisch JE, Malaspina D, Boden-Albala B, Heymsfield SB. Inadequate sleep 

as a risk factor for obesity: analyses of the NHANES I. Sleep. 2005 Oct;28(10):1289-96. 

PubMed PMID: 16295214. 

248. Roth T. Insomnia: definition, prevalence, etiology, and consequences. J Clin 

Sleep Med. 2007 Aug 15;3(5 Suppl):S7-10. PubMed PMID: 17824495. Pubmed Central 

PMCID: 1978319. 

249. Bonvanie IJ, Oldehinkel AJ, Rosmalen JG, Janssens KA. Sleep problems and 

pain: a longitudinal cohort study in emerging adults. Pain. 2016 Apr;157(4):957-63. 

PubMed PMID: 26683236. 

250. Reilly JJ, Kelly J. Long-term impact of overweight and obesity in childhood and 

adolescence on morbidity and premature mortality in adulthood: systematic review. Int J 

Obes (Lond). 2011 Jul;35(7):891-8. PubMed PMID: 20975725. 

251. Frankenfield DC, Rowe WA, Cooney RN, Smith JS, Becker D. Limits of body 

mass index to detect obesity and predict body composition. Nutrition. 2001 Jan;17(1):26-

30. PubMed PMID: 11165884. 

252. Ode JJ, Pivarnik JM, Reeves MJ, Knous JL. Body mass index as a predictor of 

percent fat in college athletes and nonathletes. Medicine and science in sports and 

exercise. 2007;39(3):403-9. 

253. Randler C, Schaal S. Morningness-eveningness, habitual sleep-wake variables 

and cortisol level. Biol Psychol. 2010 Sep;85(1):14-8. PubMed PMID: 20450953. 

254. Mongrain V, Dumont M. Increased homeostatic response to behavioral sleep 

fragmentation in morning types compared to evening types. Sleep. 2007 Jun;30(6):773-

80. PubMed PMID: 17580599. Pubmed Central PMCID: 1978352. 

255. Merikanto I, Kronholm E, Peltonen M, Laatikainen T, Lahti T, Partonen T. 

Relation of chronotype to sleep complaints in the general Finnish population. Chronobiol 

Int. 2012 Apr;29(3):311-7. PubMed PMID: 22390244. 



 

150 
 

256. Koskenvuo M, Hublin C, Partinen M, Heikkila K, Kaprio J. Heritability of diurnal 

type: a nationwide study of 8753 adult twin pairs. J Sleep Res. 2007 Jun;16(2):156-62. 

PubMed PMID: 17542945. 

257. Meerlo P, Sgoifo A, Suchecki D. Restricted and disrupted sleep: effects on 

autonomic function, neuroendocrine stress systems and stress responsivity. Sleep Med 

Rev. 2008 Jun;12(3):197-210. PubMed PMID: 18222099. 

258. Thorp AA, Schlaich MP. Relevance of Sympathetic Nervous System Activation 

in Obesity and Metabolic Syndrome. Journal of diabetes research. 2015;2015:341583. 

PubMed PMID: 26064978. Pubmed Central PMCID: 4430650. 

259. Spiegel K, Leproult R, L'Hermite-Baleriaux M, Copinschi G, Penev PD, Van 

Cauter E. Leptin levels are dependent on sleep duration: relationships with 

sympathovagal balance, carbohydrate regulation, cortisol, and thyrotropin. The Journal of 

clinical endocrinology and metabolism. 2004 Nov;89(11):5762-71. PubMed PMID: 

15531540. 

260. Welch HG, Black WC. Overdiagnosis in cancer. J Natl Cancer Inst. 2010 May 

5;102(9):605-13. PubMed PMID: 20413742. Epub 2010/04/24. eng. 

261. Sfanos KS, De Marzo AM. Prostate cancer and inflammation: the evidence. 

Histopathology. 2012 Jan;60(1):199-215. PubMed PMID: 22212087. Epub 2012/01/04. 

eng. 

262. Kim Y, Jeon Y, Lee H, Lee D, Shim B. The Prostate Cancer Patient Had Higher 

C-Reactive Protein Than BPH Patient. Korean journal of urology. 2013 Feb;54(2):85-8. 

PubMed PMID: 23549045. Pubmed Central PMCID: 3580310. 

263. Tindall EA, Severi G, Hoang HN, Southey MC, English DR, Hopper JL, et al. 

Interleukin-6 promoter variants, prostate cancer risk, and survival. The Prostate. 2012 

Dec 1;72(16):1701-7. PubMed PMID: 22782910. 

264. Kazma R, Mefford JA, Cheng I, Plummer SJ, Levin AM, Rybicki BA, et al. 

Association of the innate immunity and inflammation pathway with advanced prostate 

cancer risk. PloS one. 2012;7(12):e51680. PubMed PMID: 23272139. Pubmed Central 

PMCID: 3522730. 



 

151 
 

265. Cross AJ, Peters U, Kirsh VA, Andriole GL, Reding D, Hayes RB, et al. A 

prospective study of meat and meat mutagens and prostate cancer risk. Cancer research. 

2005 Dec 15;65(24):11779-84. PubMed PMID: 16357191. 

266. Shirai T, Sano M, Tamano S, Takahashi S, Hirose M, Futakuchi M, et al. The 

prostate: a target for carcinogenicity of 2-amino-1-methyl-6-phenylimidazo[4,5-

b]pyridine (PhIP) derived from cooked foods. Cancer research. 1997 Jan 15;57(2):195-8. 

PubMed PMID: 9000552. 

267. Graffouillere L, Deschasaux M, Mariotti F, Neufcourt L, Shivappa N, Hebert JR, 

et al. The Dietary Inflammatory Index Is Associated with Prostate Cancer Risk in French 

Middle-Aged Adults in a Prospective Study. Journal of Nutrition. 2016. 

268. Shivappa N, Prizment AE, Blair CK, Jacobs DR, Jr., Steck SE, Hebert JR. Dietary 

Inflammatory Index and Risk of Colorectal Cancer in the Iowa Women's Health Study. 

Cancer epidemiology, biomarkers & prevention : a publication of the American 

Association for Cancer Research, cosponsored by the American Society of Preventive 

Oncology. 2014 Aug 25. PubMed PMID: 25155761. 

269. Shivappa N, Zucchetto A, Montella M, Serraino D, Steck SE, La Vecchia C, et al. 

Inflammatory potential of diet and risk of colorectal cancer: a case-control study from 

Italy. Br J Nutr. 2015 Jul 14;114(1):152-8. PubMed PMID: 26050563. Epub 2015/06/09. 

eng. 

270. Tabung FK, Steck SE, Ma Y, Liese AD, Zhang J, Caan B, et al. The association 

between dietary inflammatory index and risk of colorectal cancer among postmenopausal 

women: results from the Women's Health Initiative. Cancer Causes Control. 2015 

Mar;26(3):399-408. PubMed PMID: 25549833. Pubmed Central PMCID: 4334706. Epub 

2015/01/01. eng. 

271. Shivappa N, Zucchetto A, Serraino D, Rossi M, La Vecchia C, Hebert JR. Dietary 

inflammatory index and risk of esophageal squamous cell cancer in a case-control study 

from Italy. Cancer Causes Control. 2015 Jul 25. PubMed PMID: 26208592. Epub 

2015/07/26. Eng. 

272. Garcia-Arellano A, Ramallal R, Ruiz-Canela M, Salas-Salvado J, Corella D, 

Shivappa N, et al. Dietary Inflammatory Index and Incidence of Cardiovascular Disease 

in the PREDIMED Study. Nutrients. 2015 Jun;7(6):4124-38. PubMed PMID: 26035241. 

Pubmed Central PMCID: 4488776. 



 

152 
 

273. Kleinbaum DG, Klein M. Survival Analysis: A Self-Learning Text, Third Edition.  

Survival Analysis: A Self-Learning Text, Third Edition. Statistics for Biology and 

Health2012. p. 1-700. 

274. Jackson M, Tulloch-Reid M, Walker S, McFarlane-Anderson N, Bennett F, 

Francis D, et al. Dietary patterns as predictors of prostate cancer in Jamaican men. Nutr 

Cancer. 2013;65(3):367-74. PubMed PMID: 23530635. 

275. Jain M, Howe GR, Harrison L, Miller AB. A study of repeatability of dietary data 

over a seven-year period. American journal of epidemiology. 1989 Feb;129(2):422-9. 

PubMed PMID: 2912050. 

276. Jensen OM, Wahrendorf J, Rosenqvist A, Geser A. The reliability of 

questionnaire-derived historical dietary information and temporal stability of food habits 

in individuals. American journal of epidemiology. 1984 Aug;120(2):281-90. PubMed 

PMID: 6465126. 

277. Lindsted KD, Kuzma JW. Long-term (24-year) recall reliability in cancer cases 

and controls using a 21-item food frequency questionnaire. Nutr Cancer. 1989;12(2):135-

49. PubMed PMID: 2710656. 

278. Sijtsma FP, Meyer KA, Steffen LM, Shikany JM, Van Horn L, Harnack L, et al. 

Longitudinal trends in diet and effects of sex, race, and education on dietary quality score 

change: the Coronary Artery Risk Development in Young Adults study. The American 

journal of clinical nutrition. 2012 Mar;95(3):580-6. PubMed PMID: 22301926. Pubmed 

Central PMCID: 3278239. 

 



 

153 
 

APPENDIX A 

Chronotype estimation 

 

 Time (in minutes) from midnight to the sleep onset the next day and from the 

following midnight to the wake up time on the following day was calculated using the 

SWA data. During calculation of chronotype, minutes were converted into hours. Since 

the information on work schedule was not collected in this study, it was assumed that free 

days occurred only on weekends. The first step in calculation of chronotype was 

calculation of the mid-point of sleep on free days (MSF) using the following formulas:  

a. If a study participant went to bed before midnight (the bed time on the weekend 

(SOwkend) ≤ 1440 minutes), then 

 MSF= (WTwkend -((1440- SOwkend+WTwkend)/2))/60 (hours), 

 where WTwkend - wake time on the weekend; 

b. If a study participant went to bed after midnight (SOwkend >1440 minutes), then  

 MSF=( WTwkend -(( WTwkend -(SOwkend -1440))/2))/60 (hours) 

The MSF was corrected for make-up sleep on free days (weekends in this study) 

(MSFsc)[8]. The “oversleep” is an excessive time spent asleep on a weekend to 

compensate for sleep deprivation during the working week. The MSFsc was calculated 

using the formula: 

 MSFsc = MSF - (SDwkend - SD)/2, 

where SDwkend – sleep duration on free days (weekend);
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SD – average sleep duration across the week (includes sleep duration on all available 

week and weekend nights).  

 The MSF is adjusted for make-up sleep only in study participants who sleep 

longer on free days (weekend) than on work days. In persons who sleep longer on work 

days, chronotype is defined as MSF:  

 MSFsc = MSF 
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APPENDIX B: 

Chronotype, Social Jetlag, Mood and Stress 

 

 In adjusted analyses, chronotype was not associated with mood and stress. Later 

chronotypes were associated with reduced risk of having bad sleep assessed with PSQI 

(Table B.1). Per 1 hour increase in lateness of chronotype, odds of bad sleep decreased 

0.8 times (95%CI: 0.74-0.97). 

 Absolute SJL was not associated with TMD score and any of its six factors (Table 

B.2). Per 1 hour increase in absolute SJL risk of high perceived stress decreased 0.8 times 

(95%CI: 0.68-0.99). Stratification by latent chronotype group showed that among those 

with intermediate chronotypes, Per 1 hour increase in SJL, odds of high stress decreased 

0.7 times (95%CI: 0.57-0.94, pinteraction=0.44).
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Table B.1 Relationships between Chronotype, Mood, Stress, and Sleep 

Quality 

 

Variable 

 

Estimate SE p-value 

TMD score (cont.)    

   crude 0.03734 0.03488 0.29 

   adjusted
1 

0.007626 0.03528 0.83 

Depression    

   crude 0.02625 0.03647 0.47 

   adjusted
2 

-0.02261 0.03855 0.56 

Tension-Anxiety    

   crude 0.04439 0.02123 0.04 

   Adjusted
3 

0.01998 0.02140 0.35 

Fatigue    

   crude 0.02463 0.02163 0.26 

   Adjusted
4 

0.01687 0.02217 0.45 

Confusion-

bewilderment 

   

   crude 0.03226 0.01760 0.07 

   Adjusted
5 

0.009604 0.01813 0.60 

Anger-Hostility    

   crude 0.02940 0.02826 0.30 

   Adjusted
6 

0.003888 0.02857 0.89 

Vigor    

   crude -0.2096 -0.2096 0.19 

   Adjusted
7 

-0.2250 0.1557 0.15 

PSS (cont.)    

   crude 0.07438 0.1343 0.58 

   Adjusted
8 

-0.04034
 

0.1335 0.76 

 OR 95%CI p-value 

PSS (>12 vs. ≤12) 

   crude 1.04 0.93-1.17 0.51 

   adjusted
9 

1.01 0.88-1.13 0.98 

PSQI (>5 vs. ≤5) 

   crude 0.86 0.75-0.98 0.02 

   Adjusted
10 

0.84 0.74-0.97 0.01 

Detailed legend: Linear models with repeated measures and unstructured 

correlation matrix (proc GLIMMIX). POMs, depression, tension modeled 

using lognormal distribution, vigor and PSS score - normal distribution for 

continuous variable). Dichotomous PSS score and PSQI were modeled with 

binary distribution). 
1 

Adjusted for time, employment status, income, marital status, e-DII 

(continuous), sleep duration on work days, social desirability score, 

bulimia score, physical activity (continuous, MET-hrs), nap (yes/no)and 
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perceived body image. 
2 

Adjusted for time, age, sex, alcohol, income, marital status, season, sleep 

duration on work days, race, bulimia score, social desirability score and 

perceived body image. 
3 

Adjusted for  time, age, e-DII (cont.), employment status, social desirability 

score, thinness score. 
4 

Adjusted for time, race, season, alcohol, e-DII (cont.),sleep duration on 

work days, social desirability score, perceived body image and having 

children. 
5 

Adjusted for time, income, race, marital status, e-DII (cont.), social 

desirability score, bulimia score. 
6 

Adjusted for time, season, income, sleep duration on work days,  

desirability score, thinness score, ideal body image and current diet.  
7 

Adjusted for time, sex, having children, physical activity (continuous, hrs), 

e-DII continuous), social desirability score, smoking status. 
8 

Adjusted for time, age, sex, total sleep hours week day, physical activity 

hours, e-DII, income, season, social desirability score, bulimia score. 
9 

Adjusted for time, sex, race, total number of hours slept on week night, e-

DII (cont.), social desirability score, bulimia score. 
10 

Adjusted for time, sleep duration on work days, social desirability score, 

bulimia score. 
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Table B.2 Relationships between Absolute Social Jetlag and Mood, 

Stress, and Poor Sleep 

 

Variable Estimate SE p-value 

TMD score (cont.)    

   crude -0.08584 0.05492 0.12 

   adjusted
1 

-0.07980 0.05370 0.14 

Depression    

   crude -0.05808 0.05894 0.33 

   adjusted
2 

-0.02329 0.05671 0.68 

Tension-Anxiety    

   crude -0.02087 0.03014 0.49 

   Adjusted
3 

-0.01880 0.02931 0.52 

Fatigue    

   crude 0.004596 0.03160 0.88 

   Adjusted
4 

-0.02227 0.03103 0.47 

Confusion-

bewilderment 

   

   crude -0.03416 0.02523 0.18 

   Adjusted
5 

-0.04562 0.02455 0.06 

Anger-Hostility    

   crude -0.00995 0.04115 0.81 

   Adjusted
6 

-0.02826 0.04033 0.48 

Vigor    

   crude -0.09702 0.2236 0.66 

   Adjusted
7 

0.01722 0.2153 0.94 

PSS (cont.)    

   crude -0.4022 0.1835 0.03 

   Adjusted
8 

-0.4906
 

0.1792 0.01 

 OR 95%CI  

PSS (>12 vs. ≤12) 

   crude 0.87 0.73-1.05 0.14 

   adjusted
9 

0.82 0.68-0.99 0.04 

  Stratified by latent chronotype group  (pinteraction=0.44)
10 

   Early 1.05  0.68-1.60 0.83 

   Intermediate 0.73 0.57-0.94 0.02 

   Late 0.81 0.42-1.54 0.51 

PSQI (>5 vs. ≤5) 

   crude 0.91 0.75-1.11 0.37 

   Adjusted
11 

0.92 0.75-1.12 0.40 

Detailed legend: Linear models with repeated measures and unstructured 

correlation matrix (proc GLIMMIX). TMD score, depression, tension 

modeled using lognormal distribution, vigor and PSS - normal distribution.  
1 

Adjusted for time, employment, sleep duration on work days, social 

desirability score, bulimia score. 
2 

Adjusted for time, sex, race, income, 
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marital status, season, sleep duration on work days, alcohol, caffeine 

(tertiles), bulimia score and perceived body image. 
3 

Adjusted for
  
time, 

income, e-DII (cont.), employment, social desirability score and thinness 

score. 
4 

Adjusted for time,  race, e-DII, sleep duration on work days, social 

desirability score, perceived body image, having  children. 
5 

Adjusted for 

time, marital status, total sleep duration on work days, social desirability 

score, bulimia score. 
6 

Adjusted for time, season, current diet, social 

desirability score, thinness score, ideal body image, sleep duration on work 

days. 
7 

Adjusted for time, sex, physical activity (continuous, hrs),social 

desirability score, having children, smoking status. 
8 

Adjusted for time, sex, 

total sleep duration on work days (cont., hrs), e-DII (cont.), income, season, 

social desirability score, bulimia score. 
9 

Adjusted for time, sex, race, e-DII 

(cont.), total sleep duration on work days, social desirability score, bulimia 

score. 
10 

Adjusted for time, sex, race, e-DII (cont.), total sleep duration on 

work days, social desirability score, bulimia score. 
11 

Adjusted for time, 

marital status, social desirability score and thinness score. 
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